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discrimination and support for affirmative action--what items should be included as valid indices 

of racial liberalism? The answer depends on one’s operationalization of ‘racial liberalism’. 

Kellstedt (2000; 2003) opted for an operationalization that is limited to racial policy preferences. 

The resulting index, which he defines as ‘racial policy liberalism’, is thus constructed only from 

survey items that are manifestly about racial policy. A potential advantage of this approach is its 

clear facial validity: measures of racial policy preferences are used to measure aggregate racial 

policy preferences. It is thus easier to envision such items genuinely sharing a common 

dimension, which may not be the case if policy-unrelated items (e.g. perceptions of 

discrimination) were included.  However, given that we are working with annual aggregate data, 

a potential downside to this specificity is a considerable loss of information and greater 

measurement error.  

First, with individual-level cross-sectional data, statistically distinguishing between 

different attitudinal dimensions is relatively straightforward. Running a factor analysis on a set of 

cross-sectional measures of racial policy preferences and attributions of racial inequality will 

conceivably show such items loading onto distinct factors. With aggregated annual data, 

however, things get more complicated. For instance, if overtime variation in items tapping 

attributions of racial inequality generally coincide with overtime variation in items measuring 

racial policy preferences—i.e. when one goes up, so does the other—they are likely to load onto 

a common factor even if they constitute discrete attitudinal dimensions. The inherent constraints 

of Stimson’s DRA, which allows only for the estimation of up two dimensions, only compounds 

this situation. Further, as Kellstedt (2000) notes, even items that measure the same policy area 

(e.g. busing, school segregation) as others can load weakly or negatively onto the same factor. 
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This is likely to be the case for shorter series constructed from fewer datapoints53. And this can 

pose problems for interpretation: do certain items load onto separate dimensions because they are 

distinct or is their weak relationship with a theoretically predicted common dimension the result 

of sampling error? 

Thus, while greater specificity should, in theory, improve measurement validity, both the 

aggregated structure of the data and the built-in limitations of the DRA do not allow one to easily 

infer that this is indeed the case. And a researcher has to weigh this uncertainty against the 

greater certainty of this approach’s attendant costs. For instance, if in certain years measures of 

perceived discrimination and attributions of inequality are more abundant than measures of racial 

policy preferences, limiting ourselves to the latter can result in ‘noisier’ estimates for certain 

years. And if all these measures do indeed covary, we are effectively sacrificing information for 

little to no gain.  

Taking this tradeoff into account, I attempt to strike a balance with an operationalization 

of racial liberalism that is broader than mere policy preferences, but which still retains internal 

coherence. Specifically, and as illustrated in Table 4.1 below, my criteria for item inclusion 

generally adheres to my earlier characterization of the ‘Great Awokening’. Accordingly, items 

asking about attributions of racial inequality, perceptions of discrimination, racial advantage, and 

support for ‘hierarchy-attenuating’ racial policies are all eligible for inclusion. On the other hand, 

items measuring explicit anti-black prejudice (‘would you vote for a black president?’), racial 

stereotypes, and feelings towards blacks are excluded. This decision is both a theoretical and 

empirical one. First, compared to the items that meet the inclusion criteria, such items evoke 

 
53 Stimson’s DRA requires that individual series consist of at least three different datapoints. Series that minimally 
satisfy this requirement are much more vulnerable to sampling error. As a skewed sample at one datapoint can have 
a significant effect on a series’ correlation with the composite series.  
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stronger social desirability pressures. With few exceptions, the series for these items exhibit clear 

linear or deterministic (and typically downward) trends54. This has generated debate in the social 

sciences over whether the American public is genuinely becoming less prejudiced or whether 

respondents are simply more conscious of egalitarian norms and thus avoid giving responses that 

can be perceived as ‘racist’.  

 
Table 4.1 Item selection criteria with examples 

Selection 
Criteria Example Item #1 Example Item #2 Example Item #3 Example Item #4 

Does the item ask 
about the degree 
or severity of 
discrimination or 
racism against 
blacks? 

 

How big a problem 
is racism in our 
society today? Is it 
a big problem, 
somewhat of a 
problem, a small 
problem, or not a 
problem at all? 

 
 
 
 
 

Source: ABC 
News/Washington 
Post  
(N=7) 

How serious a 
problem do you 
think racial 
discrimination 
against blacks is in 
this country--a 
very serious 
problem, a 
somewhat serious 
problem, not too 
serious, or not at 
all serious? 

 
Source: Pew 
Research Center 
(N=8) 

Just your impression, 
in the United States 
today, is there a lot 
of discrimination 
against Blacks, or 
not? 

 
 
 
 
 
 
 

Source: Public 
Religion Research 
Institute, Pew 
Research Center 
 (N=7) 

Next, we'd like to know 
how widespread you 
believe the problem of 
racism is against blacks 
among police officers 
in this country. Would 
you say it is very 
common, fairly 
common, fairly rare, or 
very rare? 

 
 
 

Source: CNN/ORC 
(N=4) 

Does the item ask 
about attributions 
of black-white 
inequality? 

 

Generations of 
slavery and 
discrimination have 
created conditions 
that make it 
difficult for blacks 
to work their way 
out of the lower 
class  

 
 
 
 
 
 
 
 
 

(Please choose the 
statement that 
comes closer to 
your own views--
even if neither is 
exactly 
right.)...Racial 
discrimination is 
the main reason 
why many black 
people can't get 
ahead these days, 
blacks who can't 
get ahead in this 
country are mostly 
responsible for 
their own condition 

 

On the average 
(Negroes/Blacks/Afr
ican-Americans) 
have worse jobs, 
income, and housing 
than white people. 
Do you think these 
differences are 
mainly due to 
….discrimination? 

 
 
 
 
 
 
 
 

(For each of the 
following statements 
please tell me whether 
you tend to agree or 
disagree with it, or if 
perhaps you have no 
opinion about the 
statement.)... Black 
people are not 
achieving equality as 
fast as they could 
because many whites 
don't want them to get 
ahead  

 
 
 
 

 
54 Admittedly, the same critique can be levelled at some of the items that did meet my criteria for inclusion. But the 
issue is one of degree.  
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Source: ANES 
(N=16) 

Source: Pew 
Research Center 
(N=16) 

Source: General 
Social Survey 
(N=23) 

Source: ABC 
News/Washington Post 
(N=5) 

 
Does the item ask 
about perceptions 
of white 
advantage and/or 
black 
disadvantage?  

 

In general, who do 
you think has a 
better chance of 
getting ahead in 
today's society--
white people, black 
people, or do white 
people and black 
people have about 
an equal chance of 
getting ahead? 

 
 
 
 
 

Source: CBS/New 
York Times  
(N=9) 

Now, read each 
statement and 
please say if you 
completely agree, 
mostly agree, 
mostly disagree or 
completely 
disagree with each 
one.)...Blacks and 
other minorities 
receive equal 
treatment as whites 
in the criminal 
justice system  

 
 

Source: Public 
Religion Research 
Institute, 
ABC/Washington 
Post 
(N=10) 

In general, do you 
think that Black 
people have as good 
a chance as white 
people in your 
community to get 
any kind of job for 
which they are 
qualified, or don’t 
you think they have 
as good a chance? 

 
 
 
 
 

Source: Gallup, 
CNN/ORC  
(N=17) 

Do you agree or 
disagree with the 
following statements? 
White people in the 
U.S. have certain 
advantages because of 
the color of their skin. 

 
 
 
 
 
 
 
 
 

Source: CCES 
(N=4) 

Does the item ask 
about attitudes 
towards 
‘hierarchy 
attenuating’ racial 
policies? 

Some people say 
that because of past 
discrimination, 
blacks should be 
given preference in 
hiring and 
promotion. Others 
say that such 
preference in hiring 
and promotion of 
blacks is wrong 
because it 
discriminates 
against whites. 
What about your 
opinion -- are you 
for or against 
preferential hiring 
and promotion of 
blacks? 

 
 
 

Source: General 
Social Survey 
(N=13) 

We should make 
every possible 
effort to improve 
the position of 
blacks and other 
minorities, even if 
it means giving 
them preferential 
treatment 

 
 
 
 
 
 
 
 
 
 
 
 
 

 
Source: Pew 
Research Center 
(N=15) 

 
 
 

As I read some pairs 
of statements, please 
tell me whether the 
first statement or the 
second statement 
comes closer to your 
own views -- even if 
neither is exactly 
right.)...Our country 
has made the 
changes needed to 
give blacks equal 
rights with whites, 
our country needs to 
continue making 
changes to give 
blacks equal rights 
with whites 

 
 
 
 
 

Source: Pew 
Research Center 
(N=8) 

Some people feel that 
the government in 
Washington should 
make every possible 
effort to improve the 
social and economic 
position of blacks and 
other minority groups. 
Others feel that the 
government should not 
make any special effort 
to help minorities 
because they should 
help themselves. Where 
would you place 
yourself on this scale, 
or haven't you thought 
much about it? 

 
 
 

 
 
Source: ANES 
(N=20) 
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I thus avoid these complications by sticking to items whose non-liberal response categories are 

less socially taboo. Second, the response categories for some of these items do not readily lend 

themselves to clear ideological demarcation55. For instance, given a 7-point measure of 

perceived black criminality or intelligence, at which level(s) does a ‘conservative’ response end 

and a ‘liberal’ response begin? The same question besets the inclusion of 0-100 racial group 

feeling thermometers: is a ‘conservative’ response a 60 and below? A 50 and below? There are 

no obvious answers. 

Overall, and with the help of the Roper Center for Public Opinion’s data archive, I 

identified 90 different questions across 66 years (1954-2020) that both meet the criteria outlined 

above and which were asked at 3 or more different time points. To the best of my knowledge, 

this is the largest (and longest) aggregate index of racial attitudes ever assembled56. Figure 4.13 

shows the number of survey items per year from which the indexes were calculated across the 

1954-2020 period. 

 

Figure 4.13 Number of survey items per year by racial liberalism index 

 
55 And because these trends are deterministic, they are likely to be less responsive or moved by exogenous ‘shocks’, 
such as a high-profile police shooting.  
56 To contrast, Kellstedt’s index is limited to just 19 items spanning the years 1950-1993.  
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Before introducing the index itself, several things should be noted. First, no items could 

be found for two of the years (1969, 1979) under study. The DRA thus estimates their respective 

racial liberalism scores using the liberal-conservative response ratios of adjacent years57. Second, 

some indexes (e.g. sample, white) are comprised of more items than others (e.g. white x party, 

white x ideology). In some cases, this is because only cross-tabs of responses—rather than the 

complete dataset—were accessible via Roper’s data archive. In other cases, it is because standard 

measures of ideological self-placement were not consistently administered until the 1970s. And 

in still other cases, party affiliation was asked in lieu of ideology.  Third, in some cases, the same 

questions were asked by different surveys. For instance, the American National Elections Study 

(ANES), General Social Survey (GSS), Cooperative Congressional Election Study (CCES), and 

Public Religion Research Institute have all fielded at least one of the items comprising the 

standard 4-item ‘racial resentment’ battery across 3 or more time points (some of which overlap). 

One solution is to pool these surveys and create singular series for each item. This, however, can 

be risky if different survey organizations employ differing sampling methodologies or recruit 

different samples. Thus, in such cases, and with a few exceptions58, I opted to treat the items as 

independent series. In the above example, this means separate series for each of the listed survey 

organizations.  

Some coding clarifications are also in order. Recall that the DRA works off the ratio of 

‘liberal’ to the sum of ‘liberal’ and ‘conservative’ responses. Many of the included items (e.g. 

 
57 Specifically, and to give an example, the estimate for 1969 is interpolated from the change (or lack thereof) in the 
response ratio between 1968 and 1970.  
58 In a small subset of these cases, the questions were never asked at more than two timepoints by the same survey. 
That is, one survey organization may have only asked it in 1980, whereas another asked it in 1984 and again in 
1988. As Stimson’s DRA requires that each series consist of 3 or more datapoints, I’m left with the option of either 
omitting or pooling these data and treating them as a singular series. Because such instances were infrequent, and 
because the total volume of included items should mitigate the bias of any sampling discordance, I opted for the 
latter approach. Just to be sure, though, I also estimated the composite indexes both with and without the pooled 
survey items. In the end, their inclusion did not meaningfully change the DRA estimates. 
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‘Are you for or against preferential hiring and promotion of blacks?’) do indeed have clear 

‘conservative’ (‘opposed’)  and ‘liberal’ (‘favor’) responses. For some items, though, the 

ideological lines are less obvious. For instance, one item reads: “How much discrimination is 

there in the US today against [Blacks]?”. The response categories are ‘A lot, ‘Some’, ‘Only a 

little’, or ‘None at all’. In this case, it is not obvious which we should code as the ‘liberal’ and 

‘conservative’ responses. However, two considerations come to mind. First, only a minority of 

respondents in any given year fall into the bottom two categories; that is, overwhelming 

majorities of respondents consistently acknowledge or perceive at least ‘some’ discrimination 

against black (with ‘some’ being the modal response). To code the ‘Only a little’ and ‘None at 

all’ categories as ‘conservative’ and ‘Some’ and ‘A lot’ as liberal some’ and ‘a lot’ categories as 

‘liberal’ could be a problem to the extent that the ratios fed into Stimson’s DRA are less stable 

when the numbers are lopsided or heavily skewed in one direction. An alternative, which I adopt, 

is to treat the ‘a lot’ category as the ‘liberal’ and the remaining response categories as the 

‘conservative’ response. In addition to yielding a less lopsided ratio, this approach also makes 

theoretical sense. It comports both with part of my conceptualization of ‘woke’ racial attitudes as 

well as with literature suggesting that perceptions of discrimination are ideologically 

motivated59. But if the reader is skeptical of this decision, it should be noted that it is not a very 

consequential one. Ultimately, so long as some shift in the ratio of responses is detected, it will 

be reflected (with some or varying degrees of error) in the DRA’s index estimation (Stimson, 

2018).  

 
59 In the first case, one component of what I characterize as ‘woke’ racial attitudes is a belief—rightly or wrongly-- 
in the pervasiveness of racial discrimination in American society. This is arguably better captured by the ‘A lot’ than 
‘Some’ category. In the second case, due to their differing orientations to inequality and distributive justice, 
conservatives are inclined to downplay the extent of discrimination, whereas liberals are inclined to magnify it. 
Accordingly, a typical conservative response can be expected to fall below the ‘A lot’ category (i.e. anywhere short 
of acknowledging widespread discrimination), while a typical liberal response can be expected to above the ‘only a 
little’ category.  
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Table 4.2 shows the DRA estimation statistics for the racial liberalism indexes of 

different group categories60. For the sample as a whole (i.e. all respondents irrespective of race, 

party, and ideology), the first dimension of the racial liberalism index accounts for 52.1% of all 

the variance in the ratios of 90 time series.  The mean and median series loadings on the first 

dimension were 0.563 and 0.742, respectively. By comparison, the same figures for Kellstedt’s 

(2000) index were 0.546 (mean) and 0.606 (median). Figure 4.14 compares Kellstedt’s sample-

level racial policy liberalism index to my own sample-level racial liberalism index. Though his 

covers a shorter time period, the two are nonetheless highly correlated (r=0.76). My own racial 

liberalism index thus appears to have reliability; and, assuming Kellstedt’s index is construct 

valid, reasonable validity as well.  

Table 4.2 Summary statistics for differential racial liberalism indexes 
Time 

Coverage 1954-2020 1972-2020 

 Sample White 
Non- 

White White  
Dem. 

Non-
White 
Dem. 

White 
Repub. 

White  
Lib. 

White  
Con. 

1st  
Dimension  52.1% 51.4% 46.2% 65.7% 43.9% 41.7% 63.9% 39% 

2nd 
Dimension  18.2% 20.3% 16.7% 16.5% 17.1% 19.1% 14.2% 20.5% 

Mean 1st 
Dim. 

Loading 
0.563 0.548 0.447 0.665 0.377 0.298 0.684 0.242 

Median 1st 
Dim. 

Loading 
0.742 0.730 0.665 0.870 0.581 0.576 0.849 0.496 

Number of 
series 90 

 
83 

 

 
81 

 

 
72 

 
 

Interestingly, the estimates for the white Democrats and white liberal indexes are most 

impactful, with the first dimension accounting for just under 66% of the variance in the former 

 
60 A complete list of all the items and their loadings for each series can be found in Appendix A.1.  
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and just under 64% in the latter61. By comparison, those for the white Republicans and 

conservatives are much weaker, with the first dimension accounting for just under 42% in the 

former and 39% in the latter. One can also see that constituent items tended to load much more 

strongly for white Democrats and liberals than for their Republican and conservative 

counterparts. In fact, the estimates for the latter subgroups fall well short of those of the sample 

as a whole.  They are more comparable to those of the non-white groups than they are to those of 

white Democrats and liberals62. The reason for these differences is not immediately clear, though 

it suggests that the racial attitudes of white Democrats and liberals are much more coherent than 

those of other groups. I return to this question in the chapter discussion.  

My generation of different racial liberalism indices for different population subgroups 

begs the question: is it even necessary or worthwhile? Despite my theoretical rationale, the 

‘parallel publics’ view would suggest not. Kellstedt (2003), for his part, argues that “lumping 

black and white respondents together is easily justifiable”; and that it would actually be “more 

 
61 It should be noted that the indexes for the partisan and ideological subgroups were constructed from the responses 
of those who self-identified as white or non-white (see below) and either democrat/liberal or 
republican/conservative. Depending on the survey, this could mean respondents had to choose from one of three 
ideological response categories (liberal, moderate, conservative) or, in other cases, rate their degree of ideological 
self-identification along 5 or 7-point Likert scales (e.g. 1=Very liberal, 7=Very conservative). In the latter case, 
responses were collapsed to a 3 category scale (i.e. ‘Somewhat liberals’ were coded together with ‘very liberals’). 
The index for whites is slightly more complicated. Survey questionnaires in earlier decades (1960s) typically 
measured ‘race’ with 3-category items (e.g. white, black, other). As the Hispanic population started to grow, surveys 
added a separate item that asked whether the respondent was of Hispanic ethnicity. As my interest is in the attitudes 
of whites of European ancestry, including white Hispanics in my operationalization of ‘white’ could pose problems 
if the racial attitudes of the two groups meaningfully differ. For instance, increases in white racial liberalism could 
reflect increases in the size of the white-Hispanic population and/or an increased propensity among Hispanics to 
identify as white. Accordingly, and because Hispanics could have constituted only a tiny share of those placing in 
the ‘white’ category in earlier surveys, the responses comprising the white index are limited to those who self-
identified as ‘white’ in surveys spanning the 1950s-1960s, and those who self-identified as ‘white’ while reporting 
no Hispanic ancestry in later years. The ‘non-white’ index consists of respondents who did not meet any of the 
foregoing criteria. If the interest here was in understanding the dynamics of non-white racial attitudes, this approach 
would be very problematic, as it fails to account for the steady overtime shift in the composition of the non-white 
population. But in the current project, non-whites are included only as a rough comparison group. Even so, I attempt 
to statistically control for this demographic change where necessary to improve the reliability of estimates.  
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difficult to justify separating blacks and whites, for little support for such a procedure can be 

found in the data” (p.75). In the current study, not only am I disaggregating the public by race, 

but by partisanship and ideology as well. While there will certainly be absolute differences in the 

racial liberalism scores of these differing populations, the question is whether they move in the 

same direction by similar amounts at the same time. If the answer is ‘yes’, then there would be 

little sense in statistical differentiation. 

 

Figure 4.14 Comparison of author’s racial liberalism index and Kellstedt’s (2000, 2003) racial policy 
liberalism index (1958-1993) 

 

In the end, the data tells a more complicated story—one of ‘imperfectly parallel publics’. 

Tables 4.3 and 4.4 present the intercorrelations between the raw and first-differenced racial  

liberalism indices for different populations and political subgroups, respectively. Beginning with 

the former, several interesting observations can be made. First, compared to non-whites (whose 

coefficient falls just short of conventional levels of significance), we see that variation in white 

racial liberalism is much more strongly correlated with variation in sample racial liberalism. To 

some extent, this is unsurprising. For decades, whites constituted overwhelming majorities of 
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survey respondents. The non-white indices were thus generated from much smaller samples, 

which would increase random errors associated with sampling fluctuation.  Table 4.4 also shows 

that the first-differences of the non-white (and white; r=0.704, p < 0.001) series do significantly 

and positively correlate (r=0.390, p=0.001) with those of the sample as a whole. This suggests 

that year-to-year changes in racial attitudes among respondents as a whole do coincide with 

changes among both whites and non-whites. And, indeed, the changes across the two groups are 

significantly positively correlated (r=0.354, p=0.004).  But by far the most surprising finding is 

that, while correlated in levels of the data (r=0.707, p < 0.001), year-to-year changes in the series 

of non-white Democrats (r=0.193, p=0.120) are not significantly related to those in the series of 

their white counterparts. The former are, however, significantly related to those of white 

Republicans (r=0.290, p=0.018) and conservatives (r=0.408, p=0.004). 

Table 4.3 Intercorrelations between racial liberalism indexes 

 

 
 

Mean 
 
SD N 

 
1 

 
2 

 
3 

 
4 

 
5 

 
6 

 
7 

1. Sample 

 

5.58 
 

0.100 7        

2. White 

 

1.82 
 

0.320 7 0.968***       

3. Non-
White 

 

9.66 
 

0.840 7 

 
0.220† 

 
0.153      

4. White 
Dem. 2.70 0.290 7 0.920*** 0.942*** 0.081     

5. White 
Lib. 8.12 0.650 9 0.864*** 0.891*** 0.061 0.955***    

6. Non-
White Dem. 0.23 0.590 7 0.790*** 0.764*** 0.400*** 0.707*** 0.526***   

7. White 
Repub. 3.97 0.460 7 0.604*** 0.606*** 0.006 0.489*** 0.167 0.764***  

8. White 
Con. 9.70 0.610 9 0.198 0.129 0.569*** -0.095 -0.068 0.473*** 0.726*** 

Note. †p < 0.1, *p < 0.05, **p < 0.01, ***p < 0.001   
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Table 4.4 Intercorrelations of year-to-year changes between racial liberalism indexes 

 

 
 

Mean 
 
SD N 

 
1 

 
2 

 
3 

 
4 

 
5 

 
6 

 
7 

1. Sample 0.461 0.320 6        

2. White 0.481 0.620 6 0.704***       

3. Non- 
White 0.116 0.260 6 

 
0.390** 

 
0.354**      

4. White 
Dem. 0.661 0.800 6 0.525*** 0.714*** 0.269*     

5. White 
Lib. 0.465 0.160 8 0.466*** 0.437** 0.142 0.679***    

6. Non- 
White 
Dem. 0.318 0.770 6 0.407*** 0.301* 0.715*** 0.193 0.067   

7. White           
Repub. 0.286 0.100 6 0.236† 0.167 0.171 -0.123 0.074 0.290*  

8. White 
Con. 0.119 0.620 8 0.407** 0.291* 0.365* 0.241† 0.235 0.408** 0.621*** 

Note. †p < 0.1, *p < 0.05, **p < 0.01, ***p < 0.001   

Upon first examination, it is not clear what to make of these findings. One potential clue 

is found in the differing average variances and year-to-year changes between the different series. 

The second and third columns of Tables 4.3 and 4.4 show that the white Democrats and liberal 

series exhibit both higher degrees of average variance and year-to-year change than any other 

group-level series. Once again, the same statistics for the non-white Democrats and liberal series 

more resemble those of white Republicans and conservatives than those of white Democrats and 

liberals. In other words, despite the large absolute gaps between them, the attitudinal dynamics 

of the former are more in sync with each other than they are with white Democrats and liberals. 

Thus, racial attitudes may show parallel movement across most segments of the population, but 

this pattern somewhat diverges for white Democrats and liberals. 
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Tables 4.3 and 4.4 also show that variation in racial liberalism among whites as a whole 

is more strongly correlated with that of white liberals (r=0.89) and Democrats (r=0.94) than that 

of white conservatives (0.13) and Republicans (0.61). The same holds when we look at the 

correlations between the first-differences of these series: white Democrats (r=0.714, p < 0.001) 

and liberals (r=0.437, p=0.002) correlate much more strongly with whites as a whole than do 

white Republicans (r=0.167, p=0.180) and conservatives (r=0.291, p=0.045). This could suggest 

that shifts in white racial attitudes are disproportionately driven by the former, which would 

accord with the expectation that those of the latter are less responsive to shifts in the media 

environment. 

Figures 4.15 and 4.16 below, which graph the racialism liberalism scores across time for 

the different subgroups, offer visual insight into some of the patterns reported above. It also 

affords a clearer picture of what some have termed the ‘Great Awokening’. First, with some fits 

and starts, we see that nearly all of the listed subgroups trended in a racially liberal direction 

from the mid-1970s into the mid-1990s. At around the latter point, the trend appears to stabilize 

for white Democrats and liberals while reversing in the conservative direction for the non-white 

groups, white Republicans and white conservatives. These patterns more or less persist until 

2014, a year marked by a series of widely publicized police shootings, racial unrest, and BLM 

protests. Up to this point in time, white Democrats never scored less than 10 points lower on the 

index than non-white Democrats. And, with a few exceptions, white liberals never surpassed the 

scores of their non-white counterparts.  But in 2014, the slopes of the line for both white 

Democrats and liberals (and, though less clearly, for Republicans and conservatives) suddenly 

shifts in the upward direction. Interestingly, it was not until the following year (2015) that non-

white Democrats followed suit. Taken together, as non-white Democrats and white Republicans 
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and conservatives trended together in a racially conservative direction, the racial attitudes of 

white Democrats and liberals held steady. This, together with their somewhat sharper rate of 

ascent in subsequent years, allowed white Democrats to close nearly the entirety of the gap with 

non-white Democrats; and for white liberals to surpass and subsequently remain above the racial 

liberalism of non-white liberals. What accounts for the apparent divergence of white Democrats 

and liberals from other groups is not immediately obvious. For now, it suffices to demonstrate 

that the series are ‘imperfectly parallel’, which offers some justification for their differentiation. 

 

Figure 4.15 Racial liberalism overtime among the public as a whole and for race x partisan subgroups (1954-
2020) 
Note. Colored lines along the y-axis represent the median for each respective group series. The percent of variance 
accounted for by each group index’s first dimension is in parentheses. 

 

The question of ‘parallel publics’ aside, Figures 14 and 15 also suggest that the post-2013 

era saw both the largest and quickest shift in racial attitudes on record. What is more, this 

upward trajectory continued through the end of the series. By 2020, white Democrats and liberals 

placed 24 and 26 points above their series medians, respectively; and, on the other side of the 

political aisle, white Republicans and conservatives placed 6 and 1 point(s) above their own.  In 
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other words, on net, the attitudes of the latter groups have hardly moved, whereas those of the 

former have become unprecedently progressive—so much so that they now ‘compete’ with their 

non-white counterparts. 

 

Figure 4.16 Racial liberalism overtime among the public as a whole and among white liberals and 
conservatives (1972-2020). 
Note. Colored lines along the y-axis represent the median for each respective group series. The percent of variance 
accounted for by each group index’s first dimension is in parentheses. 
 

 But while the ‘Great Awokening’ may constitute the largest and quickest shift in racial 

attitudes in the current data, there have clearly been ‘mini Awokenings’ scattered across earlier 

periods in time. The question before us is whether and to what extent the media has driven this 

variation. Towards arriving at an answer, the following section introduces my measure of ‘racial 

equalitarian media’ coverage. 

4.3.2 Measuring ‘Racial Equalitarian’ Media Messaging 

In the previous chapter, I identified ‘racial equalitarian’ media as a theoretically likely 

trigger of ingroup critical appraisals and emotions among white Americans. Such media was 

characterized as that which (a) highlights status differences between black and whites 
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Americans, and (b) implicitly or explicitly attributes these differences to the effects of past 

and/or present white racism. More generally, messaging that elicits feelings of white guilt and 

shame should explicitly or implicitly speak to the illegitimacy of racial inequality and the 

advantages that whites unfairly enjoy therefrom. 

When compared to the racial liberalism index, constructing a measure of the frequency at 

which media coverage touches on the above themes is far less exacting. The first hurdle is 

identifying a news archive from which to gather the data. I have opted to use ProQuest, which 

stores articles from a diverse array of news publications. I am limited to those whose content 

availability spans the temporal duration of the racial liberalism series. The largest, if only, 

publication that satisfies this requirement is the New York Times (NYT). As the NYT is 

sometimes considered to be a left-of-center newspaper, this raises potential questions of 

coverage representativeness; that is, the NYT’s readership is disproportionately comprised of 

those on one side of the political spectrum. However, as one of America’s largest national 

newspapers, its issue coverage at any given time is likely to be moderately to highly correlated 

with that of other publications. Kellstedt, for instance, found that his measure of egalitarian cues 

in Newsweek correlated at r=0.58 with another derived from the New York Times. Other 

research has established even stronger correlations between the issue coverage of the NYT and 

that of other newspapers (e.g. Baumgartner et al. 2008; Barabas & Jerit, 2009). Thus, we can be 

somewhat comfortable in treating the NYT as a rough bellwether or proxy of the news agenda as 

a whole. But just to be sure, I will generate the same index for other news publications and assess 

the strength of their relationship with the NYT.  

Table 4.5 details how the articles comprising my index of ‘racial equalitarian’ media 

coverage were selected. Specifically, each of the articles tallied by my index had to include one 
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term (or variants thereof) from each of the four columns: they had to mention a term relating to 

blacks or race, a term relating to whites, a term relating to disparate outcomes, and, finally, a 

term relating to some form of (historical and/or persisting) mistreatment. Because it is possible 

that racial attitudes respond to any media coverage of race, I additionally create index of the 

volume number of NYT articles that either mentioned at least one of the terms in column 3. This 

will ultimately serve as a control variable for testing whether racial attitudes are indeed uniquely 

responsive to the themes discussed. 

Table 4.5 Search terms for ‘racial equalitarian’ and race-related articles 
  ProQuest Search Terms (1954-2020) 

Index Num. of 
Articles  AND AND AND 

Racial 
Equalitarian 
Media 

9557 Black OR 
African 
American(s) OR 
Negro OR Racial 

White disparity OR gap OR 
inequity OR inequality OR 
underrepresented OR 
overrepresented OR 
disproportionate OR “more 
likely” OR “less likely” 
OR “as likely” 

racism OR 
racist(s) OR bias 
OR discrimination 
OR prejudice OR 
injustice OR 
oppression OR 
slavery OR 
enslave OR 
marginalized 

Race-related 
media 

625518 Black OR 
African 
American(s) OR 
Negro OR Racial 

   

 

Table 4.6 gives several randomly selected excerpted examples of ‘racial equalitarian’ 

news articles included in the index. For instance, a 2004 article titled ‘Study Says White Families 

Wealth Advantage Has Grown’ begins by noting the findings of a recent study, which suggested 

that the wealth gap between white and black (and Hispanic) families had become even larger as a 

consequence of recent economic recession. It then quotes a researcher who attributes this gap to 

a “history of discrimination”. Similarly, a 2015 article titled ‘Racial Penalties in Baltimore 

Mortgages’ cites a study indicating that black borrowers were charged higher rates than similarly 

situated whites, which is taken as evidence that “whiteness still confers ‘concrete advantages in 
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the accumulation of wealth’”. Consistent with my operationalization of ‘racial equalitarian’ 

messaging, all of these examples foreground and problematize status differences between whites 

and blacks while implicitly or explicitly attributing them to the effects of past and/or present 

discrimination.  

Table 4.6 Sample of excerpted ‘racial equalitarian’ news articles in the New York Times 
Study Says White 
Families' Wealth 
Advantage Has Grown 
October 18, 2004 

Racial Penalties in 
Baltimore Mortgages 
May 31, 2015 

In Treating Patients 
for Pain, a Racial Gap 
December 28, 1999 

Health Insurance 
Gaps Laid to Racial 
Bias 
May 14, 1991 

 
The enormous 
wealth gap between white 
families and black and 
Hispanic families grew 
larger after the most recent 
recession, a private 
analysis of government 
data has found. 

…White households had a 
median net worth of 
greater than $88,000 in 
2002, 11 times that of 
Hispanic households and 
more than 14 times that 
of black households, the 
Pew Hispanic Center said 
in the study, being released 
Monday. 

…''Wealth is a measure of 
cumulative advantage or 
disadvantage,'' said 
Roderick Harrison, a 
researcher at the Joint 
Center for Political and 
Economic Studies, a 
Washington research 
organization that focuses 
on black issues. ''The fact 
that black and Hispanic 
wealth is a fraction 
of white wealth also 
reflects a history 
of discrimination.'' 

 

…It found 
that black borrowers in 
Baltimore, especially those 
who lived 
in black neighborhoods, 
were charged higher rates 
and were disadvantaged at 
every point in the 
borrowing process 
compared with similarly 
situated whites. 
 
…Had black borrowers 
been treated the same 
as white borrowers, the 
authors say, their loan 
default rate would have 
been considerably lower. 
Instead, discrimination ha
rmed individuals and 
entire neighborhoods. 

 
…Over the life of a 30-
year loan, the researchers 
say,these racial disparities
 would cost the 
average black borrower an 
extra $14,904 -- and 
$15,948 for the 
average black borrower 
living in 
a black neighborhood -- as 
compared 
with white borrowers. 

 
…As the study notes, these 
facts show that whiteness 
still confers "concrete 
advantages in the 

Black patients with 
broken arms or legs 
were less likely to be 
given painkillers in an 
Atlanta emergency 
room than white  
patients with similar 
injuries and complaints 
of pain, a new study has 
found. 

 
…Dr. Lewis R. 
Goldfrank, the director 
of emergency services at 
Bellevue Hospital 
Center in Manhattan, 
said the results spoke 
for themselves. ''I think 
it's racism, flat out,'' he 
said. ''This is a critical 
issue for emergency 
medicine and medicine 
in general. How can we 
say that we have the 
best medical care in the 
world and at the same 
time not be able to 
assure everyone -- with 
confidence -- that they'll 
get the same treatment 
as the next person, 
regardless of their skin 
color? This is a wake-up 
call to our inability to 
understand the needs of 
diverse groups of people 
in our society.'' 

 
 

The editor of a medical 
journal said today that 
longstanding racial  
discrimination was one 
reason black and 
Hispanic people were 
slipping through ever-
widening cracks of the 
nation's health care 
system. 
 

 
Inequity in access to 
health care in the 
United States, he said, 
is due in part to 
"longstanding, 
systematic, 
institutionalized racial  
discrimination.” 
 
Black and Hispanic 
people have higher 
rates of unemployment 
than whites, and more 
often have low-level 
jobs. So, Dr. Lundberg 
said, they have less 
employment-related 
health insurance and 
are less likely to receive 
medical care. 
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accumulation of wealth 
through homeownership" 
and that 
pervasive racial disadvanta
ge continues to 
"undermine black socioeco
nomic status in the United 
States today." 

 

Note. Text in bold font denotes ‘racial equalitarian’ search terms. 

Due to the fact that volume of annual NYT articles available in ProQuest varies across 

time, we cannot just use indexes of the raw annual counts. Instead, we must use normalized 

indexes that are insensitive to such variation. Two normalization approaches are possible. The 

first is to divide the annual raw article counts by the total annual number of available articles. 

The second is to divide the annual raw article counts by the total annual number of available 

articles that refer to race. In the end, and after comparing the indexes derived from each of these 

methods, I find that the latter (i.e., racial equalitarian articles as the percent of all race-related 

articles) is somewhat more strongly associated with each of the racial liberalism series than the 

former. On these grounds, I measure the salience of racial equalitarian media in terms of its share 

of all race-related article, and ‘race-related media’ in terms of the percent of all annual NYT 

articles that mention either ‘black(s)’, ‘African American(s)’, ‘Negro(es)’, and/or ‘racial’.  

Figure 4.17 shows the percent of NYT articles that meet the ‘racial equalitarian’ search 

criteria between 1953-2020 and 1953-2015. I opted to graph both the complete and truncated 

series so as to underscore the variation that is obscured in the former. The obscuring of this 

variation is largely the result of unprecedented increases in the frequency of such media coverage 
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towards the final years of the series—a period spanning the first Trump administration and the 

2020 killing of George Floyd. Consider that until 2013, the percent of annual NYT articles 

matching the search criteria was never above 0.2%. This ceiling was finally altered in 2013 

(0.26%) and has grown in every year since. By 2019, the racial equalitarian share reached 1.1% 

of all articles before more than doubling in 2020 (2.4%). A glance at Figure 4.18 might suggest 

that these record-setting increases are simply a biproduct of record levels of coverage on race in 

general. But Figure 4.19 shows that this is not the case: the volume of racial equalitarian articles 

has reached record levels even when measured as the percent of all race-related articles. 

 

 

 

 

Figure 4.17 ‘Racial equalitarian’ articles as the percent of all New York Times articles 
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Figure 4.18 Race-related articles as the percent of all New York Times articles 
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Figure 4.19 ‘Racial equalitarian’ articles as the percent of all race-related articles in The New York Times 
 

But are the trends in the NYT data representative of those media coverage at large? I 

attempt to get at this question by examining the relationships between the NYT racial 

equalitarian media index and versions constructed from articles featured in ProQuest’s Los 

Angeles Times (LAT) and Wall Street Journal (WSJ) archives, respectively. While data for the 

latter two series are only available beginning in 1985 and 1984, respectively, Table 4.7 shows 

strong in-levels (i.e., not first-differenced) and first-differenced correlations between them and 

that of the NYT index. In other words, increases in racial equalitarian messaging in the NYT 

usually coincides with similar increases in the LAT and WSJ. We can thus tentatively conclude 

that the trends in the NYT data are not ‘unique’ but rather reflect genuine shifts in the national 

media agenda. 
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Table 4.7 LAT and WSJ Correlations with NYT ‘Racial Equalitarian’ Articles Indexes 

  
‘Racial Equalitarian’  
articles as percent of 

all articles 

‘Racial Equalitarian’  
articles as percent of 

all race-related 
articles 

Publication N In levels First-
difference In levels First-

difference 

LAT (1985-
2020) 36 

 
0.977*** 

 
0.959*** 0.968*** 0.898*** 

WSJ (1984-
2020) 37 0.983*** 0.945*** 0.849*** 0.742*** 

Note. †p < 0.1, *p < 0.05, **p < 0.01, ***p < 0.001   

 

As a final check, I compare my tally of annual racial equalitarian articles in the New 

York Times with a close approximation63 of Kellstedt’s (2003) tally of the annual number of 

race-related Newsweek articles that featured at least one reference to egalitarian considerations 

and values. Because articles related to racial discrimination and inequality feature prominently in 

both indexes, we would expect to observe at least some meaningful overlap in their time series.  

And, referring to Figure 19 below, we indeed do. The two series are moderately but significantly 

correlated both in levels of the data (r=0.461, p=0.002) and at their first differences (r=0.445, 

p=0.004). Accordingly, we can be confident that my index of racial equalitarian articles is 

capturing meaningful trends in race-related media coverage. 

 
63 Unfortunately, I was unable to obtain the raw data directly from the author. Instead, using an open-source tool 
called WebPlotDigitizer, I extracted the data from a screenshot of Kellstedt’s (2003) chart of the annual number of 
articles containing egalitarian cues (pg. 38). While the extracted count is unlikely to perfectly match the original 
count, it is nonetheless a very close approximation.  
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Figure 4.20 Comparison of Kellstedt’s tally of Newsweek ‘egalitarian cues’ with author’s count of racial 
equalitarian articles in The New York Times (1953-1994). 

 

4.3.3 White Racial Liberalism vs. Racial Equalitarian Media Messaging: A 

Comparison of Trends 

Having introduced the racial liberalism and racial equalitarian media scales, the two 

series will now be visually compared.  Figure 4.21 does this with the white index. The two series 

do appear to be strongly correlated. Of course, any two series that share an overtime trend will be 

strongly but often spuriously correlated. Figure 4.22 thus graphs the first-differences of each 

series. While not as readily discernable with the naked eye, we do see some evidence of a 

genuine (though not necessarily causal) relationship. Generally speaking, when the racial 

equalitarian share of race-related articles increases, so does white racial liberalism.  
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Figure 4.21 White racial liberalism and the salience of racial equalitarian media across time 
 

 

Figure 4.22 Year-to-year changes in white racial liberalism and the salience of racial equalitarian media 
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Table 4.8 displays the Pearson correlation coefficients between the racial equalitarian 

media index and each racial liberalism series. In levels of the data, we see that the former is 

strongly correlated with (in order of magnitude) the racial liberalism series of white Democrats, 

white liberals, whites as a whole, the sample as a whole, and non-white Democrats. In contrast, it 

is correlated more weakly but still positively with the white republican series, weakly negatively 

with the white conservative series, and insignificantly negatively with the non-white series. The 

more rigorous test, though, is in the ‘First-difference’ column. Here we see that only year-to-year 

changes in the racial liberalism series for the sample (p=0.060), whites (p=0.013), white 

Democrats (p=0.043), and white liberals (p=0.088) are at least marginally significantly (p < 0.1) 

correlated with year-to-year changes in racial equalitarian media coverage. Such could be 

interpreted as preliminary support for H7B, which predicted that the racial attitudes of white 

Democrats and liberals would be more responsive to shifts in the frequency of racial equalitarian 

media than their Republican and conservative counterparts.  

 

Table 4.8 Correlations between racial liberalism and racial equalitarian media series  
Racial Liberalism N In levels First-

difference 
Sample 66  

0.755*** 
 

0.234† 

White 0.778*** 0.305* 
Non-White  -0.058 0.069 

White Democrat 0.847*** 0.252* 
Non-White Democrat 0.609*** 0.098 

White Republican 0.342** -0.008 
White Liberal 49 0.818*** 0.251† 

White Conservative -0.294* 0.189 
Note. †p < 0.1, *p < 0.05, **p < 0.01, ***p < 0.001   
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4.4 Control Variables 

If it can be established that shifts in racial attitudes follow shifts in the availability of 

racial equalitarian media messaging, the question then becomes whether this relationship is 

genuine or confounded by other variables. There are several theoretically plausible confounds, 

some of which were identified and tested in Kellstedt (2000, 2003). But even assuming the 

media independently influences racial attitudes, another question is how this influence compares 

to that of other attitudinally-relevant variables. The sections that follow review the covariates 

that will join our models of racial liberalism.  

4.4.1 Non-Racial Policy Liberalism 

What if increases in racial liberalism are epiphenomenal to a more general shift in public 

policy liberalism? In other words, because liberal racial policies entail greater government 

intervention on matters of race, increased support for such policies may simply reflect greater 

public acceptance of government intervention in general. In fact, Stimson’s (2018) index of 

aggregate public policy mood includes several items that measure support for pro-black 

affirmative action and race-targeted government assistance. It is thus important that we include a 

measure of general public policy liberalism, without racial policy items, as a control variable. 

One way of doing so is to simply recompute Stimson’s publicly available Policy Mood index 

while excluding race-related items. The problem is that the underlying data is at the sample level; 

i.e. item response ratios are not disaggregated by race or political orientation. We would thus be 

regressing each group-specific racial liberalism series on a group-general policy liberalism 

variable, which—unless the latter is group-invariant across time—could bias our results.  
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A better and more consistent solution, which I have opted to pursue, is to turn to some of 

Stimson’s original data sources and generate group-specific policy mood variables. Specifically, 

using data from the General Social Survey (1972-2018), American National Elections Study 

(1956-2016), Pew American Values Survey (1987-2012), Cooperative Congressional Election 

Study (2014-2019), and the Democracy Fund’s Voter Study Group (2011-2019), I create 

corresponding general policy mood series for each group racial liberalism series. Constituent 

items include preferred levels of government spending across the universe of non-racial policy 

domains; general preferences over the extent of government services; attitudes towards the 

government’s responsibility for reducing income inequality, guaranteeing jobs, and caring for the 

needy; and general preferences about the size and scope of the federal government64.  

Figure 4.23 compares the resulting non-racial policy liberalism index for the sample 

series to Stimson’s estimates of Public Policy Mood. Overall, and despite the former’s use of 

different data sources, the two series appear to show a reasonable level of correspondence 

(r=0.663, p < 0.001; r first difference=0.397, p=0.001). Figure 4.24 adds the non-racial policy 

liberalism series for white Democrats and Republicans, while Table 9 shows the intercorrelations 

across all four both in levels of the data and at their first differences. All told, and to varying 

degrees, all four series are moderately to strongly intercorrelated. We can thus be confident that 

the non-racial policy liberal series are capturing the same latent sentiment as Stimson’s index.  

 

 

 

 

 
64 The entire list of items, including their factor loadings, can be found in Appendix A.2. 
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Figure 4.23 Comparison of author’s non-racial policy liberalism index and Stimson’s index of public policy 
mood 

 

Figure 4.24 Comparison of author’s non-racial policy liberalism indexes and Stimson’s index of public policy 
mood 

 

Table 4.9 Correlations between author’s non-racial policy index (NRPL) and Stimson’s 
index of public policy mood 

 1 2 3 

 In 
Levels 

First 
Difference 

In 
 Levels 

First 
Difference 

In 
Levels 

First 
Difference 

1. Stimson Index --- --- --- --- --- --- 

2. Sample NRPL 0.663*** 
 0.397** --- --- --- --- 

3. White Democrats 
NRPL     0.819*** 0.428*** 0.721*** 757*** --- --- 

4. White Republican 
NRPL 0.436*** 0.407** 0.895***, 0.795*** 0.390** 0.576*** 

Note. †p < 0.1, *p < 0.05, **p < 0.01, ***p < 0.001   
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4.4.2 Generational Replacement 

Increased in racial liberalism could be the result of younger and more liberal generations 

replacing those older and more conservative. For instance, Schuman, Steeh, and Bobo (1997; 

chapter 4) argue that the socializing contexts in which people come of age strongly shapes their 

racial attitudes. Those who were born and grew up prior to the Civil Rights era, when prejudicial 

attitudes against blacks were the norm and (in the South) enshrined in state institutions, are 

generally found to be more racially conservative than those born after. Kellstedt (2000) controls 

for this cohort effect by counting the proportion of the adult population that turned 18 during or 

after 1963. However, his data runs only to 1993, when the oldest respondent in this cohort would 

have been 48 (born 1945) and the youngest respondent 18 (born 1975). The current data runs 

through 2020, which means that later samples will increasingly include ‘Millennial’ and, if to a 

lesser extent, ‘Gen-Z’ respondents. Grouping respondents from these cohorts with their ‘Baby 

Boomer’ and ‘Gen-X’ predecessors implicitly assumes that there are no meaningful differences 

in the racial attitudes of the older vs. younger post-Civil Rights generations. Given the 

unlikelihood of this proposition, my measure65 of generational replacement counts population 

proportions for each birth cohort, beginning with the ‘Lost Generation’ (1883-1900) and ending 

with the oldest members of Generation Z66 (1997-2001). I then combined the Gen-X with the 

Baby Boomer variable and the Gen-Z with the Millennial variable.  

I did this for three reasons. First, to include all but one generation variable in a regression 

model would have induced unreasonably high levels of multicollinearity (because shifts in one 

 
65 For comparison, I also re-create Kellstedt’s generational replacement variable, which estimates the proportion of 
respondents born in and after 1945.  
66 Technically, Gen-Z is said to run through 2012. But any person born after 2001 would still be too young (and too 
few in number) to be included in the samples underlying the final years of the racial attitudes data.  
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almost always co-occur with shifts in others), which could render parameter estimates unstable 

and complicate hypothesis testing. Second, the Gen-Z variable includes too few respondents to 

stand on its own.  Finally, when it comes to racial attitudes, the Baby Boomer and Gen-X cohorts 

are more similar to each other than they are to Millennial and Gen-Z (and vice versa; DeSante & 

Smith, 2020).   

The resulting estimates, which were computed for each of the populations under study, 

were derived from two different data sources. For all political groups, I use the American 

National Election Study (ANES), which has data for age, party, and race from 1948-2016, and 

for ideology from 1972-2016. For the sample and race-only groups, I use data from the Census 

Bureau’s Current Population Survey67 (CPS; 1961-2019). As the former survey is not conducted 

on an annual basis, values are interpolated for missing years.  

4.4.3 Consumer Optimism 

Perhaps variation in racially liberal attitudes are a function of economic optimism. For 

instance, Durr (1993) argues that as perceptions of economic conditions shift in the positive 

(negative) direction, the public becomes more (less) willing to pay bankroll liberal social 

policies.  Like Kellstedt (2000), I control for this possibility with the University of Michigan’s 

time series of consumer expectations. For this variable, data is available for all the years of the 

racial liberalism series (1954-2020).  

 
67 My reason for using a separate data source for the sample and race-only generation variables is to keep missing 
value interpolation to the minimum. Unlike the ANES, the CPS has been conducted annually since 1961. Given the 
choice between using estimated vs. observed values, the latter is always preferable. That being said, I tested data 
from both sources and found that the CPS estimates better fit the models. However, it also should be noted that 
using one over the other does not substantively alter the general pattern of results.  
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4.4.4 Racial Policy Output 

As suggested in the work of Wlezien (1995), it is possible that racial attitudes respond 

‘thermostatically’ to the racial policy status quo. That is, when racial policy becomes more 

liberal, it ultimately to produces a conservative backlash, which elected representatives respond 

to by cutting regulations and spending for Civil Rights agencies. Conversely, when racial policy 

moves in the conservative direction, the public is more likely to see merit in enacting racially 

liberal policies. Similar to Kellstedt (2000), I account for this possibility with a rough index of 

racial policy spending. Specifically, I measure annual budgetary allocations for six main anti-

discrimination agencies as the proportion of all expenditures. These six agencies are the Civil 

Rights Division of the Department of Justice (1958-2020), the Equal Employment Opportunity 

Commission (1965-2020), the Office of Civil Rights in the Department of Education (1965-

2020), the Office of Federal Contract Compliance Program in the Department of Labor (1966-

2020), the Office of Civil in the Department of Health and Human Services (1978-2020), and the 

Office of Fair Housing and Equal Opportunity in Housing and Urban Development (1969-2020). 

Values for years preceding the existence of these agencies are coded as 0. To generate an 

aggregate index, I first standardized and then averaged the values across agencies. The series for 

the resulting variable is shown in Figure 24 below.  
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Figure 4.25 Index of federal spending on civil rights enforcement  
 

4.4.5 Educational Attainment 

Overtime increases in racial liberalism could stem (at least in part) from overtime 

increases in educational attainment. One of the more important findings of Sniderman and 

Piazza’s (1993) study of white racial attitudes was the positive effect of education on racial 

tolerance and policy liberalism. Gomez and Wilson (2006) similarly link greater education to 

structural (vs. individual-level) attributions for racial inequality. One interpretation of such 

findings is that education tends to promote egalitarian values, exposure to and tolerance for 

racial/ethnic, diversity, and higher-order cognitive skills that facilitate more sophisticated causal 

attributions of racial inequality. Another interpretation is that education enhances awareness of 

social norms, which, in turn, encourages people to give politically correct, if dishonest, responses 

to race-related survey questions. Whatever the case, the possibility that increases in educational 

attainment effect increases in both racial liberalism (or at least racially liberal responding) and 

also in the demand for or in the output of racial equalitarian media cannot be excluded. I thus 
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control for this potential influence using data on educational attainment from the ANES68. 

Specifically, and for each population group, I calculate the percept of respondents with at least a 

BA degree. Values for missing years are again interpolated.  

4.4.6 Non-White Controls 

Any time series analysis of ‘non-white’ attitudes has to contend with the fact that the 

racial/ethnic constitution of this category has changed markedly since the immigration reform 

laws of 1965 and after. Whereas blacks may have comprised the overwhelming majority of non-

white survey respondents in the 1960s and 70s, this predominance has steadily eroded ever since. 

This poses obvious problems for statistical inference in that what may appear as ‘declines’ in 

non-white racial liberalism may actually be due to increases in representation of non-black 

racial/ethnic minorities whose racial attitudes are more conservative. Aside from gathering data 

for specific or all racial/ethnic groups, the only recourse this leaves us it to try to statistically 

control for the changing composition of the non-white population. I attempt to do so with data 

from the CPS, which has measured racial identification in some form since 1961. Specifically, I 

create variable that stores the black share of the non-white population for each year between 

1961-2019. I then interpolate missing values for the years spanning 1954-1960.  

Another potential source of error in using data from aggregate ‘non-white’ respondents is 

the overtime sorting of non-whites into the Democratic Party69.  If non-whites increasingly 

 
68 The choice of using the ANES rather than the CPS data rests on the disharmony of the latter’s measure of 
education. Specifically, until 1992, the CPS asked respondents to indicate their highest year of school attendance. 
Thereafter, it asked respondents to report their highest completed level (or degree) of schooling. While the CPS 
dataset features a harmonized variable that combines the two versions, there are still major discontinuities in the data 
that I wasn’t able to resolve.  
69 At this point, one may reasonably ask why I am only including such controls for non-whites. In the first case, it 
would seem appropriate to also control for the white proportion of the US in the white models. For perhaps steadily 
increasing exposure to racial/ethnic diversity has a liberalizing effect on white racial attitudes. In the second case, 
whites themselves have sorted into the Republican party; so why not also control for the proportion of whites who 
identify as either Republican or Democrat? The simple answer to both of these questions is that I actually initially 
tested such variables in models of white racial liberalism and, to my surprise, observed that—across all 
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identify as Democrats, they are likely to increasingly adopt—if they do not already hold--the 

party’s position on race. To account for this possibility, I use data from the ANES to create a 

variable that stores the proportion of non-whites that identify as Democrats in each survey year 

between 1956-2016. Values for missing years are interpolated.  

4.5 Methodology 

The first step in my analysis is to determine the causal order that best fits the data. On 

this count, my hypothesis predicts that shifts in racial attitudes will temporally follow shifts in 

racial equalitarian news media. To assess whether this is indeed the case, my analysis begins 

with separate70 two-variable granger causality tests for each racial series (white, non-white) and 

each of the race x party and white x ideology series. Granger causality tests examine whether the 

previous values of one variable significantly improve estimates of subsequent values of another 

net of its previous values (Freeman, 1983). An important and often prohibitive assumption of 

these tests is that of series stationarity. Simply put, variables are assumed to have time-invariant 

means, variances, and autocorrelation structures. Failure to meet this requirement can result in 

spurious relationships.  

In the case of the current data, the time series graphs included earlier hardly depict a 

pattern of stationarity. In fact, they show the presence of structural breaks or durable shifts in 

series’ means.  The results of several different unit root tests71, which are summarized in Table 

 
specifications—they contributed nothing in terms of error reduction. To the contrary, models that include them fit 
the data much more poorly than models that don’t. Nor do these variables accounted for any of the effects of racial 
equalitarian media on white racial liberalism. For whatever reason, and as will be shown below, this wasn’t the case 
for models of non-white racial liberalism, in which such variables resulted in significant reductions in error. 
Nevertheless, for transparency sake, I provide a regression table of models of white racial liberalism specified with 
these controls in Appendix A.3. 
70 Separate tests are conducted out of concern for multicollinearity. Especially given the relatively small size of the 
current dataset, the entry of multiple variables and lags could result in high intercorrelations that bias tests of the null 
hypothesis (For more on this issue, see Mansson, Shukar, & Sjolander, 2014).  
71 The full results for each test can be found in Appendix A.4-A.7. 
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4.10, confirm this visual inspection. With one exception (non-white racial liberalism in the 

ADF), the null hypothesis of stationarity cannot be rejected for any of our variables in levels of 

the data. However, most of the tests were not designed to test for stationarity in the presence of 

structural breaks. A consequence of this is that these tests are likely to be biased in favor of not 

rejecting the null hypothesis. To correct for this, Clemente, Montanes, and Reyes (1998) 

developed tests of stationarity in the presence of either one or two structural breaks. The results 

of these tests (for two structural breaks) are presented in the bottom-right corner of Table 4.10. 

They generally converge with those of others. Specifically, none of the variables are consistent 

with the hypothesis of stationarity in levels of the data. At first difference, this hypothesis can be 

rejected for non-white Democrats and white Republicans, but not for any other series. With the 

exception of the non-white series, which requires a 3rd difference to reach stationarity, all of the 

remaining series achieve stationarity at second difference.  

Table 4.10 Summary of unit root test results 
 Augmented Dicky-Filler Phillips-Perron 

 At 
Level 

1st 
Diff. 

2nd 
Diff. 

3rd 
Diff. 

At 
Level 

1st 
Diff. 

2nd 
Diff. 

3rd 
Diff. 

Sample NS S --- --- NS S --- --- 
Non-White S --- --- --- NS S --- --- 

White NS S --- --- NS S --- --- 
White 

Democrats NS S --- --- NS S --- --- 
Non-White 
Democrats NS S --- --- NS S --- --- 

White 
Republican NS I S --- NS S --- --- 

White 
Liberal NS S --- --- NS S --- --- 
White 

Conservative NS S --- --- NS S --- --- 
Racial 

Equalitarian 
Media 

NS NS I S NS I S --- 

 Kwiatowski-Phillips-
Schmidt-Shin 

Clemente, Montanes, 
Reyes 

Sample NS S --- --- NS NS S --- 
Non-White NS S --- --- NS NS NS S 

White NS S --- --- NS NS S --- 
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White 
Democrats NS S --- --- NS NS S --- 
Non-White 
Democrats NS S --- --- NS S --- --- 

White 
Republican NS S --- --- NS S --- --- 

White 
Liberal NS S --- --- NS NS S --- 
White 

Conservative NS S --- --- NS NS S --- 
Racial 

Equalitarian 
Media 

NS NS S --- NS NS S --- 

Note. NS=Non-stationary, S=Stationary, I=Inconclusive. ‘Inconclusive’ refers to cases wherein test results indicate 
stationarity at some but not all lag lengths. Lag lengths were determined on the basis of selection statistics (AIC, 
SBIC, HQIC etc.). Where statistics failed to converge on a single lag length, multiple lag lengths were tested. 

 

Table 11 summarizes the consistency of results across the four unit root tests in terms of 

their suggested order of integration. Three of the four tests indicate that the sample, white, white 

Democrat, non-white Democrat, white Republican, white liberal, and white conservative series 

are integrated of order 1, while the remaining test supports integration of order 2. The results for 

the non-white series is more conflicting. One test supports stationarity in levels of the data, 

another (specifically, the Clemente, Montanes, and Reyes test) at 3rd difference, and the 

remaining two point to stationarity at first difference.  

Table 4.11 Consistency in unit root test results 
Order of 

integration Sample 
Non-

White White White 
Dem. 

Non-
White 
Dem. 

White 
Repub. 

White 
Lib. 

White 
Con. REM 

I(0) 0/4 1/4 0/4 0/4 0/4 0/4 0/4 0/4 0/4 
I(1) 3/4 2/4 3/4 3/4 3/4 3/4 3/4 3/4 0/4 
I(2) 1/4 0/4 1/4 1/4 1/4 1/4 1/4 1/4 3/4 
I(3) --- 1/4 --- --- --- --- --- --- 1/4 

Note. REM=Racial Equalitarian Media 

Determining the order integration is important for conducting the robustness check that 

will follow the conventional granger tests.  Specifically, Toda and Yamamoto (1995) propose a 

procedure for testing granger (non-)causality in the context of non-stationary data.  After 

determining the maximum lag length p on the basis of information criteria (AIC, SIC etc.), this 
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procedure calls for adding m exogenous lags of each variable in a VAR model in the levels of the 

data, where m is defined as the maximum order of integration for the group of variables72. Thus, 

if one variable is I(1) and another is I(2), we would include 2 exogenous lags for each variable in 

each equation. If, for example, the information criteria suggest a lag length of 4, the 5th and 6th 

lags of each variable are added to the exogenous part of the VAR model. Finally, a Wald test is 

used to test whether (only) lags p are equal to 0 in each equation. Rejection of the null signifies 

rejection of Granger non-causality. 

Table 4.12 shows the lag lengths suggested by various information criteria for each 

‘racial liberalism + REM’ equation73. For the sample, non-white, non-white Democrats, and 

white conservative equations, all but one of the diagnostics (the likelihood ratio test) recommend 

a lag length of 1. For the remaining equations, the results are split: the HQIC and SBIC 

recommend a lag length of 1, while the FPE and AIC point to lengths of (depending on the 

series) 3 to 5 lags. In light of this dissensus, and as a check of robustness, I will test whether the 

results cohere across differing lag orders.  

Table 4.12 Lag lengths suggested by various selection statistics 
Variables LR FPE AIC HQIC SBIC 

Sample + REM 8 1 1 1 1 
Non-White + 

REM 8 1 1 1 1 

White + REM 8 5 5 1 1 
White 

Democrats + 
REM 

8 3 3 1 1 

Non-White 
Democrats + 

REM 
7 1 1 1 1 

White 
Republican + 

REM 
7 5 5 1 1 

White Liberal + 
REM 4 4 4 1 1 

 
72 In the presence of non-stationary data, the Wald test statistic does not follow its usual asymptotic 𝑐𝑐ℎ𝑖𝑖2 under the 
null hypothesis. The addition of m exogenous lags serves to correct for this.  
73 Kellstedt’s (2000) Granger analyses used two lags, though he offered no explicit justification for doing so.   



147 
 

White 
Conservative + 

REM 
7 1 1 1 1 

Note. Maximum lag length is set to 10. LR=Likelihood Ratio, FPE=Final Prediction Error, AIC=Akaike’s 
Information Criterion, HQIC=Hannan-Quinn Information Criterion, SBIC=Schwar’s Bayesian Information 
Criterion, REM=Racial Equalitarian Media.  
 

4.6 Results (Part 1) 

Table 13 presents the results of these tests for the sample overall and the two racial series. 

First, we see that the pattern of results for the sample and white equations are remarkably similar. 

We find strong evidence that, regardless of lag length, racial equalitarian media (REM) granger-

causes sample (1 lag: p=0.001) and white racial liberalism (1 lag: p = 0.001; 5 lags: p=0.019) but 

no evidence that sample (1 lag: p=0.852) and white racial liberalism (1 lag: p=0.893; 5 lags: 

p=0.211) drives racial equalitarian media. In stark contrast, and irrespective of lag length, we 

find no evidence that REM granger-causes non-white racial liberalism (1 lag: p=0.180), nor any 

evidence that non-white racial liberalism granger-causes REM (p=0.702).  

Table 4.13 Granger test results for sample and racial group series (1954-2020) 
  Sample White Non-White 
  Endogenous Variables 

Exogenous 
Variables 

Lag 
length RL REM RL REM RL REM 

REM 

1 0.001 --- 0.001 --- 0.180 --- 
2 0.002 --- 0.002 --- 0.704 --- 
3 0.007 --- 0.009 --- 0.752 --- 
4 0.014 --- 0.012 --- 0.279 --- 
5 0.024  0.019 --- 0.297  

RL 

1 --- 0.852 --- 0.893 --- 0.702 
2 --- 0.828 --- 0.226 --- 0.952 
3 --- 0.999 --- 0.417 --- 0.921 
4 --- 0.454 --- 0.192 --- 0.821 
5  0.716  0.211  0.885 

Note. N=66 for all equations. Cell entries are p-values from Wald tests. P-values in bold font represent those 
 derived at lag length(s) suggested by different selection statistics. REM=Racial Equalitarian Media,  
RL=Racial Liberalism.  

 

Table 4.14 presents the results for the race x party and ideology series, respectively. 

Starting with the equations for white Democrats, we see clear evidence that the REM variable 
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granger-causes racial liberalism at both suggested lag lengths (1 lag: p < 0.001; 3 lags: p=0.006) 

but no evidence that racial liberalism drives REM (1 lag: p=0.697; 3 lags: p=0.500). The pattern 

of results for non-white Democrats is virtually identical.  They suggest that the REM granger-

causes non-white Democrats racial liberalism (1 lag: p < 0.001), but not the inverse (1 lag: 

p=0.533). Turning to the white Republican equations, the results become more equivocal. 

Evidence for joint causation is found at nearly all lag lengths. Thus, unlike the case of white 

Democrats, the data is not clearly consistent with a unidirectional causal relationship running 

from REM (1 lag: p=0.028; 5 lags: p=0.001) to racial attitudes (1 lag: p=0.047; 5 lags: p=0.032). 

Instead, the data suggests that the relationship is generally reciprocal for white Republicans. 

Table 1: Granger test results for racial group x party/ideology series (1954-2020) 
  White 

Democrats 
Non-White 
Democrats 

White 
Republican 

White 
Liberal 

White 
Conservative 

  Endogenous Variables 

Exogenous 
Variables Lags  RL REM RL REM RL 

 
REM 

 
RL REM RL REM 

REM 

1 0.000 --- 0.000 --- 0.028 --- 0.000 --- 0.173 --- 
2 0.002 --- 0.001 --- 0.077 --- 0.011 --- 0.301 --- 
3 0.006 --- 0.002 --- 0.042 --- 0.024 --- 0.741 --- 
4 0.010 --- 0.004 --- 0.063 --- 0.028 --- 0.880 --- 
5 0.010 --- 0.006 --- 0.001 --- 0.008 --- 0.790 --- 

RL 

1 --- 0.697 --- 0.533 --- 0.047 --- 0.893 --- 0.647 
2 --- 0.558 --- 0.477 --- 0.026 --- 0.140 --- 0.645 
3 --- 0.500 --- 0.848 --- 0.120 --- 0.083 --- 0.651 
4 --- 0.321 --- 0.128 --- 0.009 --- 0.354 --- 0.180 
5 --- 0.386 --- 0.265 --- 0.032 --- 0.539 --- 0.221 

N  67 49 
Note. Cell entries are p-values from Wald tests. P-values in bold font represent those 
 derived at lag length(s) suggested by different selection statistics. REM=Racial Equalitarian Media,  
RL=Racial Liberalism.  

 

Although spanning a shorter time period, the results for the white liberal equations 

largely mirror those of white Democrats. We see clear evidence that REM (1 lag: p < 0.001; 4 

lags: p=0.028) granger-causes white liberal racial liberalism, but no evidence for the inverse 

relationship (1 lag: p=0.893; 4 lags: p=0.354). In contrast, the results of the equations for white 
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conservatives do not resemble those of white Republicans. In fact, we see no evidence that REM 

(1 lag: p=0.173) and white conservative racial liberalism (1 lag: p=0.647) are causally related in 

any direction at any of the 5 lag lengths.  

Thus far the results have wholly accorded with expectations. We observed clear evidence 

that movement in white racial liberalism proceeds movement in REM. Moreover, we also 

uncovered some evidence that this pattern is unique to non-white Democrats, white Democrats 

and white liberals. But can we trust these results? Because all our variables non-stationary, there 

is a reasonable possibility that they are spurious. Accordingly, and as mentioned earlier, I assess 

the robustness of these results with Toda and Yamamoto’s (1995) procedure for testing granger 

non-causality in the presence of non-stationary data. The battery of unit root tests conducted 

earlier indicated that nearly all of the racial liberalism series were integrated to either order 1 or 

2, while the REM variable was integrated to order 2. With this ordering, the Toda and 

Yamamoto procedure would call for the inclusion of two additional lags for each (in levels) 

variable in the exogenous component of each equation. 

Table 4.15 displays the results of the Toda Yamamoto test for the sample, white and non-

white equations.  With the addition of 2 exogenous lags, neither REM (1 lag: p=0.111) nor 

sample racial liberalism (1 lag:  p=0.957) are significantly granger-causal at the suggested lag 

length. However, and turning to the equation for whites, the results once again indicate—if less 

clearly--that REM granger-causes white racial liberalism (1 lag: p=0.046; 5 lags: p=0.043), but 

not the inverse (1 lag: p=0.352; 5 lags: p=0.512), at both of the suggested lag lengths.  Finally, 

and replicating the pattern of results observed earlier, we see that the effects of REM on non-

white racial liberalism (and vice versa) are indistinguishable from 0 across all five lag lengths. 
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Thus, with the exception of the sample equation, these results generally accord with those from 

the conventional granger tests.  

Table 4.15 Toda and Yamamoto test results for sample and racial group series (1954-2020) 
  Sample White Non-White 
  Endogenous Variables 

Exogenous 
Variables 

Endogenous 
Lags (p) RL REM RL REM RL REM 

REM 

1 0.111  0.046 --- 0.428 --- 
2 0.061  0.128 --- 0.208 --- 
3 0.081  0.148 --- 0.156 --- 
4 0.117  0.098 --- 0.166 --- 
5 0.042  0.043 --- 0.143  

RL 

1  0.957 --- 0.352 --- 0.592 
2  0.993 --- 0.237 --- 0.707 
3  0.734 --- 0.402 --- 0.778 
4  0.945 --- 0.627 --- 0.918 
5  0.886 --- 0.512 --- 0.643 

Note. N=67 for all equations. Cell entries are p-values from Wald tests. P-values in bold font represent those 
 derived at lag length(s) suggested by different selection statistics. Two lags are added to the exogenous part of each 
equation. REM=Racial Equalitarian Media, RL=Racial Liberalism.  

 

Moving to the results for the race x party and ideology equations (Table 16), we once 

again find that REM granger-causes white Democrats racial liberalism (1 lag: p=0.007; 3 lags: 

p=0.009) at both suggested lag lengths, while observing no evidence for causality in the inverse 

direction (1 lag: p=0.945; 3 lags: p=0.528). Turning to non-white Democrats, the results are 

generally at odds with those reported earlier. At the lag length suggested by nearly all of the 

selection statistics, we cannot reject the null hypothesis that the effects of REM on non-white 

Democrats racial liberalism are equal to 0 (1 lag: p=0.149).  Nor can we reject it for the inverse 

of this relationship (1 lag: p=0.617). It’s only when the lag length is set to 4 or 5 that we can 

finally do so for the former (4 lags: p=0.004; 5 lags: p < 0.001), but not the latter (4 lags: 

p=0.915; 5 lags: p=0.816) relationship. As with non-white Democrats, the results for the white 

republican equations also diverge from those obtained under the conventional granger tests. 

Before we observed a pattern suggestive of joint causation. Under the current tests, though, we 

see that this pattern has disappeared. At the first of the two suggested lag lengths, the effects of 
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REM (1 lag: p=0.065) on white Republican racial liberalism approach but fall short of 

significance at the 95% level, while the effects of the latter (1 lag: p=0.336) do not come close to 

reaching significance at this threshold. At the second of the two suggested lag lengths, though, 

the REM’s effects (5 lags: p=0.016) on white Republican racial liberalism are distinguishable 

from 0, while the latter’s effects (5 lags: p=0.154) on REM are not.   

Table 4.16 Toda and Yamamoto test results for the racial group x party/ideology series 
(1954-2020) 

  White 
Democrats 

Non-White 
Democrats 

White 
Republican 

White  
Liberal 

White 
Conservative 

  Endogenous Variables 
Exogenous 
Variables P Lags  RL REM RL REM RL REM RL REM RL REM 

REM 

1 0.007 --- 0.149 --- 0.065 --- 0.034 --- 0.835 --- 
2 0.009 --- 0.283 --- 0.239 --- 0.029 --- 0.708 --- 
3 0.009 --- 0.158 --- 0.136 --- 0.005 --- 0.946 --- 
4 0.012 --- 0.006 --- 0.197 --- 0.006 --- 0.901 --- 
5 0.011 --- 0.000 --- 0.016 --- 0.003  0.895  

RL 

1 --- 0.945 --- 0.617 --- 0.336 --- 0.163 --- 0.372 
2 --- 0.420 --- 0.552 --- 0.758 --- 0.140 --- 0.721 
3 --- 0.528 --- 0.781 --- 0.570 --- 0.339 --- 0.227 
4 --- 0.628 --- 0.915 --- 0.171 --- 0.545 --- 0.438 
5 --- 0.350  0.816  0.154  0.325  0.090 

N  67 49 
Note. Cell entries are p-values from Wald tests. P-values in bold font represent those derived at length(s) suggested 
by different selection statistics. Two lags are added to the exogenous part of each equation. REM=Racial 
Equalitarian Media, RL=Racial Liberalism.  

 

Finally, the pattern of results for the white liberal and conservative equations is generally 

the same as that obtained in the conventional Granger models. Once again, and regardless of lag 

length, we see that REM granger-causes white liberal racial liberalism (1 lag: p=0.034; 4 lags: 

p=0.006 ) but observe no evidence that white liberal racial liberalism granger-causes REM (1 

lag: p=0.163; 4 lags: p=0.545). Turning to the white conservative equations, we again find no 

evidence that either of the variables are granger-causal at any lag length.  
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4.6.1 Preliminary Discussion 

The results thus far largely accord with earlier predictions. First, we observed evidence 

that variation in white (but not non-white) racial liberalism temporally proceeds variation in the 

proportion of annual race-related news articles that speak to black-white status differences in 

terms of racial bias and injustice (i.e., REM). This pattern persisted when adjusting for the non-

stationarity of the data. Second, and as also predicted, we consistently found that movement in 

white Democrats and white liberal racial liberalism temporally followed movement REM. This 

was the case across all lag specifications both before and after adjusting for non-stationarity. On 

the other hand, the results for white Republicans were more equivocal, while those for white 

conservatives showed no evidence of significant granger effects in any equation. In the case of 

the former, we initially observed a pattern of joint causation such that white Republican racial 

liberalism was both granger-caused by and also granger-caused variation in REM. Adjusting for 

non-stationarity overturned this pattern. the effects of REM on white Republican racial 

liberalism either approached or reached significance at the two suggested lag lengths, while the 

effects of the latter on the former were consistently indistinguishable from 0. some evidence of a 

causal relationship running from REM to white republican racial liberalism was found at a lag 

length of 1, where the effects of the former on the latter were significant at the p < 0.1 level. But 

whether these ‘marginally significant’ effects are genuine or simply random noise is unclear. For 

white conservatives, though, the results were clear. As expected, in none of the equations nor at 

any of the lag lengths did REM significantly granger-cause racial liberalism (and vice versa). 

If, as the results suggest, REM drives white racial liberalism, the next question is whether 

this effect is substantively meaningful both in and of itself and in relation to that of other 
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variables. First, it is possible that the relationship itself is confounded by other variables that 

explain both variation in racial attitudes and in REM. Second, even if the effects of media on 

racial attitudes are unique, they may be paltry and/or dwarfed by the effects of other variables. 

Like Kellstedt (2000), I attempt to address these questions with a series of lagged dependent 

variable models74. In the analyses that follow, the dependent variables are the racial liberalism 

series for the sample as a whole and for each subpopulation. A lagged racial liberalism variable 

is included as a covariate to control for the effects of previous lags of exogenous variables that 

are left out of the model. As detailed earlier, the exogenous variables include the percent of 

annual NYT articles that refer to black people or mention the term ‘racial’, the proportion of 

Baby Boomer/Gen-X and Millenial/Gen-Z respondents, the percent of respondents with at least a 

BA degree, federal spending on civil rights agencies, consumer optimism, and (non-racial) 

public policy liberalism. 

4.7 Results (Part 2) 

The granger test results provided some but ultimately ambiguous evidence that REM 

drives shifts in the racial liberalism of the sample as a whole, clear evidence that it drives drifts 

in racial liberalism among whites, and no evidence that it causes shifts in racial liberalism among 

non-whites. The results75 of the dynamic regression model76 for sample racial liberalism are 

shown in Table 4.17. Those in column (a) indicate that REM remains a significant (p < 0.001) 

 
74 In light of the non-stationarity of some of the variables, a dynamic regression model could output spurious results 
in the absence of at least some cointegration. Fortunately, the residuals of all the models below are stationary. The 
ADF test statistics all exceed the 0.05% critical values suggested by MacKinnon (1990, 2010). Engle-Granger tests 
were additionally run and the null hypothesis of no cointegration was rejected for all models.  
75 Because data for non-racial policy liberalism was not available for the years 1954, 1955, and (at the time of this 
writing) 2020, all model results are limited to the 1956-2019 period. While this entails a loss of three observations, it 
helps to ensure that estimates are comparable across models.  
76 Neither the Breusch-Godfrey nor the Durbin h test indicated the presence of serial correlation in any of the 
models. 
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predictor of racial liberalism net of the previous year’s racial liberalism. Specifically, a standard 

deviation (SD) increase (+0.92 percentage points) in the racial equalitarian share of race-related 

articles is expected to produce a 0.259SD rise (+1.39 points) in sample racial liberalism. To be 

clear, these are only the immediate or short-run effects. The coefficient on the lagged racial 

liberalism indicates that roughly 76% of these immediate effects persists into the following 

period. Interestingly, and turning to column (b), controlling for the share of all NYT articles that 

refer to blacks or race enlarges the magnitude of the immediate effects by roughly 74% 

(𝛽𝛽=0.451; p < 0.001), which amounts to a more 2.4-point increase on the racial liberalism index. 

Also of note, the coefficient for the race-related articles variable is both significantly negative 

and less than half the size (𝛽𝛽=-0.204; p=0.028) of that of REM. This suggests that, once the 

influence of REM articles is removed, race-related media actually has a negative effect on 

sample racial liberalism77. More importantly, it suggests that sample racial liberalism doesn’t 

respond to the volume of race-related news content in general, but rather to the frequency at 

which the media discusses black-white status differences in terms of racial discrimination and 

injustice.  

Column (c) adds the two generational cohort variables. Such leads to a very modest 

reduction in the effects of REM (𝛽𝛽=0.442, p < 0.001) which remain a significantly positive 

predictor of sample racial liberalism. Column (d) controls for higher educational attainment, 

which, in addition to boosting model fit (Adjusted 𝑅𝑅2=0.892), considerably enhances the 

significant positive effects (𝛽𝛽=0.531, p < 0.001) of REM on racial liberalism. These effects are 

moderated, but remain both sizeable and significant (𝛽𝛽=0.448; p < 0.001), after the remaining 

control variables are added in column (e). Specifically, and in terms of the metric of the 

 
77 This is similar to what was observed in Kellstedt (2000), which found that the number of Newsweek stories on 
race had a negative (but statistically insignificant) effect on racial policy liberalism.  
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dependent variable, holding all other predictors constant, a standard deviation increase in REM 

predicts a roughly 2.4-point increase in sample racial liberalism. The results of a likelihood ratio 

test also indicate that a model excluding the REM variable would see a significant reduction 

(p<0.001) in overall model fit. Although the effects of the two generational replacement 

(𝛽𝛽Boomers/GenX= -0.984, p < 0.001; 𝛽𝛽Millenials/GenZ= -0.900, p < 0.001 ) and educational attainment 

(𝛽𝛽=1.59, p < 0.001) variables are larger in size, REM continues to account for variation in racial 

liberalism is noteworthy. 

Table 4.17 The determinants of sample racial liberalism (1956-2019) 
 Sample 
 (a) (b) (c) (d) (e) 

Racial  
Liberalism 

(t-1) 

0.755*** 
(0.070) 

0.706*** 
(0.068) 

0.725*** 
(0.086) 

0.604*** 
(0.066) 

0.619*** 
(0.069) 

REM 0.259*** 
(0.053) 

0.451*** 
(0.097) 

0.442*** 
(0.094) 

0.531*** 
(0.081) 

0.448*** 
(0.091) 

Race-Related Articles --- -0.204* 
(0.090) 

-0.220* 
(0.097) 

-0.202* 
(0.086) 

-0.109 
(0.082) 

Black Proportion. 
 of Non-White 

Population. 
--- --- --- --- --- 

Non-White  
Proportion Democrat --- --- --- --- --- 

Proportion 
Boomer/Gen X --- --- -0.040 

(0.086) 
-1.13** 
(0.335) 

-0.984*** 
(0.374) 

Proportion 
Millenial/Gen-Z --- --- 0.039 

(0.054) 
-1.01** 
(0.281) 

-0.900*** 
(0.288) 

Percent With College 
Degree    1.81** 

(0.501) 
1.59*** 
(0.514) 

Civil Rights Spending --- --- --- --- 0.076 
(0.117) 

Consumer Sentiment --- --- --- --- -0.047 
(0.043) 

Non-Racial  
Public Policy Mood --- --- --- --- 0.137* 

(0.051) 

Constant 0.063** 
(0.050) 

0.059*** 
(0.048) 

0.061*** 
(0.051) 

0.051 
(0.042) 

0.052 
(0.042) 

Adjusted 𝑅𝑅2 0.845 0.858 0.855 0.892 0.895 
Note. N=64 in all models. Cells are standardized beta coefficients with robust standard errors in parentheses. 
†p < 0.1, *p < 0.05, **p < 0.01, ***p < 0.001   
 
 

Table 7.18 presents the results from the white and non-white models, which, initially, 

seem to suggest that increases in REM don’t equally affect the attitudes of whites and non-
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whites. Specifically, and referring to columns (a) in both models, we see that REM significantly 

positively predicts white racial liberalism (𝛽𝛽=0.307, p=0.001) while only weakly and 

insignificantly positively influencing that of their non-white counterparts (𝛽𝛽=0.076, p=0.143) 

The difference in the size of these coefficients is significantly different from zero (p=0.016).  

But, as suspected, this result proves to be misleading. Column (aa) of the non-white model shows 

that once the black proportion of the non-white population (𝛽𝛽=0.291, p=0.035) and the 

proportion of non-whites identifying as Democrats78 (𝛽𝛽=0.127, p=0.219)  is held constant, the 

effects of REM turn significantly positive and balloon in size (𝛽𝛽=0.311, p <  0.001). They are 

now statistically indistinguishable (p=0.976) from those acting on white racial liberalism. 

Moving to column (b), we see that, once again, controlling for the percent of NYT articles that 

are race-related (column b) substantially boosts the effects of REM on both white (𝛽𝛽=0.543, 

p=0.001) and non-white (𝛽𝛽=0.586, p < 0.001) racial liberalism. Controlling for generational 

replacement (columns c) results in a tiny reduction in these effects for whites (𝛽𝛽 =0.525; p 

<0.001) and a small boost (𝛽𝛽 =0.627; p  < 0.001) for non-whites. Subsequently adjusting for 

rates of higher educational attainment (columns d) enlarges the effects of REM on white racial 

liberalism (𝛽𝛽=0.685; p<0.001) while moderating its effects on non-white (𝛽𝛽=0.566; p < 0.001) 

racial liberalism. Further adjusting for civil rights spending, consumer optimism, and non-racial 

policy liberalism (columns e) model attenuates, but hardly eliminates these effects. In substantive 

terms, a one standard deviation increase in the volume of REM predicts roughly 3.2 and 2.5 

point increases in white (𝛽𝛽=0.565; p <0.001) and non-white (𝛽𝛽=0.425; p=0.002) racial 

liberalism, respectively. To give a rough estimate of the practical impact of these effects, 

 
78 Somewhat surprisingly, in addition to yielding a poorer fits across all models, adjusting for the white proportion 
of the population and the proportion of whites self-identifying as democrats had virtually no effect on the 
relationship between racial equalitarian media and white racial liberalism. These control variables were thus 
excluded from the models shown. Readers interested in viewing these excluded results can refer to Appendix A.3. 
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consider that, between 2010 and 2019, white racial liberalism increased by roughly 16 points.  If 

the parameter estimates are to be trusted, this would mean that more than half of this change (9 

points) can be attributed to increases in the volume of REM. 
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Table 7.18 The determinants of white and non-white racial liberalism (1956-2019) 
 White Non-White 
 (a) (b) (c) (d) (e) (a) (aa) (b) (c) (d) (e) 

Racial 
Liberalism 

(t-1) 

0.705*** 
(0.098) 

0.641*** 
(0.098) 

0.643*** 
(0.140) 

0.456*** 
(0.118) 

0.423** 
(0.127) 

 
0.852*** 
(0.073) 

 

0.652*** 
(0.112) 

0.614*** 
(0.113) 

0.644*** 
(0.123) 

0.699*** 
(0.123) 

0.713*** 
(0.117) 

REM 0.307** 
(0.090) 

0.543** 
(0.132) 

0.525*** 
(0.121) 

0.685*** 
(0.111) 

0.565*** 
(0.097) 

0.076 
(0.051) 

0.311** 
(0.082) 

0.586*** 
(0.144) 

 
0.627*** 
(0.145) 

 

0.566*** 
(0.128) 

0.425** 
(0.129) 

Race-Related 
Articles --- -0.247** 

(0.089) 
-0.253** 
(0.087) 

-0.227** 
(0.074) 

-0.110 
(0.069) --- --- -0.253* 

(0.109) 
-0.392* 
(0.170) 

-0.374* 
(0.155) 

-0.287* 
(0.128) 

Black 
Proportion 
 of Non-
White 

Population 

--- --- --- --- --- --- 0.291* 
(0.135) 

0.327* 
(0.128) 

0.477* 
(0.224) 

0.519* 
(0.230) 

0.375† 
(0.218) 

Non-White 
Proportion 
Democrats 

--- --- --- --- --- --- 0.127 
(0.103) 

0.247* 
(0.118) 

0.266* 
(0.122) 

0.281* 
(0.119) 

0.333** 
(0.121) 

Proportion  
Boomer/ 
Gen X 

--- --- -0.008 
(0.116) 

-1.19** 
(0.416) 

-1.09* 
(0.469) --- --- --- -0.014 

(0.080) 
-0.368† 
(0.193) 

-0.259 
(0.266) 

Proportion  
Millenial/ 

Gen-Z 
--- --- 0.035 

(0.056) 
-1.01** 
(0.325) 

-0.947**  
(0.316) --- --- --- 0.241 

(0.209) 
-0.151 
(0.277) 

-0.087 
(0.316) 

Percent  
With College 

Degree 
--- --- --- 1.91** 

(0.604) 
1.84** 
(0.601)     0.721† 

(0.362) 
0.502 

(0.375) 

Civil Rights 
Spending --- --- --- --- 0.065 

(0.111) --- --- --- --- --- 0.321 
(0.199) 

Consumer 
Sentiment --- --- --- --- 0.046 

(0.045) --- --- --- --- --- 0.033 
(0.061) 

Non-Racial  
Public Policy 

Mood 
--- --- --- --- 0.128* 

(0.055) --- --- --- --- --- 0.384** 
(0.137) 
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Constant 0.059** 
(0.056) 

0.054*** 
(0.054) 

0.047** 
(0.061) 

 
0.038 

(0.050) 
 

0.035 
(0.049) 

 
0.028† 
(0.067) 

 

0.022 
(0.060) 

0.021 
(0.059) 

0.022 
(0.059) 

0.023† 
(0.057) 

0.024** 
(0.056) 

Adjusted  R2 0.822 0.842 0.837 0.871 0.875 0.715 0.761 0.770 0.771 0.787 0.798 
Note. N=64 in all models. Cells are standardized beta coefficients with robust standard errors in parentheses. 
†p < 0.1, *p < 0.05, **p < 0.01, ***p < 0.001   
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Earlier it was predicted that racial equalitarian media would have stronger effects on 

white Democrats and liberals than white Republicans and conservatives. The results in Table 

4.19 below appear to offer only mixed support for this proposition. In columns (a), we see that, 

net of lagged racial liberalism, increases in REM have a significantly positive influence on white 

Democrat racial liberalism (𝛽𝛽=0.252, p < 0.001) but only a modest and insignificant positive 

effect on white Republican racial liberalism (𝛽𝛽=0.040, p=0.241). Importantly, the difference 

between these coefficients is statistically distinguishable from zero (p < 0.001). Turning to 

columns (b), we see that controlling for the volume of race-related content again increases the 

magnitude of these effects for both groups. A standard deviation increase in REM corresponds to 

a significant 0.364SD (or +3.05 points; p <0.001) increase in white Democrats racial liberalism 

and to an insignificant 0.128SD (+0.91 points; p=0.062) increase in white republican racial 

liberalism, though the difference in the size of these coefficients is not significant (p=0.104) 

While the results thus far cohere with predictions, they take a curious and unexpected 

turn in the remaining three models. Specifically, after adjusting for generational replacement 

(columns c), the effects of REM on white Republican racial liberalism (𝛽𝛽=0.389, p < 0.001) 

become somewhat larger (if insignificantly so, p=0.561) than those on white Democrat racial 

liberalism (𝛽𝛽=0.316, p < 0.001). What explains this turnaround is not immediately clear, but it 

appears to be largely driven by the Millenials/Gen-Z variable. While not shown below, when 

only the Boomers/Gen-X variable is added to the model, the effects of REM on white 

Republican racial liberalism (𝛽𝛽=0.131; p=0.094) fall short of significance at the 95% threshold.  

But when the Millenials/Gen-Z variable takes its place, REM’s effects on white Republican 

racial liberalism become both significant and more than double in size (𝛽𝛽=0.265; p=0.002).  A 
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plausible interpretation of these dynamics is that the Millenials/Gen-X covariate is acting as a 

suppressor variable. While it has only a weak and insignificant bivariate association with white 

Republican racial liberalism (r=0.054; p=0.663), it appears to account for criterion-irrelevant 

variance in the REM variable, with which it is strongly correlated (r=0.719; p < 0.001). The 

removal of this criterion-irrelevant variance would then improve the estimates of its effects on 

racial liberalism, which, in turn, would also improve the overall fit of the model (as indicated by 

the boost in adjusted R2). All of this is consistent with what is observed here. The mystery, 

though, is why this suppression effect isn’t similarly observed among white Democrats. In the 

interest of proceeding with the remainder of the results, I leave this question to secondary 

analysis.  

Continuing with columns (d), we see that adjusting for higher educational attainment 

further moderates the effects of racial equalitarian media on white Democrat racial liberalism 

(𝛽𝛽=0.252; p=0.001), while enhancing those acting on white Republican racial liberalism 

(𝛽𝛽=0.484; p < 0.001). Remarkably, the latter coefficient is nearly twice the size of the former, 

though this difference falls well short of conventional levels of significance (p=0.167). Adding 

the remaining control variables to the model (columns e) further increases the size of this 

disparity, which nonetheless still falls short of significance (p=0.110). In this final model, a one 

standard deviation increase in racial equalitarian media predicts a 1.9 and 3-point rise in white 

Democrat (𝛽𝛽=0.223; p=0.010) and white Republican (𝛽𝛽=0.486; p < 0.001) racial liberalism, 

respectively. Despite the smaller size of the former, the inclusion of racial equalitarian news 

salience in the white Democrats model still results in a significant improvement in model fit 

(p=0.008). 
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Table 4.19 The determinants of white Democrat and Republican racial liberalism (1956-2019) 
 White Democrats White Republican 
 (a) (b) (c) (d) (e) (a) (b) (c) (d) (e) 

   Racial Liberalism 
(t-1) 

0.784*** 
(0.064) 

0.772*** 
(0.059) 

0.728*** 
(0.087) 

0.655*** 
(0.077) 

0.616*** 
(0.090) 

0.908*** 
(0.039) 

0.866*** 
(0.064) 

0.421** 
(0.142) 

0.393* 
(0.147) 

0.392* 
(0.140) 

REM 0.252*** 
(0.053) 

0.364*** 
(0.074) 

0.316*** 
(0.069) 

0.252** 
(0.074) 

0.223* 
(0.084) 

0.040 
(0.033) 

0.148† 
(0.078) 

 
0.389*** 
(0.090) 

 

0.484*** 
(0.130) 

0.486*** 
(0.128) 

Race-Related  
Articles --- -0.131† 

(0.067) 
-0.145† 
(0.080) 

-0.108 
(0.074) 

-0.047 
(0.088) --- -0.123 

(0.107) 
-0.244* 
(0.102) 

-0.306* 
(0.123) 

-0.295* 
(0.121) 

Proportion Baby 
Boomer/Gen X --- --- 0.008 

(0.079) 
-0.432* 
(0.165) 

-0.336* 
(0.171) --- --- 

 
0.464** 
(0.129) 

 

0.265† 
(0.152) 

0.326† 
(0.176) 

Proportion 
Millenial/Gen-Z --- --- 0.111† 

(0.062) 
-0.417* 
(0.201) 

 
-0.405* 
(0.212) 

 

--- --- 

 
-0.375*** 

(0.086) 
 

 
-0.471*** 

(0.117) 
 

-0.480*** 
(0.109) 

Percent With 
 College Degree    0.940** 

(0.312) 
0.849** 
(0.315)    0.246 

(0.152) 
0.218 

(0.156) 
Civil Rights  

Spending --- --- --- --- -0.002 
(0.064) --- --- --- --- -0.033 

(0.113) 
Consumer  
Sentiment --- --- --- --- 0.026 

(0.039) --- --- --- --- -0.026 
(0.033) 

Non-Racial  
Public Policy Mood --- --- --- --- 0.054 

(0.064) --- --- --- --- 0.010 
(0.059) 

Constant 0.059** 
(0.038) 

0.058*** 
(0.037) 

0.055*** 
(0.039) 

 
0.049** 
(0.035) 

 

0.046 
(0.036) 

0.032† 
(0.040) 

0.031 
(0.039) 

0.015*** 
(0.033) 

0.013*** 
(0.033) 

0.014** 
(0.034) 

Adjusted 𝑅𝑅2 0.908 0.913 0.915 0.928 0.926 0.892 0.895 0.920 0.921 0.918 
N 64 64 64 64 64 64 64 64 64 64 

Note. N=64 in all models. Cells are standardized beta coefficients with robust standard errors in parentheses. 
†p < 0.1, *p < 0.05, **p < 0.01, ***p < 0.001   
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Overall, increases in college-education prove to be the strongest predictor (𝛽𝛽=0.849; 

p=0.007) of racial liberalism for white Democrats. A one standard deviation increase (+10.5 

percentage points) in the share of white Democrats with at least a BA degree is expected to 

increase racial liberalism by 7.1 points. For white Republicans, though, these effects are both 

smaller and statistically insignificant (𝛽𝛽=0.218; p=0.168). Instead, and in terms of absolute size, 

REM is the strongest predictor of white Republican racial liberalism.  Needless to say, this result 

is unexpected and will be further anatomized below.   

Given the ideological-partisan sorting of the past few decades, one would expect to 

observe a similar pattern of results for white liberals and conservatives. And, as shown in Table 

4.20 below, we generally do. Beginning with columns (a),  the unadjusted effects of racial 

equalitarian media on racial liberalism is significantly positive for white liberals (𝛽𝛽=0.317; p < 

0.001) while much weaker and insignificant for white conservatives (𝛽𝛽=0.056; p=0.425)--a 

difference that is unlikely to be zero (p=0.003). Controlling for the volume of race-related news 

articles (columns b) again enhances these effects considerably for both white liberals (𝛽𝛽=0.553, p 

<0.001) and conservatives (𝛽𝛽=0.260; p=0.047). The difference between these coefficients 

remains significant (p=0.045) at the p < 0.05 level.  The results in columns (c), which adjusts for 

generational replacement, exhibit the same pattern as before: the effects of racial equalitarian 

media on white liberal racial liberalism are slightly attenuated (𝛽𝛽=0.472; p<0.001), while those 

acting on white conservative racial liberalism are further magnified (𝛽𝛽=0.410; p=0.030). 

Controlling for higher educational attainment (columns d) has the inverse effect—slightly 

boosting the influence of REM on white liberal racial liberalism (𝛽𝛽=0.492, p<0.001) while 

slightly lowering its influence on white conservative racial liberalism (𝛽𝛽=0.401; p=0.035). 
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Table 4.20 The determinants of white liberal and conservative racial liberalism (1972-2019) 
 White Liberal  White Conservative  
 (a) (b) (c) (d) (e) (a) (b) (c) (d) (e) 

Racial Liberalism 
(t-1) 

0.740*** 
(0.087) 

0.706*** 
(0.078) 

0.461*** 
(0.093) 

0.454*** 
(0.097) 

0.379** 
(0.114) 

0.909*** 
(0.070) 

0.793*** 
(0.084) 

0.660*** 
(0.094) 

0.661*** 
(0.095) 

0.465** 
(0.135) 

REM 0.317*** 
(0.080) 

0.553*** 
(0.097) 

0.472*** 
(0.080) 

0.492*** 
(0.095) 

0.514*** 
(0.102) 

0.056 
(0.069) 

0.260* 
(0.127) 

0.410* 
(0.182) 

0.401* 
(0.183) 

0.428* 
(0.187) 

Race-Related 
Articles --- -0.259** 

(0.069) 
-0.164 
(0.102) 

-0.185† 
(0.101) 

-0.213 
(0.106) --- -0.301† 

(0.164) 
-0.204 
(0.223) 

-0.200 
(0.219) 

-0.151 
(0.212) 

Proportion Baby 
Boomer/Gen X --- --- 0.181* 

(0.086) 
0.196† 
(0.105) 

0.200 
(0.139) --- --- 0.091 

(0.078) 
0.104 

(0.128) 
0.368 

(0.279) 
Proportion 

Millenial/Gen-Z --- --- 0.251** 
(0.061) 

0.267* 
(0.111) 

0.307* 
(0.120) --- --- -0.384** 

(0.132) 
-0.375* 
(0.165) 

-0.492† 
(0.259) 

Percent With 
College Degree --- --- --- -0.049 

(0.111) 
-0.047 
(0.110)    -0.017 

(0.144) 
-0.153 
(0.180) 

Civil Rights 
Spending --- --- --- --- -0.065 

(0.051) --- ---  --- -0.059 
(0.102) 

Consumer 
Sentiment --- --- --- --- 0.039 

(0.065) --- ---  --- -0.110 
(0.099) 

Non-Racial  
Policy  Liberalism --- --- --- --- 0.033 

(0.128) --- ---  --- 0.184 
(0.112) 

Constant 0.037* 
(0.050) 

0.035*** 
(0.046) 

0.023** 
(0.039) 

0.023** 
(0.039) 

0.019* 
(0.040) 

-0.034 
(0.066) 

 
-0.030* 
(0.064) 

 

-0.025 
(0.061) 

-0.025 
(0.062) 

-0.017 
(0.060) 

Adjusted 𝑅𝑅2 0.882 0.902 0.928 0.927 0.927 0.799 0.812 0.832 0.828 0.832 
N 47 47 47 47 47 47 47 47 47 47 

Note. N=64 in all models. Cells are standardized beta coefficients with robust standard errors in parentheses 
†p < 0.1, *p < 0.05, **p < 0.01, ***p < 0.001   
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In the final model (columns e), which further adjusts for civil rights spending, consumer 

optimism, and non-racial policy liberalism, a one standard deviation increase in REM is expected 

to increase racial liberalism by just under 4.1 points for white liberals (𝛽𝛽=0.514; p<0.001) and by 

2.4 points for white conservatives (𝛽𝛽=0.428; p=0.028). To offer a rough approximation of their 

practical impact, consider that between 2013-2019, racial liberalism jumped by just over 20 

points for white liberals and by 6.4 points for conservatives. The estimates in column (e) suggest 

that 10.3 and 2.7 of these points, respectively, can be attributed to increases in REM across this 

same period. 

Overall, and unlike the results in the final model for white Democrats, REM proves to be 

the strongest single predictor of racial liberalism among white liberals. For white conservatives, 

it is also influential though it trails the (negative) impact (𝛽𝛽=-0.492; p=0.065) of a growing 

Millenial/Gen-Z cohort. However, as we will discover below, the significant effects of REM on 

both white republican and conservative racial liberalism are conditional on controlling for this 

latter cohort variable. And that none of the effects are strong or significant in its absence 

suggests that the relationship has a time dependency that is not the case for the racial liberalism 

of white Democrats and liberals. Thus, what was initially interpreted as evidence inconsistent 

with hypothesis H7B may actually prove consistent in the final analysis. 

4.8 Robustness checks and secondary analyses 

Given that the both racial equalitarian news salience and racial liberalism surged to 

unprecedented levels in the past decade, it’s appropriate to ask whether the results observed 

above are largely, if not entirely, driven by this ‘Great Awokening’. In other words, do the 

significant predictive effects of racial equalitarian news salience vanish when we exclude the 
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‘Great Awokening’ period? Is racial equalitarian news salience as predictive of racial liberalism 

in earlier decades?  

To get at the foregoing questions, I sequentially rerun the models in columns (e) of each 

table while trimming 5 years off the data each time. Table 4.21 presents the beta coefficients of 

racial equalitarian mediafor each time period for the sample as a whole, whites, and non-whites. 

The top row of results are those from columns (e) of Tables 4.17-4.18, the data for which runs 

from 1956-2019. When we limit the data to the 1956-2015 period, which is still long enough to 

cover the early years of the Great Awokening, we see that the effects of REM are relatively 

smaller but remain significant for all three of the listed populations. But when we truncate the 

data to the 1954-2010 period, we see that only the coefficient for the sample (p=0.033) and for 

whites  (p=0.006) achieves statistical significance at the p < 0.05 level. Across all of the data 

periods, which conclude with 1954-1985, the white coefficient reaches p < 0.05 significance in 

all but the 1954-1990 period. Furthermore, its size does not systematically or linearly change 

from one data period to the next.  Unsurprisingly, given that whites constituted the 

overwhelming majority of respondents in earlier decades, we see a similar pattern for the sample 

coefficients. From 1954-2010, the sample coefficient reaches significance at the p < 0.05 level 

(p=0.033), but its size is somewhat reduced relative to estimates over longer time spans. This is 

likely due to the steep drop in the size of the non-white coefficient (p=0.567), which is no longer 

significant in this period. In fact, across all subsequent periods, the non-white coefficient not 

only never reaches significance, but it also progressively declines and, with one exception, 

becomes consistently if modestly negative.  These results are broadly consistent with those 

observed in the granger tests, which offered no clear evidence that REM is causally related to 

non-white racial liberalism.  
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Table 4.21 Effects of REM on sample, white, and non-white racial liberalism in various 
time periods 

Period N Sample White Non-
White 

H0: White – 
Non-White=0 

1956-2019 64 0.448*** 
(0.091) 

0.565*** 
(0.092) 

0.425** 
(0.129) 0.339 

1956-2015 60 0.343*** 
(0.064) 

0.384*** 
(0.082) 

0.241** 
(0.086) 0.179 

1956-2010 55 0.274* 
(0.124) 

0.404** 
(0.139) 

0.088 
(0.153) 0.013 

1956-2005 50 0.260† 
(0.133) 

0.376* 
(0.145) 

0.012 
(0.180) 0.006 

1956-2000 45 0.281† 
(0.156) 

0.387* 
(0.172) 

0.072 
(0.232) 0.021 

1956-1995 40 0.347* 
(0.149) 

0.429* 
(0.175) 

0.014 
(0.227) 0.023 

1956-1990 35 

 
0.488* 
(0.197) 

 

0.410 
(0.249) 

-0.021 
(0.250) 0.032 

1956-1985 30 0.735* 
(0.281) 

0.691* 
(0.299) 

-0.139 
(0.317) < 0.001 

Note. With exception of the right-most column, which shows p-values from a Wald test of equality of coefficients, 
cells are standardized beta coefficients with robust standard errors in parentheses. All estimates are adjusted for the  
control variables featured in columns (e) of the primary models.  

 

The left side of Table 4.22 below shows the coefficients of REM for the white Democrat 

and Republican models. The most important and assuring observation here is that, with one 

exception, the coefficients for white Democrats remain statistically significant across all data 

periods. In stark contrast, we find that the larger coefficient for white Republicans in the 1954-

2019 period is apparently an outlier. While it remains significant when the data is shortened to 

the 1954-2015, it is more than half the size of its 1954-2019 counterpart. In fact, such appears to 

mark the beginning of the end of the REM-racial liberalism relationship for white Republicans. 

Indeed, when we examine the white Republican coefficients for the remaining periods, we see 

that they become progressively smaller—ultimately in the negative direction—while never 

approaching statistical significance. What is more, the differences between the white Republican 

and Democrats coefficients become statistically significant and progressively widen across all 

remaining time periods. In other words, the lack of earlier support for the prediction that REM 
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would have a stronger effect on white Democrats than white Republican racial liberalism appears 

to be largely a product of the ‘Great Awokening’ years. As was noted earlier, it’s during these 

years that the decades long decline in white Republican racial liberalism finally reversed.  

Table 4.22 Effects of REM on the white Democrat, Republican, liberal, and conservative 
racism liberalism in various time periods 

White x Party  White x Ideology 

Period N White 
Dem. 

White 
Repub. 

H0: White 
Dem. – 
White 

Repub.=0 

Period N White 
Lib. 

White 
Con. 

H0: White 
Lib. – 
White 
Con.=0 

1956-
2019 64 0.223*  

(0.084) 
0.486*** 
(0.128) 0.110 1972-

2019 47 0.514*** 
(0.102) 

0.428* 
(0.187) 0.641 

1956-
2015 60 0.226** 

(0.075) 
0.215** 
(0.066) 0.913 1972-

2015 43 0.303*** 
(0.076) 

0.132 
(0.085) 0.059 

1956-
2010 55 0.372** 

(0.113) 
0.070 

(0.079) 0.008 1972-
2010 38 0.240* 

(0.092) 
0.103 

(0.102) 0.227 

1956-
2005 50 0.386** 

(0.124) 
0.019 

(0.085) 0.002 1972-
2005 33 0.265* 

(0.105) 
-0.047 
(0.121) 0.025 

1956-
2000 45 0.420*  

(0.167) 
-0.102 
(0.088) < 0.001 1972-

2000 28 0.185† 
(0.096) 

-0.124 
(0.122) 0.030 

1956-
1995 40 0.459*  

(0.176) 
-0.108 
(0.092) < 0.001 1972-

1995 23 0.173† 
(0.095) 

-0.137  
(0.116) 0.029 

1956-
1990 35 0.401†  

(0.197) 
-0.154 
(0.120) 0.001 --- ---    

1956-
1985 30 0.605*  

(0.222) 
-0.064 
(0.205) 0.004 --- ---    

Note. With exception of the right-most column, which shows p-values from a Wald test of equality of coefficients, 
cells are standardized beta coefficients with robust standard errors in parentheses. All estimates are adjusted for the  
control variables featured in columns (e) of the primary models.  

 

The above may also explain why the white Republican coefficient shrinks and becomes 

insignificant in the absence of controlling for the size of the Millenial/Gen-Z population. 

Specifically, if REM only significantly predicts white Republican racial liberalism in the final 

years of the data, it follows that earlier variation in the former is unrelated to variation in the 

latter. But, as illustrated in Figure 4.26 below, because growth in the white Republican 

Millenial/Gen-Z population partially coincides with both increases in REM and the reversal of 

declines in white republican racial liberalism, controlling for it serves to suppress the variation in 

REM that is criterion-irrelevant. On the other hand, because all of these trends move more or less 
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in the same direction for white Democrats, the Millenial/Gen-Z variable has a confounding rather 

than a suppressive influence on the REM-racial liberalism relationship. Hence, controlling for 

this variable enhances the effects of REM for white Republicans while moderating them for 

white Democrats. 

 

Figure 4.26 Generational composition of white Democrats and Republicans across time. 
Note. Plots for white Democrats and Republicans are graphed along different y-axes (not shown) 

Though the underlying sample of cases is smaller, the patterns for the white liberal and 

conservative coefficients, which are shown in the right side of Table 4.22, are very similar. The 

effects of REM on white liberal racial liberalism reach or approach conventional levels of 

significance in all time periods. But for white conservatives, they only approach significance in 

the 1972-2019 period. And, similar to the case of white Republicans, the size of the coefficient 

steadily declines and ultimately becomes and remains negative by the final two data periods. At 

the same time, the difference between them and the white liberal coefficients both widens and 

reaches conventional levels of significance. 

In sum, the results of these secondary analyses generally comport with what the earlier 

granger tests suggested. They show that the relationship between REM and racial liberalism is 
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largely limited to or is only time-independent among white Democrats and liberals. In contrast, 

they suggest that the significant and (for white Republicans) stronger relationship that was 

subsequently observed for white Republicans and conservatives is largely an artifact of trends 

that transpired during the Great Awokening period. When these years are excluded from the data, 

the effects of racial equalitarian news salience on white Republican and conservative racial 

liberalism are both no longer significant and are also significantly smaller than those for white 

Democrats and liberals. 

4.9 General Discussion 

Overall, the findings of this chapter generally cohere with earlier predictions. First, H9 

predicted that increases in the salience of racial equalitarian media (REM) would effect increases 

in white racial liberalism. In the end, the results of all analyses lend support for this proposition. 

Both the conventional and stationarity-corrected granger tests suggested that REM granger-

causes white racial liberalism, but that white racial liberalism does not granger-cause REM 

(H9A).  Additionally, a series of dynamic regression models showed that the effects of REM on 

white racial liberalism were both statistically and substantively significant net of a host of 

theoretically-relevant confounds. Literally interpreted, the estimates of these effects would 

indicate that around a half of the increase in white racial liberalism from 2010-2019 was due to 

contemporaneous increases in REM. While the reality is likely more complicated, the evidence 

suggests that these effects are far from trivial, especially when the long-run effects are 

considered. When one further considers the likely measurement error embedded in the REM and 

racial liberalism indexes, they may even be understated.  
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 Critically, the results also consistently showed that the effects are not simply due to 

increases in race-related news coverage in general as opposed to increases in coverage of black-

white inequities and injustice. In fact, adjusting for the volume of race-related news articles 

actually considerably bolstered the effects of REM. This suggests that white racial attitudes do 

not simply positively respond to any media coverage of race, but specifically media messaging 

that speaks to black-white status differences in terms of past and/or present discrimination.  

While no formal predictions were made with respect to the drivers of non-white racial 

liberalism, it bears asking whether the effects of REM are unique to whites. On this point, it 

should be clarified that there’s nothing in this dissertation’s theory that suggests that non-white 

racial attitudes should be impervious to trends in REM. Instead, the theory would only predict 

that such messaging activates different sets of group-based moral emotions in whites than non-

whites79. Unfortunately, the present data does not permit a test of this hypothesis. That being 

said, the best we can say is that the evidence on this question proved inconclusive. On one hand, 

the non-white racial liberalism series did not significantly correlate with the REM index. Both 

the conventional and Toda and Yamamoto granger tests also provided no evidence that REM 

granger-caused non-white racial liberalism (or vice versa). However, the results of the dynamic 

regression models raised the possibility that these results were, in fact, biased on account of not 

adjusting for the overtime changes in racial/ethnic composition and partisan leanings of the non-

white population. When the latter was controlled for, the effects of REM on non-white racial 

liberalism were at once statistically significant and also statistically distinguishable from those 

on white racial liberalism. However, we ultimately learned that these effects may, in fact, be an 

artifact of the Great Awokening years. When these years are excluded from the analysis, the 

 
79 Specifically, whereas such coverage is expected to elicit ingroup-focused guilt, shame, and anger among whites, it 
is likely to stoke feelings of outgroup (i.e. white)-directed anger and victimhood among non-whites.  
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effects of REM on non-white racial liberalism become both small and insignificant. This could 

be because there is genuinely no causal relationship or, quite plausibly, the non-white variables 

have too much error that, despite the best efforts of this researcher, could not be statistically 

corrected for in the present data80. Future researchers interested in the dynamics of non-white 

racial attitudes are thus advised to disaggregate the non-white category into different 

racial/ethnic groups so as to preclude the possibility that parameter estimates are biased by 

demographic changes. 

A secondary hypothesis (H9B) predicted the effects of REM on racial liberalism would 

be stronger for white Democrats and liberals than for their Republican and conservative 

counterparts. This chapter can offer qualified support for this prediction. First, only the white 

Democrat and white liberal racial liberalism series were at least marginally significantly 

correlated at first difference with the REM index. Further, both granger tests indicated that REM 

granger-caused white Democrat and liberal racial liberalism, while neither provided clear and 

consistent evidence that such was the case for white Republicans and conservatives. This pattern 

also reared itself in the results of the first two dynamic regression models. Controlling for 

previous racial liberalism and, thereafter, the volume of race-related news coverage, REM 

significantly positively predicted both white Democrat and liberal racial liberalism. For white 

Republicans, though, the effects to this point were both insignificant and significantly smaller 

than those for white Democrats and liberals. Among white conservatives, they achieved 

significance after adjusting for the volume of race-related news coverage, but remained 

significantly smaller than they were for white liberals.  

 
80 Some evidence favoring the former interpretation was observed in the robustness checks. Specifically, the woke 
news coefficient for non-whites was both insignificant and negative during periods in which blacks still constituted 
the overwhelming majority of the non-white population. But if this interpretation is valid, it begs the question: why 
are non-white racial attitudes not similarly influenced by increases in racial equalitarian news salience? 
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Subsequent models, however, would yield evidence against H9B. After controlling for 

generational replacement, namely the proportion of Millenial and Gen-Z Republicans, REM’s 

effects on white republican racial liberalism not only became significant, but they were also 

(insignificantly) larger than those observed for white Democrats. The effects on white 

conservative racial liberalism also grew in size, though they remained [insignificantly] smaller 

than they were for white liberals. By the final model, the effects of REM were over twice the size 

for white Republicans than for white Democrats, while the effects for white conservatives were 

smaller but indistinguishable in size from those for white liberals.  

Had the analysis ended here, the verdict on H9B would have been inconclusive at best. 

But, as with the case for non-whites, subsequent tests suggested that the effects on white 

Republican and conservative racial liberalism may be illusory. As once the data for the ‘Great 

Awokening’ years is excluded from the model, the effects for these subgroups all but disappear 

and become significantly smaller than those for white Democrats and liberals. Meanwhile, the 

effects for the latter groups remain generally significant and positive as far back as the 1954-

1985 and 1972-2005 periods, respectively. Together with the fact that the granger test results 

only indicated causality in the case of white Democrats and liberals, the totality of the evidence 

would seem to support H9B. Perhaps a more qualified if literal interpretation of the data would 

be that the predictions of H9B hold until the onset of the Great Awokening. Such, of course, 

would assume that the subsequent rise in white Republican and conservative racial liberalism 

was caused by, rather than merely coincided with, record increases in racial equalitarian news 

salience. While the present data does not allow for a sufficient test of this supposition81, it’s not 

altogether implausible nor inconsistent with this dissertation’s theory. For instance, it could be 

 
81 A granger test on such a small number of data points is unlikely to yield reliable inferences.  
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that white Republicans and conservatives—and the news outlets they attend to—generally avoid 

or remain unaware of ingroup-critical information until its availability reaches a threshold at 

which it can no longer be ignored. For white Democrats and liberals, which are more likely to 

attend to or seek out such information, this threshold will naturally be lower. 

An additional and non-exclusive possibility is that, whether due to greater cognitive and 

political sophistication or fewer value conflicts, the racial attitudes of white Democrats and 

liberals are more coherent than those of other groups. If so, then the lower responsiveness of 

other groups to shifts in REM could stem from the fact that their disparate racial attitudes—

perceptions of discrimination, attributions of inequality, support for race-conscious policies 

etc.—have weaker covariation.  Evidence suggestive of this was observed in the covariance 

structures of the items comprising the racial liberalism indexes of different groups. Specifically, 

whereas the first dimension of the white Democrat and liberal racial liberalism indexes 

accounted for 63-66% of constituent item variance, this figure was noticeably lower (39-46%) 

for all other groups.  

 Of course, there may be many other interpretations that are equally if not more consistent 

with these data. Rather than engage in tireless conjecture, the following chapter will utilize other 

data in search for deeper insight.  

4.10 Conclusion 

If white racial attitudes are generally immobile or unresponsive to shifts in the 

information environment, the theory presented in this dissertation is hard to defend. After all, if 

changes in white racial attitudes do not follow changes in the flow of race-related media 

messaging, the idea that ingroup-critical appraisals and emotions mediate such a relationship 

becomes non-sensical. While not presenting any evidence of this mediation, the preceding 
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chapter nevertheless laid the initial empirical groundwork while replicating the substantive 

findings of Kellstedt (2000, 2003).  

First, it established that white racial attitudes do indeed vary over time, but in some 

periods and among some political groups more than others. In regards to the first point, 

Baumgartner et al.’s (2009) characterization of the speed and (in)frequency of policy change 

seems apposite to the current context : though racial attitudes are generally more or less stable 

for extended stretches of time, when they do change, the change is typically rapid and 

substantial. Further, while periods of parallel changes in racial attitudes across different 

demographics are certainly discernable in the present data, some divergence from this pattern 

was also observed. Specifically, trends in the racial attitudes of white Democrats and liberals did 

not always resemble those of their Republican and conservative counterparts.   

Second, this chapter offered consistent evidence that variation in white racial attitudes 

follows, rather than precedes, variation in the frequency at which black-white status differences 

are discussed and attributed to racial discrimination in the news media. Although more 

equivocal, the evidence also suggests that white Republicans and conservatives are, on balance, 

less responsive to these changes in the news media than white Democrats and liberals.  

But the evidence offered here is limited in that it rests on aggregate small sample data, 

including variables that likely contain non-negligible degrees of measurement error, and some 

whose missing values had to be interpolated. We also can’t be certain that the REM-racial 

liberalism relationship is not spurious or the result of other unconsidered variables; nor that it 

holds at the individual-level. The extent that the REM index is capturing reporting on real world 

events (e.g. police shootings) or abstract discussions of racial inequality (or both) is also unclear. 

Thus, what we need is corroborative and granular data; a closeup rather than a birds-eye view of 
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the media and attitudinal dynamics. Such is the purpose of the next chapter, which will leverage 

quasi-experimental and panel designs in the search for supplemental evidence. 
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5 THE  ‘FLOYD  EFFECT’ ON  WHITE RACIAL LIBERALISM 

5.1 Introduction 

The previous chapter presented evidence that shifts in white racial liberalism follow shifts 

in the salience of media highlights status differences between whites and blacks in terms of racial 

discrimination and bias. It also provided evidence suggesting that the racial attitudes of white 

Democrats and liberals are more sensitive to these media trends than are Republicans and 

conservatives. However, because the underlying data was aggregated at an annual level, there 

were a number of questions that went unaddressed. First, the specific drivers of variation in 

racial equalitarian media (REM) remain unclear. Is movement incident-based--a response to high 

profile cases of alleged racial injustice? Or does it more generally follow the salience of race in 

political discourse (or both)? Second, while the racial liberalism index used in the previous 

chapter was exhaustive and useful for tracking racial attitudes across time, it risked conflating 

distinct attitudinal dimensions, such as perceptions of discrimination and support for pro-black 

policies. The theoretical connection between the items comprising the index and the ingroup-

critical emotions that inform responses were also less than obvious. Finally, the data did not 

allow me to definitively conclude that the racial attitudes of white Democrats and liberals are 

more sensitive to REM stimuli than Republicans and conservatives.   

The current chapter sheds light on the preceding questions by studying the impact of the 

May 25 death of George Floyd on white racial attitudes. More specifically, it attempts to get at 

the following:  

 1) Did the widely publicized killing of George Floyd increase white racial   

  liberalism?  
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 2) Did the widely publicized killing of George Floyd increase the frequency of  

  racial equalitarian news coverage? 

 3) Does the frequency of racial equalitarian news coverage predict racial attitudes  

  before  and after the Floyd incident?  

 4) Did the Floyd incident equally affect the racial attitudes of white   

  Democrats/liberals and Republicans/conservatives?  

Crucially, the data allows me to get at these questions and also permits me to examine whether 

attitudinal markers of collective shame and guilt are apparent in the wake of the Floyd incident.  

This chapter is structured as follows. First, I will briefly review the theoretical logic and 

expectations that inform this chapter’s hypotheses (H8-H10). In the process, I will clarify how 

anticipated findings relate to and serve to advance this dissertation’s theory.  I will then introduce 

the novel dataset and research design on which this chapter’s analyses are based. Next, I discuss 

the quasi-experimental methods used for causal inference, including their assumptions and 

limitations. I also discuss several robustness tests used to ensure the validity of the results. After 

reviewing the variables, I will proceed to test the central hypotheses. The section thereafter 

scrutinizes the data with additional tests and analyses. This chapter concludes with a discussion 

of the main results and sets the stage for the chapter that follows. 

5.2 Theoretical recapitulation and the current study 

As was previously noted in Chapter 3, group-based emotions, such as collective guilt and 

shame, are ‘time-dependent phenomena’. Their activation is ultimately function of ‘exogenous 

shocks’ that increase the availability of information that implicates and renders salient specific 

group identities. In the case of racial group identities, such ‘shocks’ can include high-profile 

incidents of alleged or actual racial injustice committed by members of a dominant racial group 
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against members of disadvantaged others. As these events heighten awareness of racial group 

memberships and the status differences between, group members are likely to process and 

appraise them in group-based terms and become sensitive to their implications for their ingroup’s 

social standing.  For members of advantaged racial groups, one such appraisal concerns the 

moral reputation and legitimacy of their ingroup’s social status. As theorized, this is especially 

likely to be the case when media coverage of racial incidents implicitly or explicitly speaks to the 

illegitimacy of prevailing status differences and the complicity of the advantaged racial group in 

their continuation. Those susceptible or sympathetic to such messaging—i.e. those inclined 

towards societal or structural accounts of group differences—are likely to appraise themselves 

and/or their ingroup as either directly and/or indirectly responsible for the plight of 

disadvantaged outgroups. When the focus of these ingroup-critical moral appraisals are limited 

to specific ingroup moral violation--as opposed to the morality of the ingroup as a whole--

ingroup members are likely to experience and express feelings of guilt and remorse. These 

feelings, in turn, inspire support for reparative policies that compensate a victimized outgroup. 

But when the focus of a moral appraisal is more global and implicates an ingroup’s essential 

(defective) moral character, ingroup members are likely to experience and express feelings of 

collective moral shame. In addition to inspiring support for more expansive pro-outgroup 

policies, moral shame is also likely to motivate the adoption of attitudes and behaviors that serve 

to morally distinguish or distance group members from their morally-tainted ingroup.  

The previous chapter offered evidence that increases in the frequency at which news 

media implicates whites in black disadvantage tend to move white racial attitudes in a racially 

liberal or pro-black direction. However, the data was much too coarse for identifying the 

‘exogenous shocks’ or salient racial events that effect shifts in such media coverage. 
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Additionally, the use of a Stimsonian racial liberalism index did not allow me to demonstrate 

increases in specific racial attitudes that are theoretically and empirically associated with moral 

shame and guilt.  

Studying the attitudinal effects of the Floyd helps me to fill these gaps. First, the 

‘exogenous shock’ of the Floyd incident enables a test of whether the frequency of racial 

equalitarian media is at least partly a function of the occurrence of racialized events that involve 

white ‘perpetrators’ and black victims. Second, the dataset featured in this chapter contains 

measures of several attitudinal bellwethers of collective guilt and moral shame. The first of these 

measures are ‘racial resentment’, which, as a subsequent chapter will show, strongly overlaps 

with moral shame and guilt to the point that it’s not obvious that they are statistically 

distinguishable constructs. The strength of these relationships suggests that if the Floyd incident 

is found to affects levels of white racial resentment, we can reasonably infer (though by no 

means conclude) that it also affected levels of white guilt and moral shame.  A second measure, 

ratings of racial group favorability, allows me to test whether the Floyd incident increased 

attitudes that signal or reflect ingroup-distancing. Because it is both theoretically and empirically 

predictive of such attitudes, to find that post-Floyd whites rated other whites more unfavorably—

and blacks more favorably—would constitute indirect or suggestive evidence of the operation of 

moral shame. A third and final measure is of support for reparations. Both past research and a 

subsequent chapter in this dissertation find moral shame and guilt to be among the strongest 

predictors of reparative pro-outgroup policies, including granting cash reparations to African 

Americans. Thus, if the Floyd incident is found to increase whites’ support for reparations, we 

can reasonably infer that it also increased levels of moral shame and guilt.  
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Lastly, the data permits a test of whether increases in racial equalitarian media mediates 

the effects of the Floyd incident on these attitudinal outcomes. Demonstrating as much would 

lend additional supportive evidence to a critical plank of my thesis—i.e. that, due to its activation 

of ingroup-critical moral appraisals and emotions, white racial attitudes are sensitive to media 

coverage that implicates whites in the persistence of racial inequality.  

To be clear, none of these anticipated findings would constitute ‘smoking gun’ evidence 

of my theory’s validity. After all, the dataset I work with in this chapter does not include direct 

or explicit measures of white guilt and moral shame. And, if such a dataset was available, it 

would be foolish to settle for proxy measures or variables that are strongly associated with these 

emotions. But under the current circumstances, the best I can do is demonstrate a pattern of 

results that strongly converge with the expectations of my theory. The search for more direct 

evidence will be left to subsequent chapters. 

5.3 Methodology 

5.3.1 Data 

Data for the attitudinal variables used in this study come from the Democracy Fund + 

UCLA’s Nationscape tracking survey, which was fielded by the survey organization Lucid. This 

rolling cross-sectional survey canvassed different nationally representative samples of American 

adults (18+) nearly every day between July 18, 2019 and July 1, 2019. The pooled dataset 

consists of 318,736 respondents, 67.5% of which identify as non-Hispanic whites and 47% as 

male (Mean age=44.5). The average daily sample consists of 911 respondents (Median=868, 

SD=473), including an average of 615 non-Hispanic whites (Median=583, SD=318).  
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5.3.2 Procedure 

For the current study, I employ an Unexpected Event during Surveys Design (UESD) to 

assess the causal effect of the Floyd incident on white racial attitudes (see Munoz, Falco-

Gimeno, and Hernandez 2020 for an overview of this method). This approach attempts to 

approximate the inferential power of a traditional randomized experiment by exploiting 

exogenous variation in substantively relevant variables that is induced by the unexpected 

occurrence of an event at a given time interval. In the present context, the occurrence of the 

Floyd incident serves to exogenously assign cross-sectional survey respondents to ‘treatment’ 

(those surveyed after the Floyd incident) and ‘control’ (those surveyed before the Floyd incident) 

groups.  

As implied, a critical requirement for causal identification here is that an event occurs 

unexpectedly, as predicted events (e.g. an election outcome) can lead to violating assumptions of 

excludability and temporal ignorability. The former specifies that any differences between 

respondents interviewed before and after the event be due solely to the event’s occurrence. A 

potential complication here is the occurrence of collateral events82 such that an unexpected event 

occasions a series of subsequent events that affect responses on Y.  The months of protests 

triggered by the Floyd incident would reasonably fall into this category.  As such, any 

differences between pre-Floyd and post-Floyd attitudes cannot be narrowly interpreted as a 

consequence of the event itself. Instead, they will be interpreted83 as the joint effect of the Floyd 

incident plus subsequent media and public reactions (e.g. protests).  

 

 
82 Simultaneous events pose similar threats to excludability. However, to the best of this author’s knowledge, there 
was no Floyd-unrelated event that co-occurred with the Floyd incident and subsequent protests that would similarly 
affect responses to race-related outcome variables. As such, this issue is less of a concern.  
83 For simplicity, I nonetheless refer to the effects as those of the ‘Floyd incident’ or ‘Floyd effect’ 



183 
 

 

The assumption of temporal ignorability assumes that the occurrence of an event does not 

influence the selected timing of survey interviews. In other words, the time at which survey 

respondents are scheduled to be interviewed should be as good as random. All individuals should 

have an equal probability of being interviewed before or after an event’s occurrence. Threats to 

this assumption could arise if, for instance, the occurrence of an event makes some respondents 

more willing to participate in a survey than others (Brehm, 1993). As the Nationscape survey 

relies on online non-probability samples, the prospect of this may not be trivial. To mitigate any 

such bias, I first conduct a series of balancing tests to examine the extent of unit homogeneity—

i.e.  whether pre- and post-Floyd samples meaningfully differ on key sociodemographic and 

political background characteristics.  Where statistically significant differences are observed, I 

use entropy weighting to match the means of covariates across samples (Hainmueller, 2012). 

This allows me to relax the strict ignorability assumption and to rely on the more tenable 

conditional ignorability assumption, which holds that “treatment status is independent of 

individuals’ potential outcomes conditional on a set of covariates” (Munoz, Falco-Gimeno, & 

Hernandez, 2020, p. 10).  

Noncompliance poses an additional problem for causal inference in the UESD 

framework. Specifically, though post-event respondents are all assumed to have been ‘treated’ by 

the event, some may actually have little to no awareness of the event and, thereby, they may not 

have been ‘treated’ in practice. While this issue is most likely to arise when events have low 

public salience, it can also surface in the hours and days immediately proceeding highly salient 

events. The latter is most likely to be the case in the context of the Floyd incident. The media 

data presented in Figure 5.1 suggests as much. For instance, New York Times articles and 

Twitter tweets mentioning ‘George Floyd’ only begin to appear two days after the incident. At 
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least some of this lag is undoubtedly because the incident occurred on the night of May 25--with 

Floyd officially pronounced dead at 9:25PM. Furthermore, the video footage of the incident 

seems84 to not be released publicly until the night of May 26. Thereafter, it would have taken at 

least some time for much of the public—or, more specifically, a sufficient subset of Nationscape 

survey respondents—to have watched the video and/or to become aware of the incident. 

 

Figure 5.1 The salience of the Floyd incident as reflected in media coverage, Google searches, and Twitter 
tweets 

The foregoing considerations are particularly pertinent to the selection of temporal 

bandwidths when analyzing the data. If too narrow a bandwidth is chosen, such as the days 

immediately preceding and proceeding the Floyd incident, respondents’ exposure thereunto—

and the number of respondents themselves--might be too limited for detecting causal effects. On 

the other hand, if the bandwidth is too wide, I run the risk of incident-unrelated trends and events 

influencing any observed differences in attitudinal outcomes.  

 
84 This impression is based the time-stamp of the first Google news search result that referenced the video.  
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Weighing these tradeoffs, I opt for a bandwidth of ±38 days around the day of the 

incident, but I also test shorter and longer bandwidths as a robustness check. This decision is 

informed by several considerations. First and most basic, a 38-day bandwidth corresponds to the 

period between the Floyd incident and the final survey day (July 1). And. as suggested in Figure 

1, the Floyd incident and subsequent protests were still salient topics in both media coverage and 

Twitter discourse even at the conclusion of the survey. For instance, on July 1, 2020, ‘George 

Floyd’ was still being mentioned in just under 16% of all New York Times articles. Thus, any 

causal ‘Floyd effect’ should still be operative in the final weeks and days of the data. Second, 38 

days should provide sufficiently balanced and large enough samples for detecting small 

differences. Given that the racial attitudes under analysis have already underwent dramatic 

change in previous years, as was shown in Chapter 4, we would expect any post-Floyd change to 

be relatively smaller in magnitude (due to ceiling effects). A bandwidth of 38 days should be 

wide enough to generate enough observations for detecting small attitudinal changes while being 

narrow enough to mitigate threats to excludability. With all of the above being said, to exclude 

the possibility that observed effects are unique to a 38-day bandwidth, I will also test whether 

alternative bandwidths meaningfully alter the pattern of results. In addition, to test for any 

overtime decay (or growth) in observed effects, I interact the treatment variable with a ‘days 

from incident’ variables in all analyses (see the section below) 

Of course, even if it can be established that post-Floyd racial attitudes significantly differ 

from those pre-Floyd, a question that remains is whether the effect is unique to racial attitudes. 

If, for instance, post-Floyd respondents are significantly more liberal even on policy issues that 

are not obviously race-related (e.g. abortion, climate change, healthcare), any ‘Floyd effect’ 

would be too indiscriminate to be interpreted as uniquely racial. As an additional robustness 
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check, I will thus examine whether post-Floyd increases are manifest in any non-racial policy 

attitudes.  

5.3.3 Primary Variables 

5.3.3.1 Experimental Instruments 

This study’s treatment is operationalized with a dummy variable that codes respondents 

surveyed between April 17-May 24 as ‘0’ (i.e. the control group) and those surveyed between 

May 26-July 1 as ‘1’ (the treatment group). As was mentioned above, this variable will be 

interacted with another that stores the number of days between the day of the Floyd incident and 

the day on which respondents were surveyed. As our bandwidth is 38 days, this latter variable 

ranges from -38 to +38 with 0 representing the day of the Floyd incident. For eventual robustness 

checks, I create similar variables for narrower bandwidths of ±7 and ±14 days as well as wider 

others that cover the entire pre-Floyd (July 18 2019-May 24 2020) and post-Floyd (May 26-July 

1 2020) period.  

5.3.3.2 Outcome Measures 

Racial liberalism is measured with an averaged index of three variables (α=0.68). Two of 

these variables come directly from Kinder and Sanders’ (1996) racial resentment scale85. The 

first asks respondents the extent that they disagree (1) or agree (5) with a statement that reads, 

“Generations of slavery and discrimination have created conditions that make it difficult for 

blacks to work their way out of the lower class”. The second measures disagreement 

(1)/agreement (5) with a statement that reads, “Irish, Italian, Jewish, and many other minorities 

overcame prejudice and worked their way up. Blacks should do the same without any special 

 
85 Unfortunately, the Nationscape survey did not include all four items that constitute the standard racial resentment 
battery. 
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favors”. Finally, the third constituent variable86 asks respondents how much discrimination 

(1=None at all, 5=A great deal) they think there is “in the United States today” against a list of 

social groups one of which are blacks. Respondents who neglected or weren’t able to provide 

data for all three variables (just under 2% of the sample) are coded as missing. To generate the 

index, I take the mean scores across the three constituent variables and then standardize the 

composite output.  

Pro-white (vs. black) favorability is measured as the difference between respondents’ 

favorability of whites vs. blacks. ‘Favorability’ here refers to survey items that asks respondents 

whether they have a favorable impression towards blacks and whites. I code ‘haven’t heard 

enough’ responses (which amount to 12.9% and 12.7% of all responses to the white and black 

favorability items, respectively) as a middle or neutral category87 (3) to create 5-point scales 

ranging from ‘Very unfavorable’ (1) to ‘Very favorable’ (5). I then subtract the black from the 

white favorability scores to generate a differenced scale that ranges from -4 (strong pro-black 

bias) to 4 (strong pro-white bias).  

Support for reparations is measured with an item that asks respondents whether they 

agree or disagree with a policy of granting “reparations payments to the descendants of slaves”. I 

code ‘agree’ responses as ‘1’ and ‘disagree’ and ‘not sure’ responses as ‘0’.  

Racial equalitarian media is measured with an index first introduced in the previous 

chapter. However, in the present chapter, time dimension of the index is in days rather than 

 
86 Though this item does not feature in Kinder and Sander’s (1996) racial resentment battery, it does capture a core 
element (i.e. denial of discrimination against blacks) of most scholarly conceptions of symbolic racism. In addition, 
an almost identically worded item (‘How much discrimination against blacks do you feel there is in the United 
States today, limiting their chances to get ahead?’) is included in the Symbolic Racism 2000 Scale (Henry & Sears, 
2002). Finally, a Cronbach’s alpha test shows that the inclusion of this variable leads to greater reliability(α=0.68) 
relative to a two-variable scale in which it is excluded (α=0.58).  
87 To exclude this many respondents from the analyses would be to sacrifice a large amount of data. The 5-point 
scales, which code the foregoing as the ‘neutral’ category, also correlate a bit more strongly with each other 
(Rho=0.30) than do the 4-point scales (Rho=0.25).  
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years. Specifically, the index was recreated so as to cover the time duration of the sample data 

(July 18 2019-July 1, 2020). In addition, the normalization method I use is the percent of daily 

NYT articles, rather than the percent of daily race-related NYT articles88. Thus, each data point 

represents the percent of NYT all articles in each day that satisfy the search criteria presented in 

section 4.3.2 of chapter 4.  

5.3.4 Control Variables 

As the approach taken here is quasi-experimental, and thus the researcher is unable to 

randomly assign values of predictor variables, I need account for the possibility that at least some 

of the post-Floyd attitude change results from variation in the composition of the sample. 

Following the recommendations of Munoz, Falco-Gimeno, and Hernandez (2020), I begin with a 

series of balancing tests that compare the treatment and control samples on a battery of 

covariates that potentially influence both survey participation and racial attitudes.  These 

covariates are political ideology (1=Very liberal, 5=Very conservative), party affiliation 

(1=Strong Democrat, 7=Strong Republican), educational attainment (1=Less than high school 

diploma, 6=Doctorate degree), household income (1=Less than $15,000, 24=$250,000 and 

above), sex (1=Male, 0=Female),  political interest (1=Hardly at all, 4=Most of the time), and 

census region (1=South, 0=Northeast/Midwest/West). Figure 5.2 graphs the regression 

coefficients for the treatment (vs. control) group on each of these variables for white 

respondents. While between-group differences are generally modest and indistinguishable from 0 

across most of the 8 variables, those for ideology (ß=0.028 p=0.049), political interest (ß=-0.031; 

p=0.011),  and sex (ß=-0.017; p=0.010) do reach conventional levels of significance.  

 
88 Whereas the former fit the data more poorly than the latter in the previous chapter, the opposite is the case here.  
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Figure 5.2 Test of unit homogeneity (white sample) 
Note. Plots are unstandardized OLS coefficients. Confidence intervals that do not overlap with the red line 

 on the x-axis indicate the presence of significant differences in a variable between white respondents in the 
 38 day post-Floyd period and white respondents in the 38 day pre-Floyd period.  

 
As I will also be examining whether the Floyd effect is conditional on political 

orientation, I conduct the same tests for white Democrats, liberals, Republicans, and 

conservatives. The results are presented in Figure 5.3.  Beginning with white Democrats, we see 

that those in the treatment group were slightly but significantly less educated (ß=-0.054; 

p=0.050), have lower household incomes (ß=-0.321; p=0.031), and are less likely to be male (ß=-

0.030; p=0.007) than those in the control group.  Differences in all other variables are not 

distinguishable from 0. Turning to white Republicans, the only difference that achieves 

significance is political interest (ß=-0.033;  p=0.041). For white liberals, only the male 

composition is significantly different from the control group (ß=-0.029; p=0.031). Finally, for 

white conservatives, none of the differences in any of the covariates reach significance at the 

95% level, though differences in the male composition fall just short (ß=-0.021; p=0.061). 
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Figure 5.3 Test of unit homogeneity (white subgroups) 
Note. Plots are unstandardized OLS coefficients. Confidence intervals that do not overlap with the red line 

 on the x-axis indicate the presence of significant differences in a variable between white respondents in the 
 38 day post-Floyd period and white respondents in the 38 day pre-Floyd period. 

 

In sum, while the treatment and control group are virtually indistinguishable on most of 

the eight covariates, there are some small but significant imbalances. In order to be sure that they 

do not contribute to any observed Floyd effect, I use Hainmueller and Xu’s (2013) Stata 

‘ebalance’ package to implement an entropy balancing procedure. Specifically, this software 

enables me to reweight the data so that the treatment and control samples among whites overall 

and within each political subgroup have identical means across all covariates89.  

 

 
89 I additionally include these covariates as statistical controls in several of the analyses. 



191 
 

 

5.4 Results 

5.4.1 Pre/Post-Floyd trends in racial equalitarian media: testing H11 

Hypothesis 11 predicted that the salience of racial equalitarian media would be 

significantly greater in the post-Floyd than the pre-Floyd period. I test this prediction with a 

visual inspection of the REM data. Figure 5.4 graphs the REM series both for the entire period of 

the Nationscape data (left panel) as well as for the ±38 day bandwidth (right panel) that will be 

used in most analyses. As expected, the racial equalitarian share of daily New York Times 

(NYT) jumped to series highs following the Floyd incident (dashed red line). Specifically, from 

July 18, 2019 to May 24, 2020, an average of 0.92% of daily NYT articles fit the REM search 

criteria. But from May 26 to July 1, this daily average climbed to 6%, a more than 6-fold 

increase. Further, there was not a single day of the pre-Floyd period in which REM coverage 

(Max=4.29%) reached or exceeded this threshold. In fact, there were no REM articles 

whatsoever for 37% of the 313 pre-Floyd days. In contrast, this cannot be said for any of the 38 

days in the post-Floyd period. While none of this is surprising, these results confirm H11 and 

offer evidence that at least some of the overtime variation in REM is driven by high profile 

racialized police incidents. In practical terms, they suggest that when such incidents occur, the 

media increasingly publishes articles that highlight black-white status differences while 

discussing them in terms of discrimination and bias. Of course, if no post-Floyd shifts in 

attitudes are observed below, the significance of such media coverage would be called into 

question.  Thus, the attitudinal outcomes are where we turn to next. 
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Figure 5.4 Racial equalitarian articles as the percent of daily New York Times articles 
Note. Dashed red vertical line represents May 25 (the day of the incident), while the two horizontal lines along the 
y-axis denote the series means for the pre-Floyd (light black line) and post-Floyd (light green line) periods. 

 

5.4.2 Direct effects of the Floyd incident on white racial attitudes: testing H8-10 

Figure 5.5 graphs lowess-smoothed (bandwidth=0.3) time series of each of the three 

outcome variables. Referring first to the left-most panel, we indeed observe a noticeable post-

Floyd bump in white racial liberalism, which accords with the expectations of H8. Table 5.1, 

which displays the means of each outcome variable for the 38 days before and after the Floyd 

incident, confirms that white racial liberalism significantly (p < 0.001) increased by roughly 

0.174 of a standard deviation. However, if looking at the dark black line, the eyeball test would 

suggest that that this increase pre-dated the Floyd incident. In which case, can we really be so 

confident that the post-Floyd bump would not have occurred in the absence of the Floyd 

incident? In truth, the apparent pre-Floyd increase is a graphical artifact. Figure 5.6, which 

graphs the series for the ±38 day bandwidth, shows that while racial liberalism did inch upwards 

in early May, it was actually trending downward both in the days leading up to and also on the 
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day of and days immediately proceeding the incident itself. Thus, there’s no evidence that the 

post-Floyd increase is merely a continuation of pre-Floyd trend. 

 

Figure 5.5 Pre and post-Floyd trends in white racial attitudes (complete series) 
Note. Plots are LOESS-smoothed with 95% confidence areas. Parallel green and black lines along the y-axis 
represent the white sample’s mean racial liberalism score before and after the death of George Floyd, respectively. 

 

Figure 5.6 Pre and post-Floyd trends in white racial attitudes (±38 days) 

Note. Plots are LOESS-smoothed with 95% confidence areas. Parallel green and black lines 

along the y-axis represent the white sample’s mean racial liberalism score before and after the 

death of George Floyd, respectively.   
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Table 5.1 Comparison of means tests 

 Racial Liberalism  Pro-White (vs. Black) 
Favorability 

Support for 
Reparations 

 -38 Days +38 Days -38 Days +38 Days -38 Days +38 Days 
White 
Mean -0.181 -0.007*** 0.194 0.150* 16.29% 18.94%** 

N 20,228 20,735 20,154 20,640 6,870 6,972 
Note. Data limited to white respondents. Cell entries are predicted margins from OLS models. 
†p < 0.1, *p < 0.05, **p < 0.01, ***p < 0.001   

 

Continuing onward to, the effect of the Floyd incident on favorability of whites vs. blacks 

is comparatively less pronounced but still discernable.  We see that the gap between white and 

black favorability ratings was trending in the pro-white direction in the weeks and days leading 

up to the Floyd incident. But after May 25, this trend abruptly reverses and moves in the negative 

direction before rebounding in the later weeks of the post-Floyd period.  Overall, though, and 

consistent with H10, the pro-white favorability difference among whites fell by 0.044 points, a 

very modest but nonetheless significant (p=0.018) decrease. Interestingly, and likely explaining 

the modesty of this change, when the individual favorability variables are collapsed into 

‘favorable’ and ‘unfavorable’ dummies, we see that almost of all the change is driven by 

increases in ‘unfavorable’ views of both whites (+2.6 points, p < 0.001) and blacks (+2.9 points, 

p < 0.001). And, as we will see later, this latter change (i.e., increases in unfavorable views of 

blacks) is entirely attributable to an eventual white Republican and conservative post-Floyd 

backlash. 

Finally, the pattern for reparations attitudes is more difficult to interpret.  H9 predicted 

that white support for reparations would significantly increase from the pre- to post-Floyd 

period. In the end, while white support is significantly (p=0.003) but modestly higher on average 

in the post-Floyd (18.94%) vs. the pre-Floyd (16.29%) period —and does appear to point upward 

after May 25--the long-run trend does not appear to depart much from that of the latter.   
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5.4.3 Indirect effects on white racial attitudes: testing H8B-10B 

Hypotheses 8B-10B predicted that the effects of the Floyd incident on each outcome 

variable would be at least partially explained by increases in REM. Columns (b) of Table 5.2 

begins a test these predictions. First, controlling for REM leads to a roughly 40% reduction in the 

treatment’s direct effects on racial liberalism (ß =0.103; p < 0.001) while reducing them to 

insignificance in the case of pro-white vs. black favorability (ß=-0.017; p=0.579) and support for 

reparations (ß =-0.060; p=0.966), the latter of which turn negative. Further, net of the treatment, 

REM remains a significantly positive predictor of racial liberalism (ß=0.012, p <0.001) and 

support for reparations (ß=0.479; p=0.018), but an insignificantly negative predictor of 

favorability towards whites vs. blacks (-0.005; p=0.463). When excluding REM and adjusting 

for the 8 control variables (columns c), the effects of the treatment on racial liberalism (ß=0.174, 

p < 0.001) and pro-white vs. black favorability (ß=-0.043; p=0.014) change very little from their 

baseline (columns a), though its effects on support for reparations (ß =3.45, p < 0.001) is 

moderately boosted. When REM is added to these covariate-adjusted models (columns d), 

though, the treatment no longer significantly predicts favorability (ß=-0.018, p=0.525) nor 

support for reparations (ß=1.97, p=0.128), while its effects on racial liberalism (ß=0.120)  are 

moderated but remain significant at the p < 0.001 level. The results of a causal mediation 

analysis90, which are shown in Table 5.3, confirm these patterns. They indicate that around 32% 

 
90 These mediation models were fitted using Stata’s ‘sureg’ (Seemingly Unrelated Regression) command. Each 
model consists of two equations: one regressing the outcome variable(s) on the treatment, the REM index, and 
background covariates, and another regressing REM on the treatment and background covariates. Following the 
guidance of Preacher and Hayes (2008), I calculate the indirect or mediated treatment effects by multiplying the 
covariate-adjusted effects of the treatment on REM by the covariate-adjusted effects of REM on a given outcome 
variable. I then calculate bootstrapped standard errors for these estimates from 10,000 replications.  
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of the treatment’s total effects on white racial liberalism are mediated by REM (ß=0.057, p < 

0.001). For favorability towards whites vs. blacks, this figure jumps to 58%, though, in the case, 

only the total effects of the treatment (ß=-0.043, p=0.012) are distinguishable from zero 

(ßIndirect=-0.025, p=0.263; ßTotal=-0.018, p=0.529). Finally, virtually all (94%) of the treatment’s 

total effects on support for reparations is mediated by REM (ß=0.080, p=0.004). Thus, we find 

evidence that REM partially and fully mediated the treatment’s total effects on white racial 

liberalism (H8B) and support for reparations (H10B), respectively, but no conclusive evidence 

that REM mediated its total effects on white vs. black favorability ratings (H9B).  

Table 5.2 Direct effects of treatment and REM on white racial attitudes 
 Racial Liberalism (Z) 
 (a) (b) (c) (d) 

Treatment 0.173*** 
(0.014) 

0.103*** 
(0.023) 

0.174*** 
(0.012) 

0.120*** 
(0.018) 

REM --- 0.012*** 
(0.003) --- 0.009*** 

(0.003) 

Constant -0.181*** 
(0.010) 

-0.190*** 
(0.010) 

1.02*** 
(0.044) 

1.02*** 
(0.034) 

N 40,963 
𝑅𝑅2 0.007 0.008 0.346 0.347 

 White - Black Favorability 

Treatment -0.044* 
(0.019) 

-0.017 
(0.024) 

-0.043* 
(0.014) 

-0.018 
(0.022) 

REM  -0.005 
(0.004) --- -0.004 

(0.003) 

Constant 0.194*** 
(0.013) 

0.198*** 
(0.013) 

-0.795*** 
(0.073) 

-0.792*** 
(0.073) 

N 40,794 
𝑅𝑅2 0.000 0.000 0.090 0.090 

 Support for Reparations (%) 

Treatment 2.65** 
(0.890) 

-0.060  
(1.40) 

3.45*** 
(0.819) 

1.97 
 (1.29) 

REM --- 0.479* 
(0.203) --- 0.262 

 (0.181) 

Constant 16.29*** 
(0.009) 

15.93*** 
(0.622) 

62.04*** 
(3.35) 

61.94*** 
(3.34) 

N 13,842 
𝑅𝑅2 0.001 0.002 0.170 0.170 

Note. Cell entries are unstandardized coefficients with robust standard errors in parentheses. 
†p < 0.1, *p < 0.05, **p < 0.01, ***p < 0.001.  
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Table 5.3 Results of causal mediation models 

 Racial 
Liberalism 

White – 
Black 

Favorability 

Support for 
Reparations 

Direct 
Effect 

0.119***  
(0.018) 

-0.018  
(0.029) 

0.005  
(0.035) 

Indirect 
via 

REM 

0.057***  
(0.014) 

-0.025  
(0.023) 

0.080** 
(0.028) 

Total 
Effect 

0.176***  
(0.012) 

-0.043* 
(0.017) 

0.085*** 
(0.022) 

Proportion 
Mediated 0.323 0.582 0.942 

Note. Cell entries are unstandardized coefficients with bootstrapped standard errors (10,000 reps) in parentheses. 
The mediator variable in each model is the Racial Equalitarian Media (REM) index. All models are adjusted for 
background control variables 
†p < 0.1, *p < 0.05, **p < 0.01, ***p < 0.001.  

 

5.4.4 Effects of treatment x time on white racial attitudes 

Columns (a) of Table 5.4 display the estimated effects of the treatment x days interaction 

on each of the three outcome variables. For white racial liberalism, this interaction is 

significantly negative term (ß=-0.004; p=0.002), which indicates that the incident’s effects on 

this outcome became increasingly negative in later days of the post-Floyd period. A similar 

pattern is observed for differences in white vs. black favorability. Though modestly lower 

overall, the significantly positive treatment x days interaction (ß=0.005; p=0.003) reveals that the 

effects of the Floyd incident ultimately moved in the pro-white direction with the passage of 

days. In contrast, when it comes to white support for reparations, the interaction term is 

insignificant (ß=-0.077; p=0.342), which suggests that the positive effects of the Floyd incident 

on this variable are fairly constant across the 38 days of the post-Floyd period. Adjusting for the 

8 control variables (columns b) does not meaningfully change the interaction term’s coefficient 

for any of the three outcome variables. 
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Table 5.4 Results of treatment x days interaction models 
 Racial Liberalism Pro-white vs. Black 

Favorability 
Support for 
Reparations 

 (a) (b) (a) (b) (a) (b) 

Treatment  0.113*** 
(0.028) 

0.118*** 
(0.023) 

-0.101** 
(0.037) 

-0.080** 
(0.028) 

-0.320 
(1.79) 

0.633  
(1.66) 

Days from 
incident 

0.004*** 
(0.001) 

0.003*** 
(0.001) 

-0.001 
(0.001) 

-0.001 
(0.001) 

0.117* 
(0.049) 

0.124** 
(0.045) 

Treatment x 
Days 

-0.004** 
(0.001) 

-0.003** 
(0.001) 

0.005** 
(0.002) 

0.005** 
(0.002) 

-0.077 
(0.081) 

-0.098 
(0.075) 

Constant -0.113*** 
(0.018) 

1.08*** 
(0.046) 

0.172*** 
(0.025) 

-0.815*** 
(0.077) 

18.47*** 
(1.13) 

64.42*** 
(3.49) 

N 40,963 40,794 13,842 
Adjusted 𝑅𝑅2 0.008 0.347 0.001 0.090 0.002 0.171 

Note. Cell entries are unstandardized coefficients with 95% confidence intervals in parentheses. Coefficients in 
columns (b) are adjusted for ideological strength, party strength, education, household income, age, sex, political 
interest, and region of residence. 
†p < 0.1, *p < 0.05, **p < 0.01, ***p < 0.001. 
 

The results thus are generally consonant with earlier predictions. Statistically significant 

changes in the racially liberal direction were observed for all outcome variables in the 38 days 

following the Floyd incident. However, all of them were relatively modest in magnitude, while 

those for racial liberalism and pro-white favorability eventually trended in a racially conservative 

direction. As I will demonstrate below, at least some of this can be attributed to the 

countervailing effects of intra-white ideological polarization. 

5.4.5 Direct effects on white racial attitudes by party/ideology: testing H8A-10A 

Hypotheses 8A predicted that the effects of the Floyd incident on racial liberalism would 

be stronger for white Democrats and liberals than for Republicans and conservatives. Figures 5.6 

and 5.7 offer visual support of this hypothesis as it pertains to racial liberalism: the post-Floyd 

increases among white Democrats and liberals are much more pronounced than those observed 

for Republicans and conservatives. In fact, the comparison of means in Table 5.5 shows that 

racial liberalism increased by 0.239SD (p< 0.001) and 0.254SD (p < 0.001) among the former 

two groups, respectively, and by 0.125SD (p<0.001) and 0.122SD (p < 0.001) among the latter. 
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As reflected in Figure 5.13, which graphs the average marginal effects from the treatment x 

party/ideology interaction terms, the differences in the size of these coefficients are all 

significant at the p < 0.001 level.   

 

Figure 5.6 Pre and post-Floyd trends in white racial liberalism by party and ideology (complete series) 

 

Figure 5.7 Pre and post-Floyd trends in white racial liberalism by party and ideology (±38 days) 
Note. Plots are LOESS-smoothed with 95% confidence areas. Parallel green and black lines along the y-axis 
represent a subgroup’s mean racial liberalism score before and after the death of George Floyd, respectively.  

 



200 
 

 

Hypothesis 9A, which relates to the effects of the treatment on pro-white vs. black 

favorability differences, also finds support in the data.  These trends are visualized in Figures 5.8 

and 5.9. Though white Democrats (Mean-38=-0.120) and liberals (Mean-38=-0.179) rated blacks 

more favorably than whites on average even in the 38-day pre-Floyd period, this difference grew 

by 0.149 (p < 0.001) and 0.195 (p < 0.001) points, respectively, in the 38 days following the 

Floyd incident. In contrast, though white Republicans (Mean-38=0.443) and conservatives (Mean-

38=0.445) rated whites more favorably than blacks on average in the pre-Floyd period, the size of 

these pro-white favorability differences actually slightly increased in the post-Floyd period—by 

0.058 points (p=0.021) for white Republicans and by 0.108 points (p < 0.001) for white 

conservatives. In absolute terms, the size of the changes in this variable for these two subgroups 

was significantly smaller than that of those observed among white Democrats (p < 0.001) and 

liberals (p < 0.001), which accords with H9A. 

 

Figure 5.8 Trends in whites’ favorability towards whites vs. blacks by party and ideology (complete series) 
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Figure 5.9 Trends in whites’ favorability towards whites vs. blacks by party and ideology (±38 days) 
 

To examine whether these changes in favorability differentials are driven by increases in 

favorable vs. unfavorable views of whites and/or blacks, I create dummy variables for the 

‘favorable’ and ‘unfavorable’ categories of each group’s favorability scale. The average change 

in these response categories for each group are shown in Figure 5.10 below. For white 

Democrats, we see that the changes are almost equally due to increases in unfavorable views of 

whites (ß=0.027, p=0.001) and increases in favorable views of blacks (ß=0.024, p=0.008).  

Among white liberals, however, all of this change is driven by decreases in favorable views (ß=-

0.038, p=0.001) and slightly larger increases in unfavorable views of whites (ß=0.043, p < 

0.001). Interestingly, for both white Republicans and conservatives, the comparatively modest 

changes appear to be entirely due to increases in unfavorable views of whites (ßWhiteRep=0.022, p 
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< 0.001; ßWhiteCon=0.020, p < 0.001) and even larger increases in unfavorable views of blacks91 

 (ßWhiteRep=0.057, p < 0.001; ßWhiteCon=0.057, p < 0.001) 

 

Figure 5.10 Average effects of treatment on percent of whites with ‘favorable’ and ‘unfavorable’ views of 
blacks and whites by party and ideology. 

 

Finally, and turning to support for reparations (Figures 5.11 and 5.12), whereas support 

significantly increased by roughly 5.6 (p=0.001) and 7.4 (p=0.001) percentage points among 

white Democrats (24.4%  29.9%) and liberals (34.0%  41.4%)92, respectively, it 

(insignificantly) grew by only 1.3 (p=0.180) points among white Republicans and by 2 points 

(p=0.050) points among conservatives. Supporting H10A, the differences in the size of these 

changes between these groups (White Democrats vs. Republicans: p=0.033; White Liberals vs. 

Conservatives: p=0.031) are all significant at the p < 0.05 level.  

 

 
91 As will be further elaborated on below, the treatment x day interactions helps to make sense of these patterns. 
92 For both white Democrats and liberals, virtually all this increase in support is a function of movement out of the 
‘disagree’ category. The small but significant increase among white Republicans, meanwhile, is mostly due to 
movement out of the ‘not sure’ category.  
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Figure 5.11 Trends in white support for reparations by party and ideology (complete series) 

 

Figure 5.12 Trends in white support for reparations by party and ideology (±38 days) 
Note. Plots are LOESS-smoothed with 95% confidence areas. Parallel green and black lines along the y-axis 
represent a subgroup’s mean support for reparations before and after the death of George Floyd, respectively. 
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Figure 5.13 Summary of average treatment effects on white racial attitudes by party and ideology 
 

Table 5.5 Comparison of means tests 
 Racial Liberalism (Z) Pro-White (vs. Black) 

Favorability 
Support for 
Reparations 

 -38 Days +38 Days -38 Days +38 Days -38 Days +38 Days 
White Democrat 0.361 0.600*** -0.120 -0.270*** 24.37% 29.94%** 

White Republican -0.597 -0.472*** 0.443 0.501* 11.21% 12.53% 
White Liberal 0.496 0.750*** -0.179 -0.373*** 34.02% 41.43%** 

White Conservative -0.690 -0.568*** 0.445 0.553*** 7.95% 9.97%* 
Note. Cell entries are predicted margins from OLS models in which the treatment is interacted with either  
ideology or party-ID.  
†p < 0.1, *p < 0.05, **p < 0.01, ***p < 0.001.  

 

5.4.6 Indirect effects via REM 

The middle section of Table 5.6 indicates that adjusting for the 8 control variables does 

little to attenuate the baseline effects (top section) of the treatment. If anything, doing so actually 

enhances its effects on support for reparations among all subgroups. Models in the bottom 

section of Table 5.6 add REM x party-ID/ideology interaction terms93.  We now see that the 

 
93 Thus, each of these models contains two interaction terms: one where the treatment is interacted with party-
ID/ideology and another where REM is interacted with party-ID/ideology.  
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average treatment effects on racial liberalism are reduced by just over a third among white 

Democrats (ß=0.240 0.158), by 27% among white Republicans (ß=0.1250.091), by 40% 

among white liberals (ß=0.2480.149), and by a little under 15% among white conservatives 

(ß=0.1150.098). Further, holding both the treatment and all other covariates constant, the 

independent effects of REM on racial liberalism are significantly positive only for white 

Democrats (ß=0.014; p < 0.001) and liberals (ß=0.017; p < 0.001). In contrast, its effects on 

racial liberalism among white Republicans (ß=0.006, p=0.099) and conservatives (ß=0.003, 

p=0.449) are not distinguishable from zero. Turning to the reparations models, controlling for 

REM reduces the treatment’s effects on support to insignificance for white Democrats (ß=6.29, p 

< 0.001 1.02, p=0.699) and liberals (ß=7.87, p < 0.0010.943; p=0.785), while somewhat 

enhancing them for white Republicans (ß=1.83, p=0.050 3.08, p=0.037) and conservatives (ß 

=2.19, p=0.031 2.83, p=0.086). As in the case of the racial liberalism models, the independent 

effects of REM on support for reparations are only positive and only reach significance among 

white Democrats (ß=0.921, p=0.012; ßRepublican=-0.222, p=0.248) and liberals (ß=1.23, p=0.012; 

ßConservative=-0.113, p=0.623). Finally, controlling for REM somewhat reduces the treatment’s 

effects on white vs. black favorability for white Democrats (ß=-0.147, p < 0.001  ß=-0.101, 

p=0.029), only marginally for white liberals (ß=-0.185, p < 0.001  ß=-0.172, p=0.004) and 

conservatives (ß=0.112, p < 0.001  ß=0.095, p=0.048), and not at all for white Republicans 

(ß=0.055, p=0.027  ß=0.055, p=0.186). Diverging from the results of the other two outcome 

models, REM has no independent effects on the favorability differentials of any of the 4 groups.  
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 Table 5.6 Baseline and adjusted treatment effects on white racial attitudes 
 Racial Liberalism Pro-White vs. Black Favorability Support for Reparations 

 White 
Dem. 

White 
Repub. 

White 
Lib. 

White  
Con. 

White 
Dem. 

White 
Repub. 

White  
Lib. 

White  
Con. 

White 
Dem. 

White 
Repub. 

White 
Lib. 

White  
Con. 

Baseline Models 

Treatment 0.239*** 
(0.021) 

0.125*** 
(0.017) 

0.254*** 
(0.026) 

0.122*** 
(0.026) 

-0.149*** 
(0.030) 

0.058* 
(0.025) 

-0.195*** 
(0.039) 

0.108*** 
(0.029) 

5.57** 
(1.73) 

1.13 
(0.106) 

7.41** 
(2.27) 

2.02* 
(1.03) 

Constant 0.361*** 
 (0.015) 

0.496***  
(0.018) 

-0.120***  
(0.021) 

-0.179***  
(0.027) 

24.37***  
(1.16) 

34.02***  
(1.55) 

Adjusted R2 0.257 0.348 0.063 0.080 0.040 0.124 
Controlled Models (Excluding REM x Party/Ideology Interaction) 

Treatment 0.240*** 
(0.019) 

0.125*** 
(0.016) 

0.248*** 
(0.023) 

0.115*** 
(0.018) 

-0.147*** 
(0.029) 

0.055* 
(0.025) 

-0.185*** 
(0.037) 

0.112*** 
(0.029) 

6.29*** 
(1.62) 

1.83* 
(0.935) 

7.87*** 
(2.17) 

2.19* 
(1.01) 

Constant 1.05*** 
 (0.053) 

1.17***  
(0.066) 

-0.826***  
(0.089) 

-0.965***  
(0.114) 

59.73***  
(4.05) 

60.55***  
(4.93) 

Adjusted R2 0.368 0.441 0.095 0.127 0.172 0.199 
Controlled Models (Including REM x Party/Ideology Interaction) 

Treatment 0.158*** 
(0.031) 

0.070** 
(0.022) 

0.149*** 
(0.036) 

0.098** 
(0.028) 

-0.101* 
(0.046) 

0.055 
(0.042) 

-0.172** 
(0.059) 

0.095* 
(0.048) 

1.02 
 (2.62) 

3.08*  
(1.48) 

0.943 
(3.46) 

2.83†  
(1.65) 

REM 0.014*** 
(0.004) 

0.006† 
(0.004) 

0.017*** 
(0.005) 

0.003  
(0.004) 

-0.008 
(0.006) 

0.000 
(0.006) 

-0.002 
(0.008) 

0.003  
(0.006) 

0.921* 
(0.366) 

-0.222 
(0.192) 

1.23* 
(0.489) 

-0.113  
(0.229) 

Constant 1.04***  
(0.053) 

1.16***  
(0.066) 

-0.820***  
(0.089) 

-0.963*** 
 (0.114) 

59.18***  
(4.03) 

59.75***  
(4.89) 

Adjusted R2 0.368 0.442 0.095 0.127 0.174 0.201 
Group N 15,851 20,631 10,514 13,714 15,824 20,503 10,941 14,306 5,358 6,923 3,749 4,786 
Model N 36,482 25,337 36,327 25,247 12,281 8,535 

Note. Cell entries are unstandardized conditional coefficients from these treatment (REM) x ideology/party-ID interaction terms with robust standard errors in 
parentheses. Both the baseline and the first controlled model include treatment x party-ID/ideology interaction terms. The second controlled model adds an REM x 
party-ID/ideology interaction.     

      †p < 0.1, *p < 0.05, **p < 0.01, ***p < 0.001. 
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The results thus far suggest that REM partially and completely mediates the effects of the 

treatment on racial liberalism and support for reparations, respectively, among white Democrats 

and liberals. In contrast, little to no evidence of mediation is observed for these outcomes among 

white Republicans and conservatives. Lastly, when it comes to white vs. black favorability 

differentials, no clear evidence of mediation is observed for any of the 4 groups.   

To provide a more formal test of this suggested mediation, I fit a series of moderated 

mediation models94 with Stata’s ‘sureg’ command. Each of these models consists of two 

equations: one where REM is regressed onto the treatment, and another where the outcome 

variable is regressed on treatment x ideology/party-ID and REM x ideology/party-ID interactions 

along with the background/demographic control variables. Indirect effects are then calculated by 

multiplying each group’s estimated REM coefficient in the outcome equation by the coefficient 

of the treatment in the REM (mediation) equation. Direct effects are calculated by multiplying 

each group’s coefficients in the outcome equations. Standard errors for all of these estimates are 

bootstrapped from 10,000 replications.   

The results of these moderated mediation models are shown in Table 5.7. For the racial 

liberalism models, they generally confirm what was suggested above: just under 40% and 33% 

of treatment’s total effect on white Democrat (ßIndirect=0.080, p=0.001, Bias Corrected 95% 

CI=0.034, 0.125) and liberal (ßIndirect=0.098, p < 0.001, Bias Corrected 95% CI=0.045, 0.147) 

racial liberalism, respectively, was indirectly conveyed via REM. In contrast, none of the effects 

via REM on white Republican (ßIndirect=0.032, p=0.123, Bias Corrected 95% CI=-0.009, 0.073; 

share mediated=17.4%) and conservative (ßIndirect=0.016, p=0.465, Bias Corrected 95% CI=-

0.027, 0.060; share mediated=10.5%) racial liberalism approach significance. Differences in the 

 
94 Why moderated mediation? Because the effects of both the treatment and REM are conditional on party-ID and 
ideology.  
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size of these indirect effects are significant for those between white liberals and conservatives 

(p=0.014, z=2.34) but fall short of significance for those between white Democrats vs. 

Republicans (p=0.126, z=1.53).  For support for reparations, around 77% and 86% of the 

treatment’s total effects on white Democrat (ßIndirect=0.048, p=0.025, Bias Corrected 95% 

CI=0.006, 0.090) and liberal (ßIndirect=0.068, p=0.015, Bias Corrected 95% CI=0.014, 0.124) 

support, respectively, are mediated through REM. Among white Republicans (ßIndirect=-0.013, 

p=0.266, Bias Corrected 95% CI=-0.035, 0.010) and conservatives (ßIndirect=-0.008, p=0.804, 

Bias Corrected 95% CI=-0.033, 0.018), these indirect effects are negative and indistinguishable 

from zero. Differences in the size of these coefficients are significant both for those between 

white liberals and conservatives (p=0.014, z=2.46) and also for those between white Democrats 

and Republicans (p=0.012, z=2.50). Finally, the treatment’s indirect effects on white vs. black 

favorability ratings via REM do not approach significance for any of the 4 groups (ßDem-Indirect=-

0.043, p=0.213, Bias Corrected 95% CI=-0.111, 0.026; ßRep-Indirect=0.002, p=0.959, Bias 

Corrected 95% CI=-0.060, 0.066; ßLib-Indirect=-0.012, p=0.786, Bias Corrected 95% CI=-0.105, 

0.077; ßCon-Indirect=0.017, p=0.644, Bias Corrected 95% CI=-0.057, 0.088). 

In sum, REM mediated more than a third and nearly all of the treatment’s effects on 

racial liberalism and support for reparations, respectively, among white Democrats and liberals. 

In stark contrast, and in line with theoretical expectations, indirect effects on these outcomes 

tended to be significantly smaller and never approached significance for white Republicans and 

conservatives. Lastly, no significant indirect effects via REM were observed for any of the 4 

groups when it comes to white vs. black favorability ratings. 
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Table 5.7 Results of moderated-mediation models 
 Racial Liberalism White – Black Favorability Reparations 

 White 
Dem. 

White 
Repub. 

White  
Lib. 

White  
Con. 

White 
Dem. 

White 
Repub. 

White  
Lib. 

White  
Con. 

White 
Dem. 

White 
Repub. 

White  
Lib. 

White  
Con. 

Direct 
Effect 

0.160*** 
(0.031) 

0.152*** 
(0.034) 

0.150*** 
(0.036) 

0.135** 
(0.040) 

-0.104* 
(0.046) 

-0.097† 
(0.051) 

-0.172** 
(0.059) 

-0.167* 
(0.066) 

0.014 
(0.027) 

0.003 
 (0.030) 

0.011 
(0.035) 

-0.003  
(0.039) 

Indirect 
via 

REM 

0.080** 
(0.023) 

0.032  
(0.021) 

0.098*** 
(0.027) 

0.016 
(0.022) 

-0.043 
(0.035) 

0.002  
(0.033) 

-0.012  
(0.046) 

0.017  
(0.037) 

0.048* 
(0.022) 

-0.013  
(0.012) 

0.068* 
(0.028) 

-0.008  
(0.013) 

Total 
Effect 

0.240*** 
(0.019) 

0.184*** 
(0.041) 

0.247*** 
(0.022) 

0.152** 
(0.047) 

-0.148*** 
(0.028) 

-0.095  
(0.064) 

-0.185*** 
(0.037) 

-0.150† 
(0.079) 

0.062*** 
(0.016) -0.010 0.079*** 

(0.022) 
-0.010  
(0.042) 

Proportion 
Mediated 0.333 --- 0.397 --- --- --- --- --- 0.774 --- 0.861 --- 

Note. Cell entries are unstandardized coefficients with bootstrapped standard errors in parentheses. The mediator variable is the Racial Equalitarian 
Media (REM) Index.  
†p < 0.1, *p < 0.05, **p < 0.01, ***p < 0.001. 
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Taken together, and with the exception of the preceding, these results are generally 

consistent with the notion that the racial attitudes of white Democrats and liberals are more 

responsive to increases in REM messaging than their Republican and conservative counterparts.  

5.4.7 Treatment x days interaction effects 

The analyses thus far have been largely concerned with the main effects of the treatment. 

But given the mass protests and, in some cases, looting and violence that unfolded during the 38 

days following the Floyd incident, we’re also interested in determining if and to what extent 

these effects evolve with the passage of time. Accordingly, columns (a) of Table 5.8 show the 

baseline effects of a three-way treatment x days x party-ID/ideology interaction on each outcome 

variable. Beginning with racial liberalism, we see that the positive effects of the treatment 

become significantly stronger with the passage of days for white Democrats (ß=0.006; p < 

0.001), insignificantly stronger for white liberals (ß=0.003; p=0.096), and significantly weaker or 

negative for both white Republicans (ß=-0.003; p=0.009) and conservatives (ß=-0.004; p= 

0.003). A similar pattern is observed for the treatment’s effects on pro-white vs. black 

favorability ratings. As more days elapse in the post-Floyd period, the negative effects become 

insignificantly stronger for white Democrats (ß=-0.006; p=0.072), insignificantly more positive 

for liberals (ß=0.003; p=0.338), and significantly positive or pro-white among white Republicans 

(ß=0.009; p < 0.001) and conservatives (ß=0.009; p < 0.001). Recall that for the latter two 

subgroups, the effects on these favorability differentials were limited to increases in unfavorable 

views of both whites and blacks. Though not shown, when  ‘unfavorable’ dummies on the 

treatment x day interaction, we learn that unfavorable views of whites significantly decrease 

with the passage of days among white Republicans (ßWhiteRep=-0.001, p=0.005; ßWhiteCon=0.000, 
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p=0.727) while those of blacks significantly increase among both subgroups (ßWhiteRep=0.002, 

p=0.007; ßWhiteCon=0.003, p=0.001) While somewhat speculative, these results are suggestive of a 

Floyd ‘backlash’ among white Republicans and conservatives as (presumably) ‘riots’ and 

‘looting’ became more prominent in later post-Floyd media coverage.  Finally, the interactive 

effects on support for reparations are indistinguishable from 0 for all subgroups.  

Table 5.8 Results of treatment x days x party-ID/ideology interaction models 
Racial Liberalism 

 (a) (b) (a) (b) 

 White  
Dem. 

White 
Repub. 

White  
Dem. 

White 
Repub. 

White  
Lib. 

White  
Con. 

White  
Lib. 

White  
Con. 

Treatment 0.112**  
(0.041) 

0.107**  
(0.033) 

0.113**  
(0.038) 

0.113*** 
(0.031) 

0.202***  
(0.051) 

0.119**  
(0.038) 

0.186*** 
(0.047) 

0.119** 
(0.035) 

Days from 
incident 

0.003**  
(0.001) 

0.000  
(0.001) 

0.003*** 
 (0.001) 

0.000  
(0.001) 

0.001  
(0.001) 

0.000  
(0.001) 

0.002  
(0.001) 

-0.000  
(0.001) 

Treatment x 
Days 

0.006*** 
(0.002) 

-0.003**  
(0.001) 

0.005***  
(0.001) 

-0.003**  
(0.001) 

0.003†  
(0.002) 

-0.004**  
(0.001) 

0.003* 
(0.002) 

-0.004** 
(0.001) 

Constant 0.377***  
(0.026) 

1.08***  
(0.057) 

0.491*** 
 (0.034) 

1.17***  
(0.072) 

Adjusted R2 0.258 0.369 0.349 0.442 
White vs. Black Favorability 

Treatment -0.134* 
(0.060) 

-0.068  
(0.052) 

-0.122*  
(0.058) 

-0.060 
(0.052) 

-0.305*** 
(0.077) 

-0.052 
(0.058) 

-0.271*** 
(0.074) 

-0.030 
(0.058) 

Days from 
incident 

-0.000 
(0.001) 

0.003** 
(0.001) 

-0.001  
(0.001) 

0.003* 
(0.001) 

0.003 
(0.002) 

0.004** 
(0.001) 

0.002 
(0.002) 

0.004** 
(0.001) 

Treatment x 
Days 

-0.004† 
(0.002) 

0.009*** 
(0.002) 

-0.004†  
(0.002) 

0.008*** 
(0.002) 

0.003 
(0.003) 

0.009*** 
(0.002) 

0.002 
(0.002) 

0.008*** 
(0.002) 

Constant -0.067  
(0.042) 

-0.786***  
(0.097) 

-0.119*  
(0.053) 

-0.919***  
(0.124) 

Adjusted R2 0.064 0.097 0.081 0.128 
Support for Reparations 

Treatment 0.600  
(3.42) 

-1.76  
(2.05) 

1.76  
(3.24) 

-1.01 
 (1.94) 

2.47  
(4.49) 

-0.538  
(2.17) 

5.24  
(4.32) 

-0.571 
 (2.08) 

Days from 
incident 

0.129 
(0.079) 

0.080† 
(0.079) 

0.118 
(0.075) 

0.075† 
(0.044) 

0.126 
(0.103) 

0.070 
(0.047) 

0.066 
(0.098) 

0.075 
(0.047) 

Treatment x 
Days 

0.146 
(0.126) 

0.025 
(0.072) 

0.116 
(0.119) 

0.005 
(0.070) 

0.199 
(0.158) 

-0.011 
(0.078) 

0.136 
(0.153) 

-0.021 
(0.076) 

Constant 26.46***  
(2.13) 

62.05***  
(4.46) 

35.07*** 
 (2.91) 

60.76*** 
 (5.48) 

Adjusted R2 0.041 0.173 0.124 0.200 
Note. Cell entries are unstandardized coefficients with robust standard errors in parentheses. Coefficients in columns 
(b) are adjusted for ideological strength, party strength, education, household income, age, sex, political interest, and 
region of residence.   
†p < 0.1, *p < 0.05, **p < 0.01, ***p < 0.001. 
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Models in column (b) adjust the above estimates for the 8 background/demographic 

control variables. Save for the interaction term reaching p < 0.05 significance for white liberals 

(ß=0.003, p=0.035) in the racial liberalism model, this adjustment does not meaningfully change 

any of the baseline estimates.   

5.5 Robustness checks and secondary analyses 

5.5.1 Tests of bandwidth sensitivity 

To what extent are the preceding results a function of the selected time bandwidth? I 

examine this question by re-running my models at bandwidths of a week, two weeks, and for the 

full sample (i.e., July 18 2019-May 24 2020 vs. May 26-July 1 2020). Table 5.9 below presents 

the results. Beginning with ± 1 week, we see that racial liberalism was insignificantly and 

significantly higher, respectively, among white Democrats (ß=0.034; p=0.448) and liberals 

(ß=0.118; p=0.047) in the week following the Floyd incident than in the week preceding it. 

However, the results of the treatment x days interaction terms (ßWhiteDem=0.047, p=0.005; 

ßWhiteLib=0.050, p=0.019) suggests that these differences start becoming larger in the later days of 

the first post-Floyd week. This would be consistent with the several days lag in media coverage 

of the incident that was noted earlier.  Indeed, when the bandwidth is expanded to  ± 2 weeks, 

thus capturing this later growth, all of the main effects become comfortably significant 

(ßWhiteDem=0.140, p < 0.001; ßWhiteLib=0.218, p < 0.001). On the other hand, the week to week 

differences for both white Republicans (ß=0.097; p=0.007) and conservatives (ß=0.099; 

p=0.017) do reach significance at the p < 0.05 level. The interaction terms for both of these 

groups are significantly (ßWhiteRep=0.026, p=0.045) and insignificantly (ßWhiteCon=0.020, p=0.159) 

positive, though, which suggests that the previously observed decay or reversal in their racial 

liberalism occurred in later weeks. 
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Table 5.9 Model results at alternate bandwidths 
 ±1 Week ±2 Weeks Full sample 

 Racial 
liberalism 

White – 
Black 

Favorability 

Support for 
Reparations 

Racial 
liberalism 

White – 
Black 

Favorability 

Support for 
Reparations 

Racial 
liberalism 

White – 
Black 

Favorability 

Support for 
Reparations 

Whites 
Treatment 

group 
0.072* 
(0.030) 

-0.080* 
(0.040) 

1.35  
(1.93) 

0.133*** 
(0.023) 

-0.083** 
(0.030) 

2.06  
(1.46) 

0.208*** 
(0.011) 

-0.038** 
(0.014) 

3.76*** 
(0.698) 

Treatment 
x Days 

0.057*** 
(0.015) 

-0.051* 
(0.020) 

0.183  
(1.01) 

0.024*** 
(0.006) 

-0.013† 
(0.007) 

0.184 
(0.363) 

-0.001 
(0.001) 

0.004** 
(0.001) 

0.028 
(0.064) 

N 8,462 8,432 2,900 15,411 15,347 5,244 190,199 190,211 63,066 
White Democrats 

Treatment 
group 

0.034 
(0.045) 

-0.154* 
(0.067) 

5.62 
(3.85) 

0.140*** 
(0.033) 

-0.144** 
(0.049) 

4.09 
(2.78) 

0.254*** 
(0.016) 

-0.153*** 
(0.022) 

5.88*** 
(1.36) 

Treatment 
x Days 

0.047** 
(0.017) 

-0.021 
(0.022) 

2.99* 
(1.48) 

0.030*** 
(0.006) 

-0.009 
(0.008) 

0.234 
(0.510) 

0.006*** 
(0.002) 

-0.004† 
(0.002) 

0.504*** 
(0.067) 

N 3,353 3,343 1,133 6,054 6,042 2,069 74,544 74,567 24,738 
White Republicans 

Treatment 
group 

0.097** 
(0.036) 

-0.054 
(0.058) 

-2.70 
(2.06) 

0.113*** 
(0.033) 

-0.035 
(0.042) 

0.209 
(1.62) 

0.174*** 
(0.013) 

0.065** 
(0.020) 

3.20*** 
(0.763) 

Treatment 
x Days 

0.026* 
(0.015) 

-0.005 
(0.022) 

-0.195 
(0.670) 

0.009† 
(0.005) 

0.003 
(0.008) 

0.606* 
(0.308) 

-0.003** 
(0.001) 

0.009*** 
(0.002) 

-0.212***  
(0.045) 

N 4,168 4,148 1,424 7,637 7,592 2,590 94,273 94,267 31,259 
White Liberals 

Treatment 
group 

0.118* 
(0.059) 

-0.261** 
(0.086) 

2.73 
(4.97) 

0.218*** 
(0.041) 

-0.244*** 
(0.065) 

4.41 
(3.68) 

0.244*** 
(0.019) 

-0.166*** 
(0.029) 

9.02*** 
(1.78) 

Treatment 
x Days 

0.050* 
(0.021) 

-0.014 
(0.028) 

1.68 
(1.89) 

0.034*** 
(0.007) 

0.002 
(0.011) 

0.648 
(0.675) 

0.003† 
(0.002) 

0.003 
(0.003) 

0.199 
(0.158) 

N 2,254 2,245 774 4,067 4,053 1,403 49,257 49,241 16,312 
White Conservatives 

Treatment 
group 

0.099* 
(0.041) 

-0.014 
(0.064) 

-2.09 
(2.36) 

0.111*** 
(0.031) 

-0.007 
(0.047) 

1.68 
(1.79) 

0.164*** 
(0.015) 

0.097*** 
(0.024) 

2.82** 
(0.825) 

Treatment 
x Days 

0.020 
(0.014) 

0.032 
(0.021) 

1.78† 
(0.943) 

0.008 
(0.006) 

0.001 
(0.008) 

0.759** 
(0.271) 

-0.004** 
(0.001) 

0.009*** 
(0.002) 

-0.011 
(0.078) 

N 2,949 2,948 988 5,374 5,368 1,813 66,392 66,446 21,993 
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Note. The ‘Treatment group’ and ‘Treatment x Days’ rows represent separate models. Cell entries in the ‘Treatment group’ row are unstandardized bivariate 
OLS coefficients. Cell entries in the ‘Treatment x Days’ row are the unstandardized OLS coefficients from three-way treatment x days x party-ID/ideology 
interactions. Constituent terms and their coefficients are not shown.  
†p < 0.1, *p < 0.05, **p < 0.01, ***p < 0.001. 
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The pattern for white vs. black favorability ratings are somewhat different. Both white 

Democrats (ß=-0.154, p=0.021) and liberals (ß =-0.261, p=0.002) were significantly less pro-

white and more pro-black in their favorability responses in the week following the Floyd 

incident. However, and referring to the interaction terms, the magnitude of the treatment’s anti-

white/pro-black effects on these differentials did not meaningfully change as the days elapsed 

(ßWhiteDem=-0.021, p < 0.345; ßWhiteLib=-0.014, p=0.629). In contrast, while in the expected 

direction, the week to week changes among white Republicans (ß=-0.054, p=0.354) and 

conservatives (ß=-0.014, p=0.831) are not significant—nor are the interaction terms. That these 

pre vs. post-Floyd differences remain insignificant even when the bandwidth is widened to ± 2 

weeks speaks both to their modest size and conflicting directions (i.e., increases in white 

unfavorability ultimately fade and are replaced by increases in black unfavorability ).  

Turning to support for reparations, white Democrat (ß =5.62; p=0.144) and liberal 

(ß=2.73, p=0.583) support was nominally but not significantly higher in the 7 days following the 

Floyd incident. Though the treatment x days interaction effects were significant for white 

Democrats (ß=2.99, p=0.043)—and insignificant for white liberals (ß=1.68, p=0.374)—they 

become indistinguishable from zero when the bandwidth is widened to ± 2 weeks. That the main 

effects remain insignificant at this bandwidth but are significant at ± 38 days suggests that the 

increases in support are too modest to be detected in smaller samples. Though in the other 

direction, a similar picture appears to hold for white Republicans (ß=-2.70; p=0.191) and 

conservatives (ß =-2.09; p=0.377), for whom support was nominally but insignificantly lower in 

the week following the Floyd incident. At ± 2 weeks, these changes become positive but still fall 

short of 0.05 significance (ßWhiteRep=0.209, p=0.897; ßWhiteCon=1.68, p=0.348).  
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In sum, and depending on the subgroup in question, the results of the above indicate that 

post-Floyd changes in racial liberalism and pro-white vs. black favorability are generally 

apparent in the 7 days following the Floyd incident. These changes, however, come into starker 

relief when the bandwidth is expanded to ± 2 weeks. This is both due to larger sample sizes as 

well as subsequent growth in the magnitude of the Floyd effect. On the other hand, and likely 

owing to smaller sample sizes, increases in support for reparations were comparatively static and 

only reached significance at higher bandwidths.  

5.5.2 Are the Floyd effects limited to racial attitudes? 

An outstanding question is whether the effects of the Floyd incident were unique to racial 

attitudes. Recall that non-racial policy liberalism emerged as a significant positive predictor of 

racial liberalism in some of the models of chapter 4 (and in the models of Kellstedt 2000). Thus, 

we can’t discount the possibility that the Floyd incident effected increased liberalism in general. 

To examine this possibility, I regress 56 different non-racial policy measures—all dummy-coded 

so that ‘1’ denotes a ‘liberal’ response--on the ± 38 days treatment variable for whites as a whole 

and for each white subgroup. There are two things we are looking for. The first is consistency: 

are there significant increases in liberal responses across the universe of available policy items? 

Of course, with 280 different hypothesis tests (56 items x 5 groups), we would expect 14 of them 

to reach 0.05-level significance on chance alone. Thus, we must also examine the relative 

magnitude of any significant increases: are they of similar size to those observed for the racial 

outcome variables?  

Figure 5.14 shows the percent of hypothesis tests that reached different thresholds of 

significance for whites as a whole and for each white subgroup. Overall, shifts in the liberal 

direction were significant at the 95% threshold or lower in 41 of the 280 (or 14.6%) hypothesis 
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tests. Sixteen of these tests were significant at the p < 0.01 level, while just three were significant 

at the p < 0.001 level. To contrast, across the 20 (4 items x 5 groups) hypothesis tests conducted 

on the 3 racial liberalism and single reparations item(s), 65% (or 13) were significant at the p < 

0.001 level, while only 1 fell short of the p < 0.05 level. For the hypothesis tests conducted on 

the white Democrat and liberal samples, 91.1% (or 5 of 56) and 92.9% (4 of 56), respectively, 

fell short of the p < 0.05 threshold. Thus, among these groups, the number of tests that reached 

this level of significance was not much above what would be expected by chance. Among white 

Republicans (76.8%) and conservatives (85.7%), though, the number is considerably higher.  

 

Figure 5.14 Distribution of p-values 
 

Figure 5.15 scatter plots the p-values for both the non-racial and racial items for each 

white subgroup. Interestingly, we see that the non-racial issue items that reached the p < 0.05 

level tended to differ by subgroup.  For instance, among white Democrats, no significant changes 

were observed in the issue categories of healthcare, the environment, taxes, education, gun 

control, foreign policy, and trade policy. However, among white Republicans, and with the 

exception of taxes, there were significant changes on at least one item in each of these categories.  
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Figure 5.15 Scatter plot of p-values by issue category 
Note. Dashed red and green lines along the y-axis represent the p < 0.05 and p < 0.001 significance cutoffs, 
respectively. Figures in parentheses denote the number of survey items in each issue category.  

 

When correcting for multiple hypothesis testing, though, it becomes clear that, with a few 

exceptions, only the race outcome variables remain significant. To implement this correction, I 

opted to use the Romano-Wolf procedure for multiple comparisons (Romano & Wolf, 2005a, b, 

2016). This procedure resamples from the data to create an asymptotic approximation for the 

distribution of effects in a dataset. Compared to the familiar and conservative Bonferroni (1935) 

procedure, this method affords researchers superior type-I and type-II error rates by accounting 

for underlying dependencies among groups of p-values. In resampling the data to generate a null 

distribution of test statistics whilst reckoning with variable intercorrelations, it allows researchers 

to observe which in a set of tests are more likely to be representations of chance and which tests 

stand apart from those tests consistent with the null. 

Figure 15.6 depicts Romano-Wolf stepdown p-values for each white subgroup based on 

1,000 bootstrap replications95. Among white Democrats and liberals, three of the race outcome 

 
95 For this procedure, I use the ‘rwolf’ Stata package developed by Clarke, Romano, and Wolf (2019).  
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variables are all significant at the p <  0.01 level while support for reparations is significant at the 

p < 0.05 level. The only race-unrelated item to reach significance at the p < 0.05 threshold after 

correction is one of the dataset’s 4 measures of modern sexism. Specifically, the percent of white 

Democrats and liberals disagreeing that ‘women who complain about harassment often cause 

more problems than they solve’ went up by 5.7 and 7.2 points, respectively, in the 38-day post-

Floyd period. While it’s not immediately clear what to make of these increases, it should be 

noted that they are significantly smaller (p < 0.001, < 0.001) than the 11.2  and 10.7 point 

increases in the percent of white Democrats and liberals, respectively, who disagreed that ‘blacks 

should work their way up without special favors’. 

 

Figure 15.16 Romano-Wolf p-values 
 

The picture for white Republicans is slightly different. Replicating the main results, the 

change in Republican support for reparations is not distinguishable from 0, though changes in the 

other three race outcomes are significant at the p < 0.01 level. Two of the non-racial outcomes, 

namely support for allowing transgender people to serve in the military (p=0.046) and support 

for a public healthcare option (p=0.036), reach significance at the p < 0.05 level. A third, 
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opposition to deportations (p=0.082), is significant at the p < 0.1 threshold. Finally, among white 

conservatives, only the 9.1-point increase in the percent who perceive there to be ‘a lot/a great 

deal’ of discrimination against blacks remains significant (p=0.001) at the p < 0.05 level. The 2-

point increase in the percent disagreeing that ‘blacks should work their way up without special 

favors’ item falls just short of this threshold (p=0.060), while similar increases in the percent 

agreeing with the ‘Generations of slavery and discrimination’ (+3.6%, p=0.842) item and in 

those supporting reparations (+1.2%, p=0.889) fall well above it. 

Overall, then, when adjusting the hypothesis tests to account for the presence of false 

positives, the variables that remain significant at least at the p < 0.05 threshold are largely limited 

to this study’s primary outcome variables. Such not only offers compelling evidence of the Floyd 

effect, but also its outcome specificity.  

Further evidence of this specificity can be found in comparisons of the change in the 

proportion of whites who perceive there to be ‘a lot’ or ‘a great deal’ of discrimination against 

blacks vs. other social groups.  Table 5.10 shows that, across all white subgroups, shifts in 

perceptions of discrimination against non-black groups were significantly smaller than, and often 

in the opposite direction to, shifts in perceptions of anti-black discrimination. Interestingly, we 

also again observe some evidence of a Floyd backlash among white Republicans and 

conservatives for whom the percent perceiving ‘a lot’ or ‘a great deal’ of anti-white 

discrimination went up 2.5 (p=0.004) and 1.7 (p=0.089) points, respectively. This is consistent 

with what was observed in the main analyses wherein it was found the effects of the Floyd 

incident on these subgroups’ racial liberalism and pro-white vs. black favorability ultimately 

moved in the racially conservative direction in the later days of the post-Floyd period96. 

 
96 While not reported above, a treatment x days interaction significantly positively predicted white Republican 
(ß=0.002; p < 0.001) and white conservative perceptions (ß=0.002; p=0.018) of anti-white discrimination. This once 
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Table 5.10 Change in share perceiving ‘a lot/a great deal’ of discrimination against 
different social groups 

 Whites Blacks Asians Muslims Christians Women Men 

Whites 0.009 
(0.006) 

0.092*** 
(0.007) 

-0.018** 
(0.006) 

-0.005  
(0.007) 

0.001  
(0.006) 

0.014*  
(0.007) 

0.001  
(0.005) 

White  
Democrats 

-0.016* 
(0.007) 

0.086*** 
(0.010) 

-0.037** 
(0.011) 

-0.005 
(0.010) 

-0.014* 
(0.007) 

0.010 
(0.011) 

-0.018* 
(0.009) 

White 
Republicans 

0.025** 
(0.009) 

0.093*** 
(0.009) 

-0.010 
(0.008) 

-0.008 
(0.010) 

0.011 
(0.009) 

0.015† 
(0.008) 

0.009 
(0.008) 

White  
Liberals 

-0.007 
(0.010) 

0.074*** 
(0.011) 

-0.029* 
(0.014) 

0.011 
(0.012) 

-0.021* 
(0.009) 

0.007 
(0.014) 

-0.018* 
(0.009) 

White 
Conservatives 

0.017† 
(0.010) 

0.092*** 
(0.011) 

0.003 
(0.009) 

0.002  
(0.012) 

0.023* 
(0.011) 

0.031** 
(0.010) 

0.019* 
(0.009) 

Note. Cell entries are unstandardized OLS coefficients with robust standard errors in parentheses. Coefficients for 
the political subgroups were estimated from treatment x party-ID/ideology interactions. Dependent variables are 
dichotomous (e.g. 0=None at all/A little/A moderate amount, 1=A lot/A great deal).  
†p < 0.1, *p < 0.05, **p < 0.01, ***p < 0.001. 

 

Though the Floyd incident may have most strongly affected perceptions of anti-black 

discrimination, this specificity is not equally manifest in comparisons of black/white vs. other 

group favorability ratings.  Table 5.11 shows the change in ‘favorable’ and ‘unfavorable’ 

responses for each of the 15 target groups featured in the dataset. These results make clear that 

shifts in favorability were not limited to blacks and whites. Looking only at the racial/ethnic and 

social group targets, we see that there is not a single one for which no significant movement can 

be found across any of the subgroups. We also see that, for whites as a whole, movement was 

greater in the favorability ratings of several other social groups than it was in those of whites and 

blacks. For instance, the percent reporting favorable and unfavorable impressions of gays and 

lesbians increased and decreased by +3.8 (p < 0.001) and -3 (p < 0.001) percentage points, 

respectively. In contrast, movement in the impressions of ‘whites’ and ‘blacks’ is limited to +2.6 

(p < 0.001) and +2.9 (p < 0.001) point increases, respectively, in the percent reporting 

‘unfavorable’ impressions. At the same time, it is noteworthy that ‘whites’ are the only social 

 
again suggests that the racially liberalizing effects of the Floyd incident were short-lived for these two subgroups, 
which was not the case for white Democrats and liberals.  
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group target that saw significant increases in ‘unfavorable’ responses across all white subgroups. 

For white Democrats and liberals, increases in unfavorable views of ‘white men’ (+3.1 and +4.8, 

respectively) constituted the single greatest shifts in sentiments towards any of the listed 

ethnic/racial and social groups. On the other hand, for white Republicans and conservatives, the 

largest singular changes were +5.7 (p < 0.001) and +6.7 (p < 0.001) point increases, respectively, 

in the percent reporting ‘unfavorable’ impressions of blacks. These are followed by +4.6 (p < 

0.001) and +5.2 (p < 0.001) point increases, respectively, in the percent reporting ‘favorable’ 

impressions of ‘gays and lesbians’.  

Table 5.11 Changes in whites’ favorability/unfavourability towards various social groups 
  Whites White 

Democrats 
White 

Republicans 
White 

Liberals 
White 

Conservatives 

Whites 
Favorable 0.006 

(0.006) 
-0.018† 
(0.010) 

0.004 
(0.007) 

-0.039** 
(0.012) 

0.006 
(0.009) 

Unfavorable 0.026*** 
(0.004) 

0.026** 
(0.008) 

0.023*** 
(0.005) 

0.044*** 
(0.011) 

0.020** 
(0.006) 

White 
 Men 

Favorable -0.001 
(0.006) 

-0.018 
(0.011) 

0.010  
(0.008) 

-0.041** 
(0.014) 

0.012  
(0.009) 

Unfavorable 0.025*** 
(0.005) 

0.031** 
(0.010) 

0.021*** 
(0.006) 

0.048*** 
(0.013) 

0.019** 
(0.006) 

Blacks 
Favorable 0.009 

(0.006) 
0.025** 
(0.009) 

-0.010  
(0.009) 

0.012 
(0.010) 

-0.022*  
(0.011) 

Unfavorable 0.029*** 
(0.005) 

0.003 
(0.007) 

0.057*** 
(0.008) 

0.007 
(0.008) 

0.067*** 
(0.009) 

Hispanics 
Favorable 0.026*** 

(0.007) 
0.020* 
(0.010) 

0.030** 
(0.009) 

0.010 
(0.011) 

0.025*  
(0.011) 

Unfavorable -0.021*** 
(0.005) 

-0.013* 
(0.007) 

-0.026*** 
(0.007) 

-0.012 
(0.008) 

-0.016*  
(0.009) 

Asians 
Favorable 0.027*** 

(0.007) 
0.020* 
(0.010) 

0.033** 
(0.009) 

0.005 
(0.011) 

0.034** 
(0.011) 

Unfavorable -0.026*** 
(0.004) 

-0.019** 
(0.006) 

-0.028*** 
(0.007) 

-0.010 
(0.008) 

-0.023** 
(0.008) 

Undocumented 
Immigrants 

Favorable 0.022** 
(0.007) 

0.018 
(0.011) 

0.026** 
(0.008) 

0.021 
(0.013) 

0.027** 
(0.009) 

Unfavorable -0.023** 
(0.007) 

-0.014 
(0.011) 

-0.029** 
(0.009) 

-0.028* 
(0.012) 

-0.025* 
 (0.010) 

Muslims 
Favorable 0.022** 

(0.007) 
0.022* 
(0.011) 

0.022*  
(0.010) 

0.022† 
(0.012) 

0.018  
(0.011) 

Unfavorable -0.015* 
(0.007) 

-0.019* 
(0.009) 

-0.012  
(0.010) 

-0.019† 
(0.010) 

-0.008 
 (0.012) 

Jews 
Favorable 0.007 

(0.006) 
0.004 

(0.010) 
0.014 

 (0.009) 
0.003 

(0.011) 
0.013  

(0.011) 

Unfavorable -0.009* 
(0.004) 

-0.008 
(0.006) 

-0.011†  
(0.006) 

-0.009 
(0.008) 

-0.010  
(0.007) 
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Evangelical 
Christians 

Favorable -0.003 
(0.007) 

-0.019† 
(0.011) 

0.008  
(0.010) 

-0.036** 
(0.013) 

-0.003  
(0.011) 

Unfavorable 0.001 
(0.007) 

0.018 
(0.011) 

-0.009  
(0.008) 

0.028* 
(0.014) 

0.005  
(0.008) 

Gays and 
Lesbians 

Favorable 0.038*** 
(0.007) 

0.028** 
(0.009) 

0.046*** 
(0.010) 

0.009 
(0.011) 

0.052*** 
(0.018) 

Unfavorable -0.030*** 
(0.006) 

-0.028*** 
(0.007) 

-0.036*** 
(0.010) 

-0.013 
(0.009) 

-0.033** 
(0.011) 

Socialists 
Favorable -0.008 

(0.007) 
-0.020† 
(0.012) 

0.001  
(0.007) 

-0.009 
(0.014) 

0.009  
(0.008) 

Unfavorable 0.003 
(0.007) 

0.012 
(0.010) 

0.001  
(0.009) 

0.001 
(0.012) 

-0.015  
(0.011) 

Labor Unions 
Favorable -0.020** 

(0.007) 
-0.045*** 

(0.011) 
-0.003  
(0.010) 

-0.055*** 
(0.013) 

0.004  
(0.012) 

Unfavorable 0.017* 
(0.006) 

0.034*** 
(0.009) 

0.005  
(0.010) 

0.042*** 
(0.011) 

0.000  
(0.012) 

Police 
Favorable -0.112*** 

(0.007) 
-0.201*** 

(0.011) 
-0.047*** 

(0.008) 
-0.228*** 

(0.013) 
-0.032*** 

(0.009) 

Unfavorable 0.127*** 
(0.006) 

0.214*** 
(0.011) 

0.061*** 
(0.007) 

0.232*** 
(0.013) 

0.045*** 
(0.008) 

Republicans 
Favorable -0.012 

(0.007) 
-0.036*** 

(0.009) 
0.003  

(0.008) 
-0.047*** 

(0.011) 
0.006  

(0.010) 

Unfavorable 0.010 
(0.007) 

0.034** 
(0.010) 

0.003  
(0.007) 

0.039** 
(0.012) 

-0.003  
(0.008) 

Democrats 
Favorable -0.001 

(0.007) 
-0.002 
(0.009) 

-0.005  
(0.008) 

0.005 
(0.011) 

0.002 
 (0.009) 

Unfavorable -0.001 
(0.007) 

0.004 
(0.007) 

0.005  
(0.009) 

-0.001 
(0.010) 

-0.003 
 (0.010) 

Note. Cell entries are unstandardized OLS coefficients with robust standard errors in parentheses. 
Coefficients for the political subgroups were estimated from treatment x party-ID/ideology interactions 
Dependent variables are dichotomous (e.g. 0=Neutral/Favorable, 1=Unfavorable).  
†p < 0.1, *p < 0.05, **p < 0.01, ***p < 0.001. 

 

Considering now the political group targets, we see that the favorability ratings of 

‘police’ saw the greatest change of all group targets. Among white Democrats and liberals, for 

instance, ‘unfavorable’ views of the police jumped roughly +21 (p < 0.001) and +23 (p < 0.001) 

percentage points, respectively. Unfavorable views of the police also increased among white 

Republicans (+6.1; p < 0.001) and conservatives (+4.5; p < 0.001), though much more modestly. 

While not surprising, such constitutes the most unambiguous evidence of the causal effects of the 

Floyd incident. Less expected, at least upon first examination, is that these causal effects also 

appear to extend to ‘labor unions’, which, at least traditionally, are generally allied with the 

Democratic Party. While no changes significant changes are observed for white Republicans and 
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conservatives, among white Democrats, favorable and unfavorable views of ‘labor unions’ 

dropped and increased -4.5 and +3.4 percentage points, respectively, in the 38-day post-Floyd 

period. Among white liberals, these figures were -5.5 and +4.2 percentage points. A plausible 

explanation of these findings is that attitudes were not souring on labor unions per se, but to 

police unions and their perceived resistance to policy reforms. While only suggestive, Figure 10 

below indeed shows that Tweets and Google searches referring to ‘police union(s)’ spiked in the 

post-Floyd period. But as this question is largely tangential to the thrust of the current study, I 

will leave it aside for future research.  

 

Figure 5.17 Pre and post-Floyd trends in the frequency of Twitter tweets mentioning (left) and Google search 
interest (right) in the term ‘police union(s)’ 

 

Finally, of the two partisan target groups, significant changes obtain only for 

favorability/unfavourability of Republicans among white Democrats and liberals. Among the 

former group, favorability of Republicans fell 3.6 points (p < 0.001) while unfavorability 

increased 3.4 points (p=0.002). For white liberals, these figures were -4.7 (p=0.001) and +3.9 

(p=0.001) percentage points. On one hand, this could suggest that the ‘Floyd effect’ is essentially 
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a partisan effect. That is, to the extent that non-whites and homosexuals are associated with the 

Democratic party; and to the extent that the response of Trump and Republican Party to the 

Floyd incident was perceived as antagonizing and unsympathetic, it’s possible that the Floyd 

incident made white Democrats and liberals more favorable to political ingroup members and 

less favorable towards groups (whites, white men, evangelical Christians, police etc.) associated 

with the political outgroup. And yet this interpretation can’t readily explain why unfavorability 

of whites initially increased among white Republicans and conservatives—nor does it account 

for their increases in favorable views of Asians, Hispanics, and homosexuals97.  

5.6 Discussion 

The current study sought to replicate and extend some of the findings reported in chapter 

4 by examining white racial attitudes and the frequency of racial equalitarian media both before 

and after the May 25th death of George Floyd. First, it was predicted that the Floyd incident 

would result in significant increases in racial liberalism and in support for reparations, and in 

significant decreases in favorable views of whites vs. blacks. All of these predictions bore out in 

the data. Compared to the 38 days preceding the Floyd incident, white racial liberalism—i.e. the 

percent perceiving ‘a lot/a great deal’ of discrimination against blacks, disagreeing that blacks 

should work their way up ‘without special favors’, and agreeing that slavery and discrimination 

has impeded black advancement—was significantly higher in the 38-day post-Floyd period. So 

was support for granting cash reparations to blacks, which saw a roughly 3 percentage point 

increase. In the other direction, we observed a significant decrease in the extent that whites were 

rated more favorably than blacks. We also saw that the frequency of racial equalitarian media, 

 
97 The idea that these latter increases result from greater social desirability pressures in the post-Floyd period is also 
dubious, as it does not explain why white Republicans and conservatives felt ‘comfortable’ reporting greater 
negativity towards blacks.  
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which was found to be a robust predictor of racial liberalism in chapter 4, spiked considerably in 

the post-Floyd period; and that this increase partially and almost entirely mediated the effects of 

the Floyd incident on white racial liberalism and support for reparations, respectively.  

However, it was ultimately learned that both the magnitude and nature of the treatment’s 

effects were obscured by intra-white polarization. Consistent with hypotheses 8A-10A, the Floyd 

incident was found to have a significantly stronger liberalizing effect on the racial attitudes of 

white Democrats and liberals than on those of their Republican and conservative counterparts. 

First, among the former two subgroups, scores on the racial liberalism index were roughly a 

quarter of a standard deviation higher in the post-Floyd period—an increase that was more than 

double the size of the one observed among white Republicans and conservatives. What is more, a 

series of interaction models showed that the positive effects of the Floyd incident on the racial 

liberalism of these latter two subgroups ultimately turned negative—moving attitudes in the 

conservative direction—in the later days of the post-Floyd period. Importantly, this pattern was 

not observed among white Democrats and liberals. To the contrary, we observed some evidence 

that the positive effects for these subgroups grew (in the racially liberal direction) with the 

passage of time.   

Second, and supporting H9A, declines in pro-white vs. black favorability were found to 

be significantly larger among white Democrats and liberals than Republicans and conservatives. 

For white Democrats and liberals, these larger declines were the largely the result of concurrent 

decreases in favorable views of whites, on one hand, increases in unfavorable views of whites, 

on another. But among white Republicans and conservatives, initial increases in unfavorable 

views of whites ultimately faded and were overtaken by larger increases in unfavorable views of 

blacks. Together with the ultimately negative effects of the Floyd incident on these subgroup’s 
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racial liberalism, as well the small increase in the percent perceiving ‘a lot/a great deal’ of 

discrimination against whites, these findings are suggestive of a right-wing backlash against the 

rhetoric and perceived violence of subsequent Floyd protests. At the same time, they also suggest 

that the Floyd incident activated ingroup-critical emotions among all white subgroups, but 

particularly among white Democrats and liberals98. This interpretation, though, is somewhat 

complicated by the fact that significant swings in the favorable/less unfavorable direction were 

also observed in the favorability ratings of other social groups99, such as homosexuals (among all 

but white liberals), Asians (among all but white liberals), Hispanics (among whites as a whole, 

white Democrats, and white Republicans), and Muslims (among all but white conservatives). 

However, given that moral shame is thought to encourage a broader form of pro-sociality or 

‘pro-outgroupness’, these findings are not altogether inconsistent with this dissertation’s theory.   

Third, though the Floyd incident significantly increased support for reparations across 

most of the white subgroups, this increase was found to be significantly larger among white 

Democrats (+6.3 points) and liberals (+7.9) than Republicans (+1.8) and conservatives (+2). 

While even the former two increases are not especially large, the reader should bear in mind that 

this is a policy on which public opinion has remained relatively stable across time. For instance, 

 
98 Indeed, as we will see in the next chapter, white shame appears to be one of, if not the strongest predictor(s) of 
rating blacks (among other racial/ethnic outgroups) more favorably than whites.  
99 While there may be many other possible accounts of this pattern, one possibility is that, given the close 
association and active collaboration between the Black Lives Matter and LGBT movements, protests against racial 
injustice will inevitably feature rhetoric in support of LGBT rights. In fact, as shown on the left side of the figure in 
Appendix B.1, the Floyd incident clearly occasioned an increase in both Twitter mentions of and Google search 
interest in ‘LGBT’. Thus, the public salience of LGBT issues was clearly greater in the post-Floyd than pre-Floyd 
period. Second, in recent years, ‘people’ or ‘communities of color’ have become the dominant umbrella terms for 
non-whites, particularly in discussions of racial justice and inequality. And, similar to the trends in ‘LGBT’, the 
right side of the figure in Appendix B.1 shows that Tweets and Google searches referring to ‘of color’ and ‘PoC’ 
jumped considerably in the post-Floyd period. An implication here is that the rhetoric surrounding racial incidents 
that implicate blacks increasingly refer to non-whites as a whole. Thus, the association of ‘blacks’ with ‘people of 
color’ entails that incidents that trigger sympathy towards blacks effectively triggers sympathy to non-whites as a 
whole. In fact, this is precisely one of the predicted effects of white moral shame that will be tested in a later 
chapter.   
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the available polling data100 on this policy question shows that between 1997 and 2015, support 

for reparations among white Democrats ranged between 11-13%. A more than 6 point increase in 

the space of several weeks is thus quite unprecedented. And, given their documented 

relationships with support for reparations, it also suggests that, as my theory would predict, the 

Floyd incident increased the salience of ingroup-critical emotions.  

Finally, auxiliary hypotheses H8B-10B received partial support in the data. With respect 

to H8B,  the results showed that frequency of racial equalitarian media (REM) mediated roughly 

a third the Floyd treatment’s positive effects on racial liberalism among whites as a whole. More 

dramatically, and supporting H10B, it was found that REM completely mediated the treatment’s 

positive effects on whites’ support for reparations. Crucially, in both cases, the results of 

subsequent moderated mediation models revealed that these indirect effects via REM were larger 

and only significant for white Democrats and liberals—i.e., groups that are more likely to tune 

into and consume (vs. avoid) REM messaging. Coupled with the findings of chapter 4, this 

suggests that increases in racial liberalism among white Democrats and liberals are far more a 

function of increases in REM than is the case for white Republicans and conservatives. On the 

other hand, that none of the liberalizing effects of the Floyd incident on the racial attitudes of 

white Republicans and conservatives were significantly mediated through REM; and, further, 

that these groups’ racial attitudes ultimately trended back in the racially conservative direction as 

the post-Floyd days elapsed suggests that they are more likely to ultimately tune out REM 

messaging and tune into racially conservative messaging.  

 

 
100 A time series graph for this item, along with all the data sources used in its construction, can be found Appendix 
B.2 
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One glaring exception to the pattern of REM mediation was H9B, which received limited 

to no support in the data. Specifically, the treatment’s indirect effects via REM on white vs. 

black favorability ratings were not significant for whites overall nor for any of the 4 political 

subgroups. Why this was the case is unclear. One unexplored possibility is that the treatment’s 

effects on favorability ratings were actually mediated by racial liberalism. By this account, REM 

essentially acted as a distal mediator; that is, it spurred increases in racial liberalism, which in 

turn, spurred decreases in white vs. black favorability101. If true, it would suggest that changes in 

some racial attitudes follow from REM-driven changes in others. Future research should 

examine whether this is indeed the case.  

5.7 Conclusion 

The current chapter attempted to fill several of the outstanding empirical gaps from the 

previous. One of its central findings was that the Floyd incident effected attitudinal outcomes 

(increased negativity towards whites, support for reparations) that are both theoretically and 

empirically linked to ingroup-critical emotions. If only indirectly, it also offered evidence 

suggesting that white Democrats and liberals—those whose egalitarian moral commitments 

make them more susceptible to their expression—experience these emotions more strongly than 

their Republican and conservative counterparts. However, to be compelling, the case for this 

dissertation’s theory cannot rest on indirect evidence alone. Despite frequent references to the 

influence of ingroup-critical emotions on white racial attitudes, I’ve yet to present any evidence 

that directly substantiates this supposition. And actual measures of these emotions have thus far 

 
101 Consistent with this, the effects of the treatment on the white vs. black favorability ratings of white Democrats 
and liberals are reduced to insignificance when adjusting for racial liberalism. A proper test of this account, though, 
requires the fitting and comparison of this and alternative mediation model specifications.  
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been absent.  Thus, in the chapters that follow, we will finally move beyond ‘indirect’ evidence 

and ‘suggestive’ relationships and head-on confront this dissertation’s core propositions.  
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6 INGROUP-CRITICAL EMOTIONS AND RACIAL LIBERALISM 

6.1 Introduction 

The purpose of the current chapter is severalfold. First and most basic, it will attempt to 

demonstrate what has hitherto been only theoretical: i.e. that ingroup-critical emotions are 

important predictors of racial policy liberalism, and pro-outgroup orientations more generally. 

But more than that, it will also compare their predictive effects to those of other attitudinal 

measures, such as racial resentment and social dominance, which are considered by some to be 

the primary determinants of white racial attitudes. Towards facilitating these analyses, this 

chapter will also examine whether, as theory and past research suggest, the ingroup-critical 

emotions of shame and guilt are statistically distinguishable constructs. Part of this test will rest 

on the results of a factor analysis, while another will explore whether, as expected, shame 

predicts a broader form of ‘pro-outgroupness’ than does guilt. Finally, this chapter will attempt 

to shed light on the root of ideological differences in the expression of ingroup-critical emotions. 

Such is important not only for setting the stage for the chapter that follows, but also for 

explaining why the racial attitudes of white liberals are more sensitive to shifts in the salience of 

racial equalitarian media.   

This chapter proceeds as follows. First, I will introduce the data and the variables that 

will feature in subsequent analysis. Next, I will conduct both exploratory and confirmatory factor 

analyses in an attempt to verify that shame and guilt are statistically distinguishable, and thus 

worthy of being treated as separate variables. Tests of primary hypotheses will follow, which 

will examine the relationships between ingroup-critical emotions and support for pro-black and 

liberal immigration policies. Thereafter, ideological differences in ingroup-critical emotions will 

be examined, including the potential of racial resentment to account for them. This analysis 



232 
 

 

consists of three parts. The first uses factor analysis to determine whether racial resentment, 

moral shame and guilt are statistically distinguishable concepts. The second uses factor analysis 

to test whether, as theorized, racial resentment is statistically indistinguishable from societal vs. 

endogenous attributions of racial inequality. The third uses linear regression to examines the 

extent that controlling for this expected general racial resentment factor accounts for liberal-

conservative differences in moral shame and guilt. A final empirical section consists of a 

robustness check and an attempted replication of primary hypotheses on other data.   

6.2 Data/Methods 

The primary data featured in this chapter was gathered via the online crowdsource survey 

service Prolific in collaboration with a fellow researcher from the Department of Psychology at 

Michigan State University102. Data collection commenced and was completed on August 27, 

2020. Overall, the survey drew participation from 1,011 American adult respondents who were 

compensated at a rate of $10 per hour of their time. Of this sample, 59 respondents indicated a 

racial/ethnic background other than ‘White American/Caucasian’ and were excluded from the 

dataset103. An additional 62 respondents had missing data on one or more model-relevant 

variables. To keep the sample size constant across models, these respondents are also excluded 

from analyses, leaving an operational sample of 890 respondents (Mean age=34.3, SD=12.59). In 

 
102 This study received the approval of the Institutional Review Board at Michigan State University (MSU). It was 
funded by an internal grant received by collaborator and MSU Department of Psychology member, Carlos David 
Navarrete.   
103 To clarify, Prolific allows for pre-screening of respondents on various background traits, including race and 
ethnicity. And my collaborator and I made sure to apply a filter that ostensibly limited the availability of the survey 
to non-Hispanic white American respondents. However, Prolific profiles of respondents may contain faulty or 
outdated information. Where discrepancies surfaced between the race/ethnicity listed on the respondents’ Prolific 
profiles and that reported during the survey, such respondents were dropped from the data.  
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terms of demographic and political composition, 47% of this sample identified as male, 66.6% as 

Democrat104 (vs. 23.9% Republican), and 55.5% reported having a Bachelor’s degree or more.  

6.2.1 Primary Variables 

6.2.1.1 Ingroup-critical emotions 

Collective shame is measured with two separate 4-item and 3-item indexes105, all of 

which are adapted from Brown et al. (2008). Each index corresponds to one of two theorized 

dimensions of shame: moral shame and image shame. Recall (see section 2.2.3.2 of Chapter 2) 

that earlier researchers mistakenly concluded that shame was predictive of anti-social behavior. 

More recently, however, researchers have argued that this relationship is, in fact, an artifact of 

not partialing ‘image shame’ from ‘moral shame’, the latter of which is predictive of pro-

sociality (Allpress et al. 2014). A true account of moral shame’s relationship with pro-outgroup 

attitudes thus requires that we adjust for variation in the former that is more related to 

reputational than moral concerns.  Likewise, an accurate reading of the effects of ‘image shame’ 

on pro-outgroup attitudes requires that we remove variation related to moral shame. Of course, if 

these two dimensions of shame are statistically indistinguishable, then the theoretical distinction 

between them is moot (if not questionable) and a singular ‘collective shame’ index would be 

justified. The same applies to collective guilt, which is operationalized with an index consisting 

of four 7-point Likert items that were also adapted from Brown et al. (2008). Specifically, if 

variation in the items constituting my measure of guilt largely overlap with variation in those 

intended to capture shame, then there’s little to gain (apart from strong multicollinearity) from 

treating them as separate constructs in this study’s analyses. The first analysis below will thus be 

 
104 This political imbalance informed my decision to attempt a replication of reported findings in more representative 
samples.  
105 The items and their descriptive statistics are presented in Table 6.1 below.   
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a factor analysis to determine the degree of unique variation in each of the three affective 

constructs. In the meantime, question wordings and descriptive statistics for each of the items 

comprising the three measures of ingroup-critical emotions are provided in Table 6.1 below. 

Each item is measured along a 7-point Likert scale ranging from ‘Strongly disagree’ (1) to 

‘Strongly agree’ (7).  

Table 6.1 Measures of white moral shame, image shame, and guilt 
 N Mean SD 

Moral Shame  --- --- 
When I think of the manner in which black people have been treated, I sometimes think 
that we white Americans are racist and mean. 940 4.90 1.91 

My racial group’s treatment of black people makes me feel somewhat ashamed about 
what it means to be white. 
 

940 4.60 2.05 

I feel ashamed for the racist tendencies of white people 940 5.11 1.87 
I do not feel ashamed to be white for the way we treated black people (r) 
 940 4.40 1.85 

Image Shame    
I feel humiliated when I think of how white Americans are seen negatively by others for 
how they have treated black people 937 3.84 1.87 

I feel disgraced because the behavior of white Americans towards black people has 
created a bad image of white Americans in the eyes of others 937 4.36 1.87 

To think how white Americans are seen for their treatment of black people makes me 
feel ashamed 937 4.29 1.86 

Guilt    
I feel guilty for the manner in which black people have been treated by white 
Americans 
 

938 4.59 2.00 

I feel guilty about the social inequalities between white and black people. 
 938 4.49 1.97 

Even if I have done nothing bad, I feel guilty for the behavior of white Americans 
towards black people 938 4.41 2.04 

When I think about then racism that exists towards black people, I feel guilty to be a 
White American. 938 3.84 2.01 

Note. All items are answered on a 7-point scale ranging from ‘strongly disagree’ to ‘strongly agree’. 

6.2.1.2 Pro-black policy support 

I operationalize pro-black policy support with three different items. The first is a measure 

of support for affirmative action for blacks in the labor market, which was taken from the 

General Social Survey. This item begins by briefly stating general arguments in favor of (‘Some 

people say that because of past discrimination, black people should be given preference in hiring 
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and promotion’) and against (‘Others say that such preference in hiring and promotion is wrong 

because it discriminates against whites’). Respondents are then asked to give their own opinion 

on a 5-point scale (1=Oppose strongly, 5=Favor strongly; Mean=2.88, SD=1.32). The second 

item, which is also taken from the General Social Survey, is a measure of support for 

government assistance for blacks. As with the affirmative action measure, this item begins with a 

general argument in favor of (‘black people have been discriminated against for so long’)  and 

against (‘should not be giving special treatment’) the government having a “special obligation to 

help improve [black people’s] living standards”. Respondents are then asked to place themselves 

on a 5-point scale (Mean=3.46, SD=1.39) ranging from ‘I strongly feel that our government 

should not be giving special treatment to black’ (1) to ‘I strongly feel that our government should 

help black people’ (5). A third and final item, which was taken from a September 2019 AP-

NORC survey, measures support for paying reparations for “slavery and racial discrimination in 

this country by making cash payments to African Americans who are descendants of slaves” on a 

5-point scale (1=Oppose strongly, 5=Favor strongly; Mean=2.88, SD=1.50).  

The above items form a reliable index106 (α=0.878), with Spearman Rho correlation 

coefficients ranging from 0.689 to 0.732. I thus generate a summary scale by averaging them 

together and standardizing the composite to a mean of 0 and a standard deviation of 1. But, as a 

check of robustness, I will also analyze these outcomes individually to ensure that no single item 

is responsible for the summary scale’s relationship with any of the ingroup-critical emotions.  

6.2.1.3 Immigration liberalism 

To test whether, as predicted, ingroup-critical emotions spillover to attitudes and policies 

implicating non-black racial/ethnic minority groups, I include three different measures of 

 
106 A Cronbach’s Alpha test shows that reliability significantly declines if any of the three items are dropped.  
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immigration policy attitudes. The first item measures support for increasing [legal] immigration 

into the US with a question taken from the General Social Survey. This question reads: “Do you 

think the number of immigrants from foreign countries who are permitted to come to the US to 

live should be increased, decreased, or kept the same as now?”. Responses (Mean=4.64, 

SD=1.56) range from ‘Decreased a lot’ (1) to ‘Increased a lot’ (7).  

A follow-up question, which I personally developed for the current study, asked 

respondents to indicate the percent of immigration admissions that they think should be allocated 

to “European and non-European countries”. Respondents were asked to enter a percentage figure 

(MeanEuropean=44.54%, SD=16.38%) blank boxes corresponding to each set of countries. 

 As a check against the possibility that the expected pro-immigration effects of collective 

shame differ as a function of the legality of the immigration in question, a second item that asks 

about decriminalizing illegal border crossings was taken from the 2018 American National 

Election Studies Pilot survey. This item measured the extent that respondents either favor or 

oppose “ending criminal penalties for people crossing the US border illegally” on a 5-point scale 

(1=Oppose strongly, 5=Favor strongly; Mean=3.27, SD=1.44).  

6.2.1.4 Racial ingroup vs. outgroup warmth 

I measure the tendency to favor racial outgroups over one’s racial ingroup with four 0-

100 feeling thermometers, which ask respondents to rate their feelings towards whites (i.e. the 

ingroup; Mean=70.42, SD=23.29), blacks (Mean=72.33, SD=23.38), Hispanics (Mean=72.33, 

SD=23.16), and Asians (Mean=73.78, SD=22.36).  I then subtract the white thermometer scores 

from each of the three racial/ethnic outgroup scores to create warmth differential scales. As the 

three differential scales form a reliable composite index (α=0.952), I also generate a summary 

scale by averaging across them (Mean=2.39, SD=24.02).  
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6.2.1.5 Pro-outgroup behavior 

To examine the possibility that the effects of ingroup-critical emotions on attitudinal 

outcomes are driven by socially desirability pressures, I design and include a measure of pro-

outgroup behavior. This measure begins by introducing respondents to two non-profit advocacy 

organizations—one of which is committed to “dismantling systemic racism and building anti-

racist multicultural diversity within institutions and communities”, and another that is committed 

to “overturning strict immigration laws and defending the rights of undocumented and new 

immigrants”. Respondents are then told that these organizations are “financially dependent on 

individual donations to fund their operations”; and that the researchers would like to give them 

“the opportunity to make a contribution of up to ten dollars to each organization”. Respondents 

are then instructed to indicate their intended monetary donations on sliding scales (MeanAnti-

racism=3.79, SD=3.81; MeanPro-immigration= 3.66, SD=3.78) ranging from 0 (i.e. no donation) to 10 

(maximum donation). Finally, to bolster the credibility of the cover story, respondents are told 

that the researchers will “record [their] contributions and follow up with more information at the 

conclusion of the survey”.  

6.2.2 Secondary/Control Variables 

6.2.2.1 Symbolic racism 

Given that some consider it to be the most robust predictor of racial policy attitudes, it 

important that I compare the predictive effects of ingroup-critical emotions to those of symbolic 

racism. In the current study, I operationalize this construct with Kinder and Sanders’ (1996) four-

item ‘racial resentment’ scale (e.g. ‘Generations of slavery and discrimination have created 

conditions that make it difficult for blacks to work their way out of the lower class’), which 

respondents respond to on 5-point Likert scales (1=Strongly agree, 5=Strongly disagree). Where 
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necessary, I reverse-code the items so that higher scores denote greater racial liberalism. The 

composite scale (α=0.899; Mean=3.72, SD=1.17) is generated by averaging the responses across 

the 4 items. I then standardize the scale to a mean of 0 and a standard deviation of 1.  

It should be noted that controlling for racial resentment entails a very rigorous test of the 

independent pro-social effects of ingroup-critical emotions. This is partly because, as some 

researchers have argued (e.g. Schuman, 2000; Carmines, Sniderman, & Easter, 2011), the racial 

resentment scale conflates racial prejudice with opposition to liberal racial policies. A 

consequence of this (i.e. content overlap between X and Y variables) is an artificial inflation of 

racial resentment’s relationship with separate measures of support for liberal racial policies. In 

the current study, this means that controlling for racial resentment in models of pro-black policy 

support may misleadingly render the effects of other predictors insignificant. Nonetheless, 

controlling for it is important for determining whether ingroup-critical emotions account for 

unique variation in racial policy attitudes or whether their effects are mostly redundant.  

6.2.2.2 Attributions for racial inequality and perceptions of racial discrimination 

One of the hypotheses tested in this chapter is that racial resentment will account for 

ideological differences in ingroup-critical emotions. The underlying reasoning is that the 

expression of the latter is conditional on the perceived legitimacy of black-white status 

differences, which, itself, is argued to be a function of the extent that a person attributes black 

disadvantage to past and/or present bias and discrimination vs. endogenous group factors (e.g. 

cultural deficits, illegitimacy rates). I join past researchers in contending that the racial 

resentment scale largely measures these attributional tendencies. To test this assumption, I 

examine racial resentment’s relations to three measures—two of which I personally developed--

that capture (a) perceptions of the severity of anti-black discrimination in contemporary US 
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society, and (b) the extent that a respondent thinks that past and/or present discrimination 

explains contemporary black-white inequalities. The wording of each of the three items is shown 

in Table 6.2. In the first, respondents are asked to indicate on a 0-100 scale the extent they 

believe that socio-economic inequalities between blacks and whites are due to past and/or current 

racial discrimination and bias107. The second gets at the same question by asking respondents the 

extent that they disagree or agree with the notion that equal economic outcomes between blacks 

and whites would prevail today in the absence of past and/or present discrimination. The third 

and final item simply measures respondents’ perceptions of the severity of existing anti-black 

discrimination. While all three items do form a reliable index (α=0.818), they are used only for 

assessing their statistical relations with the racial resentment indicators.  

Table 6.2 Measures of attributions for racial inequality 
 N Scale Mean SD 

On average, African-Americans have worse jobs, income, and housing than 
white people. Using the sliding scale below, to what extent do you think these 
differences are the result of past and/or current racial discrimination and 
bias? A 0 on the scale below means that you think they are not at all due 
to past and/or current discrimination and bias; a 50 would mean that you think 
they are equally due to past and/or current discrimination and bias AND other 
factors unrelated to discrimination and bias; and an 100 would mean that you 
think it is entirely due to past and/or current discrimination and bias. 
 

936 0-100 65.03 27.84 

To what extent do you agree or disagree with the following statement? 
 
If not for past and current discrimination, black and whites today would earn the 
same incomes 
 

936 1-7 4.97 1.57 

Please tell me how much discrimination there is against each of the following 
groups in our society today. Would you say there is a lot of discrimination, 
some, only a little, or none at all? Blacks. 
 

936 1-5 4.00 1.05 

 

 
107 Some of the wording for this item was adopted from the General Social Survey’s measures of racial inequality 
attributions. These measures differ from the one I use in that they list four different causes (e.g. lack of education) 
and ask respondents on a dichotomous yes/no scale whether they think black-white differences are mainly due to 
each. The advantage of my measure is that it is designed to better get at the extent that respondents feel black-white 
differences are accounted for by discrimination vs. other factors. Its primary disadvantage is that it does not probe 
the specific ‘other factors’ that respondents attribute black-white inequality to. For present purposes, though, this 
disadvantage is irrelevant as my interest is solely in determining how much respondents attribute black-white 
differences to discrimination and bias.  
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6.2.2.3 Social dominance  

By my theory, the expression of ingroup-critical emotions should be at least partly 

dependent on one’s orientation to social inequality and social hierarchies. Thus, specifying 

models that include both measures of emotions and orientations is highly questionable if the 

researcher’s interest is in the former’s relationship with racial policy attitudes. But for the same 

reason that I control for racial resentment, I opted to include social dominance orientation as a 

control variable in certain models to examine the extent that the effects of ingroup-critical 

emotions are independent. Specifically, I use the abbreviated 8-item SDO7 battery developed 

and tested in Ho et al. (2015). Half of these 7-point (1=Strongly disagree; 7=Strongly agree) 

items are designed to measure the ‘pro/anti-dominance’ dimension of SDO (e.g. ‘An ideal 

society requires some groups to be on top and others to be on the bottom’), while another half is 

intended to capture its ‘pro/anti-egalitarian’ dimension  (e.g. ‘Group equality should not be our 

primary goal’). I recode each of the items so that higher scores reflect stronger anti-dominance 

and pro-egalitarian orientations, respectively. I then create summary measures for each of the 

two dimensions by averaging responses to the 4 dominance (α=0.815, Mean=5.75, SD=1.21) and 

4 egalitarianism (α=0.785, Mean=5.52, SD=1.22) items. These summary measures are then 

standardized to a mean of 0 and a standard deviation of 1.  

6.2.2.4 Demographic/Background variables 

As additional controls, I include measures of age, sex (0=Female, 1=Male), education 

(1=High school or less, 4=Graduate degree), political ideology (1=Very liberal, 7=Very 

conservative), and party affiliation (1=Strong Democrat, 7=Strong Republican).  
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6.3 Results/Analysis 

6.3.1 Are white moral shame, image shame, and guilt statistically distinct? 

To assess the empirical case for operationalizing shame and guilt with three separate 

indexes, I begin by subjecting their constituent items to exploratory factor analysis. I use oblique 

promax rotation to allow for intercorrelations between factors.  The results, along with the 

descriptive statistics and question wording for each 7-point item (1=Strongly disagree, 

7=Strongly agree), are provided in Table 6.3. Overall, they support the 3-factor solution 

suggested by recent theory. The items designed to tap moral shame load separately (with 

loadings ranging from 0.519 to 0.739) from those intended to get at image shame and guilt. 

Likewise, the items developed to measure image shame load separately (0.726 to 0.789) from 

those relating to moral shame and guilt. Finally, the guilt items load more strongly on a third 

factor (0.512 to 0.802) than either of the factors representing moral and image shame. 

Table 6.3 Results of exploratory factor models 
 Moral 

Shame 
Image 
Shame Guilt 

When I think of the manner in which black people have been treated, I 
sometimes think that we white Americans are racist and mean. 0.739 0.008 0.143 

My racial group’s treatment of black people makes me feel somewhat ashamed 
about what it means to be white. 
 

0.682 0.086 0.171 

I feel ashamed for the racist tendencies of white people 0.568 0.135 0.273 
I do not feel ashamed to be white for the way we treated black people (r) 
 0.519 -0.012 0.111 

I feel humiliated when I think of how white Americans are seen negatively by 
others for how they have treated black people -0.100 0.789 0.093 

I feel disgraced because the behavior of white Americans towards black people 
has created a bad image of white Americans in the eyes of others 0.128 0.735 0.048 

To think how white Americans are seen for their treatment of black people 
makes me feel ashamed 0.154 0.726 0.095 

I feel guilty for the manner in which black people have been treated by white 
Americans 
 

0.087 0.076 0.802 

I feel guilty about the social inequalities between white and black people. 
 0.146 0.075 0.749 

Even if I have done nothing bad, I feel guilty for the behavior of white 
Americans towards black people 0.157 0.131 0.640 

When I think about then racism that exists towards black people, I feel guilty to 
be a White American. 0.205 0.157 0.512 
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Proportion of variance explained 0.735 0.675 0.799 
X2 10000 
N 937 

Note. Cell entries are oblique-rotated factor loadings. 

I next attempt to validate this 3-factor structure via a confirmatory factor analysis108, the 

results of which are presented in Table 6.4. Column (a) tests a one factor model in which all 

items form a common dimension. Measures of fit suggest that this model fits the data relatively 

poorly (R-RMSEA=0.226, R-CFI=0.961, R-TLI=0.951). Columns (b) and (c) test different two-

factor models. The first tests the assumption that image and moral shame form a common 

dimension, which is distinct from white guilt. The fit of this model is superior to the previous 

one-factor model, but still poor relative to the models that follow (R-RMSEA=0.200, R-

CFI=0.970, R-TLI=0.961). A second two-factor model tests the assumption that moral shame 

and guilt form a common dimension whose variation is distinct from that of image shame. This 

model is found to be superior to the previous two-factor model, but still fits the data rather poorly 

(R-RMSEA=0.150, CFI=0.983, TLI=0.978). Column (d) tests the theorized three-factor model in 

which the indicators comprising each emotion form unique respective dimensions. Of the four 

models tested thus far, measures of fit indicate that this three-factor model offers the best fit to 

the data (R-RMSEA=0.105, R-CFI=0.992, R-TLI=0.989). Thus, a three-factor solution receives 

the most support in the data. However, a glance at the inter-factor correlations reveals very 

strong relationships between factors, particularly between moral shame and guilt (0.933).  

 

 

 

 
108 All confirmatory factor analyses in this chapter are conducted using R’s lavaan package, which offers superior 
flexibility to Stata’s ‘SEM’ command when it comes to modeling non-continuous data. For the estimation method,  I 
use diagonal weighted least squares as it provides more accurate parameter estimates than maximum likelihood 
when assumptions of multivariate normality are violated and/or when data are ordinal.  
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Table 6.4 Results of confirmatory factor models 
 (a) (b) (c) (d) (e) (f) 

 Factor  
1 

Factor  
1 

Factor  
2 

Factor  
1 

Factor  
2 

Factor  
1 

Factor  
2 

Factor  
3 

General 
Factor 

Factor  
1 

Factor  
2 

Factor  
3 

General 
Factor 

When I think of the manner 
in which black people have 
been treated, I sometimes 
think that we white 
Americans are racist and 
mean. 

0.831  
(0.011) 

0.844 
(0.010) --- 0.838 

(0.010) --- 0.858 
(0.016) --- --- --- 0.399 

(0.026)   0.786 
(0.014) 

My racial group’s treatment 
of black people makes me 
feel somewhat ashamed 
about what it means to be 
white. 
 

0.912 
(0.006) 

0.938 
(0.006) --- 0.919 

(0.006) --- 0.954 
(0.019) --- --- --- 0.365 

(0.020)   0.885 
(0.009) 

I feel ashamed for the racist 
tendencies of white people 

0.873 
(0.008) 

0.895 
(0.008) --- 0.881 

(0.008) --- 0.912 
(0.018) --- --- --- 0.225 

(0.021)   0.864 
(0.010) 

I do not feel ashamed to be 
white for the way we treated 
black people (r) 
 

0.675 
(0.016) 

0.688 
(0.017) --- 0.684 

(0.016) --- 0.706 
(0.014) --- --- --- 0.320 

(0.022)   0.648 
(0.018) 

I feel humiliated when I 
think of how white 
Americans are seen 
negatively by others for how 
they have treated black 
people 

0.763 
(0.013) 

0.777 
(0.013) --- --- 0.822 

(0.012) --- 0.822 
(0.013) --- ---  0.532 

(0.020)  0.672 
(0.018) 

I feel disgraced because the 
behavior of white Americans 
towards black people has 
created a bad image of white 
Americans in the eyes of 
others 

0.799 
(0.011) 

0.812 
(0.011) --- --- 0.862 

(0.010) --- 0.863 
(0.014) --- ---  0.480 

(0.019)  0.722 
(0.016) 

To think how white 
Americans are seen for their 
treatment of black people 
makes me feel ashamed 

0.862 
(0.009) 

0.882 
(0.008) --- --- 0.961 

(0.006) --- 0.960 
(0.017) --- ---  0.470 

(0.017)  0.808 
(0.012) 

I feel guilty for the manner in 
which black people have 

0.934 
(0.005) --- 0.944 

(0.004) 
0.938 

(0.004) --- --- --- 0.944 
(0.031) ---   0.414 

(0.046) 
0.909 

(0.009) 
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been treated by white 
Americans 
 
I feel guilty about the social 
inequalities between white 
and black people. 
 

0.915 
(0.005) --- 0.926 

(0.005) 
0.920 

(0.005) --- --- --- 0.926 
(0.030) ---   0.175 

(0.032) 
0.903 

(0.008) 

Even if I have done nothing 
bad, I feel guilty for the 
behavior of white Americans 
towards black people 

0.927 
(0.005) --- 0.940 

(0.004) 
0.933 

(0.005) --- --- --- 0.940 
(0.030) ---   0.122 

(0.027) 
0.927 

(0.006) 

When I think about then 
racism that exists towards 
black people, I feel guilty to 
be a White American. 

0.913 
(0.006) --- 0.930 

(0.005) 
0.920 

(0.006) --- --- --- 0.930 
(0.030) ---   0.011 

(0.025) 
0.937 

(0.006) 

Factor 1 --- --- 0.915 
(0.006) --- 0.818 

(0.011) --- 0.779 
(0.014) 

0.915 
(0.007) 

0.933 
(0.162)     

Factor 2 --- --- --- --- --- --- --- 0.820 
(0.011) 

0.835 
(0.068)     

Factor 3 --- --- --- --- ---    0.982 
(0.903)     

Robust RMSEA 0.226 0.200 0.150 0.105 0.079 
Robust CFI 0.961 0.970 0.983 0.992 0.996 
Robust TLI 0.951 0.961 0.978 0.989 0.994 
Robust X2 2139.310 1659.147 948.516 466.827 226.125 

df 44 43 43 41 33 
p < 0.001 0.001 0.001 0.001 0.001 

Note. Cell entries are standardized beta coefficients with robust standard errors in parentheses. 
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Gignac and Kretzschmar (2017) argue that the results of correlated factor models can be 

misleading, and that a general factor model should be additionally fitted to better evaluate the 

distinctiveness of hypothesized dimensions.  This is the purpose of column (e), which replaces 

the correlated three-factor model with a general factor model in which between-factor 

relationships are recast as the result of a single factor.  The three rows preceding the fit statistics 

in column (e) show the strength of these loadings. Specifically, 93.3% of the variance in the 

‘moral shame’ factor, 98.2% of the variance in the ‘guilt’ factor, and 83.5% of the variance in the 

‘image shame’ factor is shared with the general factor. 

Following the recommendations of Gignac and Kretzschmar (2017), I calculate the 

unique variance in of each of these factors using Schmid and Leiman’s (1957) decomposition 

procedure109. Using the transformed loadings, I then computed the OmegaHS coefficient for 

each of the three lower-order factors110. These coefficients can be interpreted as the ratio of 

reliable variance specific to a lower-order factor to the total variance in its indicators. They 

suggest that just 13.4%, 28.6%, and 3.6% of the modeled common variance in the indicators of 

moral shame, image shame, and guilt, respectively, is unique to those factors. In other words, 

these results suggest that most of the variance in each of the emotions is shared or result from a 

common factor. The bifactor model depicted in column (f) provides a different but substantively 

similar look at the unique vs. shared variance across factors. Here, indicator loadings on each 

group factor represent the non-general or unique variance, while loadings onto the general factor 

signify the general or shared variance111. For instance, the guilt indicator loadings on the group 

 
109 This procedure entails subtracting the squared general factor loadings from 1 and multiplying the differences by 
their respective lower-order factor loadings. 
110 This is done by dividing the sum of the squared decomposed lower-order factor loadings by the sum of the 
decomposed lower-order and genera-factor loadings.  
111 It should be noted that, in general factor models, local dependence violations are absorbed into the general factor, 
whereas they are absorbed by the group factors in the case of bifactor models.  
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factor range from 0.011 to 0.414 while those on the general factor range from 0.903 to 0.937. 

This means that hardly any of the variance in the guilt indicators is unique to the guilt group 

factor. With group factor loadings ranging from 0.225 to 0.399, the picture is comparatively less 

extreme in the case of moral shame. But a majority of the variance in its indicators is still shared 

with the general factor. Of the three group factors, the indicators loading on the image shame 

factor exhibit the greatest degree of non-general variance. The group factor loadings of these 

indicators range from 0.470 to 0.532, while their general factor loadings range from 0.672 to 

0.808.  

In sum, there is a high but varying degree of generality in these data. Variance in guilt 

appears to be the most general, followed by moral shame and image shame. Confronted with this 

reality, there are several possible approaches I can take when modeling the influence of ingroup-

critical emotions on the outcome variables featured in this study. The first is to ignore the results 

from the general factor model in favor of the hypothesized correlated three-factor model. In 

practical terms, this would entail the creation of three separate summary scales, all of which 

would be included in the regressions I run below. The principal advantage of this approach is 

that it is supported by theory, allows for the testing of the emotion-specific hypothesis, and 

comports with the results of the exploratory factor analysis. But the obvious disadvantage is that 

the large overlap in the variance of the three hypothesized emotions could, on account of strong 

collinearity, render parameter estimates unreliable. A second approach acknowledges the 

apparent unidimensionality of the three factors and opts for a general ‘ingroup-critical emotions’ 

factor. While not supported by theory, this approach has the advantage of reduced collinearity 

and parameter estimates that are more reliable.  A third approach is a compromise between the 

previous two. It acknowledges the overlapping variance of the three factors, but also notes that 
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this overlap is greatest for moral shame and guilt and less so for image shame. This approach 

thus calls for combining the moral shame and guilt indicators while leaving those of image 

shame as separate. Its advantage is that it reduces the extent of collinearity while still allowing 

for tests of some emotion-specific hypotheses112. Its downside is that it preserves some 

(potentially high) degree of collinearity and is inconsistent with the theory that guilt and shame 

are distinct if overlapping emotions. 

In the end, and for the purposes of the main analyses, I opt for the first and third of the 

approaches above. This decision is informed by both theory and empirical observation. In the 

first case, recall that recent theory suggests that variation in collective shame reflects both moral 

and image-related concerns. Whereas the former is found to positively predict pro-social/pro-

outgroup orientations, the effects of the latter are found to be negative. Thus, modeling both of 

these dimensions together should remove the variation in moral shame that overlaps with image-

related concerns while removing the variation in image shame that overlaps with moral concerns. 

The expected outcome is that moral shame will then become a stronger positive predictor and 

image shame a negative predictor of pro-outgroup attitudes. On the other hand, if all of the 

emotions are treated as a single factor, the ‘negative’ or anti-social variation in shame can no 

longer be partialed out. A potential consequence of this is that the pro-outgroup effects of this 

general ‘ingroup-critical emotions’ factor will be at least someone attenuated. But rather than 

merely speculate, I will examine this possibility in the coming section. 

Beyond this theoretical rationale, the results of both the EFA and CFA suggested a 3-

factor solution best fit the data. While the general factor model suggested a high degree of 

 
112 For instance, because image-related shame is theorized to negatively associate with pro-outgroup attitudes and 
behavior, controlling for its influence should enhance the effects of moral shame/guilt. On the other hand, if all of 
the emotions are combined to form a single index, the negative effects of image shame would conceivably suppress 
some of the pro-social influence of moral shame/guilt.  
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overlapping variance, which would increase the risk of strong collinearity, some have argued 

that, owing to advances in computational algorithms an accuracy, “multicollinearity does not 

affect standard errors of regression coefficients in ways previously taught” (Friedman & Wall, 

2005, p.127). Nevertheless, rather than ignoring such concerns altogether, I will use variance 

inflation indicators to monitor the extent of the problem. And, as a robustness check, I will later 

rerun the models using the bifactor loadings for each of the three group emotion factors113.  

With the above being said, the remaining question is how to construct the individual 

emotion variables. The approach I adopt is to create factor-weighted summary indexes114. 

Specifically, I multiply each respective emotion indicator by the product of its lower-order factor 

loading (column d of Table 6.4) and the general factor loading of its respective group factor115 

(column e). I then add these weighted indicator scores together and standardize the composite 

scores to a mean of 0 and a standard deviation of 1. To create the combined ‘moral shame/guilt’ 

index, I follow the same procedure as before but sum across the moral shame and guilt 

indicators. For exploratory purposes, I also generate a combined ‘ingroup-critical emotions’ 

scale that sums across all factor-weighted indicators.  

 
113 The bifactor loadings are essentially residualized of shared variance. Using them in regression models thus 
allows one to examine how successful conventional models were in partitioning outcome-related variance across 
highly colinear predictors.  
114 In truth, these factor-weighted summary scales are almost perfectly correlated—and, in the case of guilt, is 
perfectly correlated--with their (equal) unit-weighted counterparts. Specifically, the bivariate Pearson coefficients 
between each emotion’s factor-weighted and unit-weighed summary scale are 0.9992 (moral shame), 0.9998 (image 
shame), and 1 (guilt). Given that the lower-factor loadings were generally similar for each emotion, this is not 
unexpected.  While an argument could be made in favor of using the unit-weighted scales, I opt to stick with the 
factor-weighted versions in the event that the small differences between them are substantively influential in the 
aggregate.  
115 For instance, for the first moral shame indicator in column (d) of Table 3, I multiply the raw variable by 0.800, 
which is the product of 0.858 (lower-order loading) and 0.933 (general factor loading). I then follow the same 
procedure for the remaining 3 indicators and sum the output.   
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6.3.2 The effects of white shame and guilt on pro-black policy preferences: testing H1 

I begin by estimating a series of basic OLS models with the pro-black policies index as 

the outcome variable. These models are methodologically oriented—they are intended to 

examine the performance of the emotion variables so as to assess their viability as separate 

predictors. Columns (a)-(c) of Table 6.5 show the bivariate standardized effects of the individual 

emotion variables, respectively, on support for pro-black policies. By itself, the moral shame 

index (ß=0.723, p < 0.001) explains around 52.3% of the variance in this outcome, while the 

guilt index (ß=0.700, p < 0.001) alone accounts for 49%. By comparison, the bivariate effects of 

image shame (ß=0.477, p < 0.001) are significantly weaker—explaining roughly 23% of the 

variance in the pro-black policy index. 

Column (d) tests whether entering moral and image shame simultaneously into the model 

enhances the positive effects of the former while shifting those of the latter in the negative 

direction. This prediction receives some support. We see that the coefficient on moral shame 

(ß=0.743, p < 0.001) slightly increases while the once significantly positive bi-variate effects of 

image shame (ß=-0.029, p < 0.001) are now insignificantly negative. However, somewhat 

unexpectedly, we also observe (column e) that this pattern is much more pronounced when guilt 

is substituted for moral shame. Specifically, the effects of the former (ß=0.775, p < 0.001) 

increase to an even greater degree while those of image shame become significantly negative 

(ß=-0.101, p=0.009). 

A comparison of the results in column (e) and (g), though, suggests that both moral 

shame and guilt contribute to this pattern. When moral shame (ß=0.490, p < 0.001) is added to 

the model, the significantly negative effects of image shame are further boosted (ß=-0.168, p < 

0.001). The degree of collinearity in this model (Mean VIF=3.33, Max VIF=4.20) is perhaps less 
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than desirable, but still tolerable by conventionally suggested thresholds116. When the combined 

moral shame/guilt index (ß=0.867, p < 0.001) is substituted for the respective individual scales 

(column h), this collinearity naturally declines (Mean VIF=2.24). Importantly, the fit of this 

model (Adjusted R2=0.562) is virtually equal to the model in which the emotions are entered as 

separate predictors (Adjusted R2=0.563).  

Table 6.5 Exploratory models of pro-black policy support 
 (a) (b) (c) (d) (e) (f) (g) (h) (i) 

Moral Shame 0.723*** 
(0.021) --- --- 0.743*** 

(0.031) --- 0.460*** 
(0.044) 

0.490*** 
(0.045) --- --- 

Image Shame --- 0.477*** 
(0.029) --- -0.029 

(0.033) 
-0.101** 
(0.038)  -0.161*** 

(0.034) 
-0.168*** 

(0.033) --- 

Guilt --- --- 0.700*** 
(0.023) --- 0.775*** 

(0.037) 
0.313*** 
(0.046) 

0.409*** 
(0.051) --- --- 

Moral Shame + 
Guilt  --- --- --- --- --- --- --- 0.867*** 

(0.031) --- 

‘Ingroup-Critical 
Emotions’ Index --- --- --- --- --- --- --- --- 0.699*** 

(0.022) 

Constant -0.001 
(0.023) 

0.002 
(0.030) 

0.002 
(0.024) 

-0.001 
(0.023) 

0.002 
(0.025) 

-0.001 
(0.023) 

0.000 
(0.022) 

0.000 
(0.022) 

-0.000 
(0.024) 

Adjusted R2 0.523 0.227 0.490 0.523 0.493 0.551 0.563 0.562 0.489 
Mean VIF --- --- --- 1.86 2.25 3.40 3.33 2.24 --- 

VIF Moral Shame --- --- --- 1.86 --- 3.40 3.48 --- --- 
VIF Image Shame --- --- --- 1.86 2.25  2.31 2.24 --- 

VIF Guilt --- --- --- --- 2.25 3.40 4.20  --- 
VIF Moral Shame 

+ Guilt --- --- --- --- ---  --- 2.24 --- 

Note. N=890 for all models. Cell entries are standardized Beta coefficients with robust standard errors in 
 parentheses. 
†p < 0.1, *p < 0.05, **p < 0.01, ***p < 0.001.  

 
Column (i) shows the bivariate effects of the ‘Ingroup-critical emotions’ index (ß=0.699, 

p < 0.001). As expected, these are effects are considerably weaker than those of the moral 

shame/guilt index in column (h). They also account for significantly less variance in the pro-

black policy index (Adjusted R2=0.489). Finally, though not shown, moral shame did not 

 
116 Of course, this issue may worsen as additional variables are entered into the model. I will thus continue to 
monitor it in all subsequent analyses 
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significantly (ß=-0.027, p=0.220) interact with those of guilt, which suggests that their effects on 

pro-black policy support are additive rather than conditional on one another.  

The above results suggest that lumping image shame with the moral shame and guilt—as 

is the case with the singular ‘ingroup-critical emotions index’—understates the combined effects 

of the latter two emotions.  While collinearity could become an even greater concern in more 

elaborate models, it is tolerable at present. Accordingly, for all subsequent models, I will report 

the full results for those estimated with the emotions as individual predictors while also reporting 

(in grey font) the parameter estimates for the moral shame/guilt index (modeled separately).  

I now proceed to the results of controlled models, which are presented in Table 6.6.  

Those in column (a), the baseline model, are identical to the results reported in column (g) of 

Table 6.5. To recapitulate, they show that both moral shame (ß=0.490, p < 0.001) and guilt 

(ß=0.409, p < 0.001) independently positively predict support for pro-black policies, which 

accords with the prediction of the H1. While the effects of the former are a bit stronger than the 

latter, the difference is not distinguishable from zero (p=0.388). Combined, a one standard 

deviation increase in moral shame/guilt corresponds to a 0.867 (p < 0.001) standard deviation 

increase in pro-black policy support—a truly large effect. Image shame  (ß=-0.161, p < 0.001), 

on the other hand, turns into a significant negative predictor of pro-black policy support when 

moral shame and guilt are held constant.  

Thus far, then, the results all accord with earlier predictions. But to what extent are the 

positive effects of moral shame and guilt confounded by political orientation and/or other 
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background variables like education? The model117 depicted in column (b) attempts to address 

this question by adding controls118 for ideology, party strength, education, age, and sex. 

Table 6.6 Effects of predictors on pro-black policy index 
 (a) (b) (c) (d) (e) (f) 

Moral Shame 0.490*** 
(0.045) 

0.297*** 
(0.046) 

0.179*** 
(0.049) 

0.372*** 
(0.044) 

0.168** 
(0.049) 

0.128** 
(0.048) 

Image Shame -0.161*** 
(0.034) 

-0.095** 
(0.032) 

-0.092** 
(0.030) 

-0.144*** 
(0.033) 

-0.097** 
(0.030) 

-0.067* 
(0.030) 

Guilt 0.409*** 
(0.051) 

0.361*** 
(0.047) 

0.361*** 
(0.045) 

0.401*** 
(0.044) 

0.359*** 
(0.044) 

0.332*** 
(0.042) 

Moral Shame + Guilt 0.867*** 
(0.031) 

0.632*** 
(0.041) 

0.524*** 
(0.044) 

0.741*** 
(0.037) 

0.514*** 
(0.044) 

0.454*** 
(0.043) 

Racial Resentment (r) --- --- 0.419*** 
(0.036) --- 0.411*** 

(0.039) 
0.351*** 
(0.040) 

SDO-Egalitarianism --- --- --- 0.122*** 
(0.029) 

0.059† 
(0.030) 

0.044  
(0.029) 

SDO-Anti-Dominance --- --- --- 0.080** 
(0.029) 

-0.029 
(0.030) 

-0.023 
(0.031) 

Background/Demographic  
control variables --- √ --- --- --- √ 

Constant 0.000 
(0.022) 

0.414 
(0.072) 

-0.009 
(0.020) 

0.002 
(0.022) 

-0.008 
(0.020) 

0.307 
(0.070) 

Adjusted R2 0.563 
(-.0002) 

0.634 
(.0004) 

0.643 
(-.0017) 

0.582 
(.0005) 

0.644 
(-.002) 

0.678 
(.0015) 

Mean VIF 3.33 
(2.24) 

2.20 
(2.03) 

3.36 
(2.69) 

2.94 
(2.32) 

3.07 
(2.63) 2.33 (2.19) 

VIF Moral Shame 3.48 4.40 4.67 4.13 4.81 5.09 

VIF Image Shame 2.31 2.47 
(2.45) 

2.37 
(2.33) 

2.35 
(2.31) 2.39 2.51 

(2.50) 
VIF Guilt 4.20 4.35 4.23 4.21 4.24 4.38 

VIF Moral Shame + Guilt 2.24 3.45 3.72 2.96 3.83 4.24 
Note. N=890 for all models. Cell entries are standardized Beta coefficients with robust standard errors in 
parentheses. Shaded cell entries show the coefficients and standard errors for the combined Moral Shame and Guilt 
index. Shaded cell entries in parentheses in the Adjusted R2 row correspond to changes in Adjusted R2 of models 
where this combined index are substituted for the separate indexes. Shaded cell entries in the VIF rows indicate the 
VIF scores for models in which the combined Moral Shame/Guilt Index is substituted for the separate indexes.  
†p < 0.1, *p < 0.05, **p < 0.01, ***p < 0.001.  

 

Adjusting for background/demographic covariates moderates the effects of all three 

emotions, particularly those of moral shame (ß=0.297, p < 0.001) whose coefficient is now 

 
117 Collinearity in this ‘separate emotions’ model was at an acceptable level overall (Mean VIF=2.36). However, 
while still falling below conventionally suggested thresholds (< 5), the relatively higher variable inflation factor 
scores of moral shame (VIF=4.23) and guilt (VIF=4.27) may or may not be a cause for concern. The inflation score 
of the combined moral shame/guilt index is naturally lower (VIF=3.28).  
118 Given the large number of response categories in some of these categorical and ordinal control variables (e.g. 
ideology, party-ID etc.), I opt to exclude their parameter estimates from the regression tables featured in this chapter. 
Complete regression tables that include these parameter estimates are provided in Appendix C.  
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(insignificantly, p=0.413) weaker than that of guilt (ß=0.361, p < 0.001). The combined effects 

of these emotions are reduced by roughly a quarter of their baseline magnitude (column a), but 

they still remain strong. Specifically, holding all other variables constant, a one standard 

deviation increase in moral shame/guilt is expected to produce a roughly 0.63 standard deviation 

(p < 0.001) increase in pro-black policy support. Neither a two-way moral shame/guilt x 

ideology (p=0.985) nor a moral shame/guilt x party (p=0.933) interaction was significant, which 

suggests that the strength of the effects of these emotions are not conditional on political 

orientation.  

Given its strong associations with moral shame (r=0.730) and guilt (r=0.617), perhaps the 

effects of these emotions are epiphenomenal to or confounded by ‘racial resentment’. Column (c) 

tests this assumption by adding racial resentment (reverse-coded) as a covariate and dropping 

(for now) the demographic/background control variables. In the end, the inclusion of racial 

resentment (ß=0.419, p < 0.001) considerably reduces the effects of moral shame (ß=0.179, p < 

0.001) while attenuating those of image shame (ß=-0.092, p=0.002) and guilt (ß=0.364, p < 

0.001) to a somewhat lesser degree. Nonetheless, the majority of the effects of the moral 

shame/guilt index (ß=0.524, p < 0.001) are independent of racial resentment, which suggests that 

previous political scientists have generally overlooked an important source of variance in pro-

black policy support.  

The model shown in column (d) similarly tests the extent that the effects of moral shame 

and guilt are independent of social dominance orientation (SDO), which, like racial resentment, 

is also identified as an important predictor of racial policy attitudes. In the end, the entry of the 

two SDO dimensions (ßSDO-Egal=0.122, p < 0.001; ßSDO-AntiDom=0.080, p=0.009)  does not 

moderate the coefficients on the three emotions to the same degree as racial resentment. The 
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effects of moral shame (ß=0.372, p < 0.001) decline somewhat, while those of guilt (ß=0.401, p 

< 0.001) and image shame (ß=-0.144, p < 0.001) are only marginally affected. When racial 

resentment is re-entered into the model (column e), the positive effects of moral shame (ß=0.168, 

p < 0.001) and guilt (ß=0.359) are naturally further reduced. Nonetheless, net of two of the most 

influential predictors of racial policy attitudes identified in the existing literature, the combined 

effects of moral shame/guilt remain large and significant (ß=0.514, p < 0.001). In fact, when the 

demographic/background controls rejoin the model (column f), the effects of the moral 

shame/guilt index (ß=0.454, p < 0.001) on pro-black policy support are larger than those of any 

other variable, including racial resentment (ß=0.351, p < 0.001). 

As the use of the pro-black policy index somewhat obscures the practical impact of moral 

shame and guilt, I estimate a series of binary logit variables (1=Favor, 0=Neutral/Oppose) for 

each of the former’s constituent policy items. Figure 6.1 graphs the predicted probabilities of 

favoring each of the three policy outcomes at differing levels of the moral shame/guilt index and 

for different model specifications corresponding to three of the letter-coded columns of Table 

6.6. 

 

Figure 6.1 Predicted probabilities of favoring a given pro-black policy at varying levels along the combined 
moral shame and guilt index. 



255 
 

 

As shown, the positive influence of the moral shame/guilt index on the likelihood of 

endorsing each policy item is fairly if varyingly large. Holding image shame to its mean, a 1 

standard deviation shift from below to above the sample mean level of moral shame/guilt 

predicts a nearly 64 point increase (0.0760.716) in the odds of favoring affirmative action, just 

under a 75 point increase (0.1570.903) in the odds of favoring group-based government 

assistance, and almost a 70 point increase (0.0750.773) in the odds of favoring reparations. 

These expected increases are somewhat attenuated, but remain large when adding and holding 

the demographic/background controls to their medians/means119 (Model B). The same +1SD 

swing now predicts just under a 52 point increase (0.0910.611) in the odds of favoring 

affirmative action, and roughly 60 point increases in the odds of favoring group-based 

government assistance (0.2420.841) and reparations  (0.0770.666), respectively. Finally, 

additionally holding racial resentment and the two SDO variables to their means (Model F) 

further reduces these estimated increases to 31 points (0.1070.087) in the case of affirmative 

action and to roughly 43-44 points (0.2540.688) for group-based government assistance and 

reparations (0.0770.516). 

To compare these effects with those of racial resentment, I re-run Model F with the moral 

shame/guilt index set to its mean. In the end, moving 1 standard deviation from below to above 

mean racial resentment predicts increases in support for affirmative action (+33 points; 

0.0790.408), group-based government assistance (+45 points; 0.2450.690), and reparations 

(+28 points; 0.1160.399) that are statistically and substantively indistinguishable in size from 

 
119 Apart from age, all background control variables are ordinal or categorical. Thus, age is held to its means, 
whereas all other controls are held to their medians/modes. In the current sample, this translates to a respondent that 
is female, 34 years of age, self-identifies as ‘slightly liberal’, leans towards the Democratic party, and has a BA 
degree.  
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those observed for moral shame/guilt, though the increases in support for reparations (44 points 

vs. 28 points) are noticeably (if still insignificantly, p=0.133) smaller. 

6.3.3 The effects of white shame and guilt on immigration policy preferences: testing 

H2-H2A 

Given that my measures of guilt and shame exclusively reference whites’ treatment of 

blacks, their positive effects on support for pro-black policies are perhaps unsurprising. But 

hypotheses H2-2A predicted that these emotions, particularly shame, would also influence 

attitudes towards policies that do not directly implicate black Americans. I thus begin by testing 

whether ingroup-critical emotions affect preferences for different levels of immigration into the 

US.  

Table 6.7 presents results from a series of ordinal logit models120 with the 7-point 

measure of support for increasing immigration levels as the outcome variable. The baseline 

model (column a) exhibits a pattern that is similar to the one observed in Table 6.6. Specifically, 

both moral shame (OR=2.92, p < 0.001) and guilt (OR=1.43, p=0.008) significantly positively 

predict supporting higher levels of immigration, while image shame (OR=0.588, p < 0.001) 

negatively predicts such preferences. However, as expected, the effects of moral shame are 

significantly stronger (p=0.002) than those of guilt. But the combined effects121 of these two 

emotions are very large (OR=4.03, p < 0.001). Table 5B shows the predicted probabilities of 

each response at one standard deviation below and above the means of the moral shame/guilt 

 
120 A brant test indicated that these models violate the proportion odds assumption. Using Williams’ (2006) gologit2 
Stata package, generalized ordered logit models—which correct for these violations—were subsequently estimated 
for comparison. The predicted odds of these models did not meaningfully differ from those observed in the 
conventional ordered logit models. As such, and because the their results are easier to present, I opted to stick with 
the latter.  
121 Once again, moral shame did not significantly interact with guilt (OR=1.05, p=0.508) in predicting preferred 
immigration levels.  
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index. Holding image shame to its mean, those placing one standard deviation below the mean of 

this index are far more likely to give a ‘decrease’ (36.3%) or ‘kept the same’ (42.2%) than an 

‘increase’ (21.5%) response. For those scoring 1 standard deviation above, though, an ‘increase’ 

response (75.3%) becomes far more likelier than a ‘decrease’ (3.5%) or ‘kept the same’ (15%) 

response. Interestingly, this movement is primarily into the ‘increase a moderate amount’ 

(+27.7%; 0.0730.350) and ‘increase a great deal’ (+26.1%; 0.0240.285) response categories 

as opposed to into the ‘increase a little’ category (+6.3%; 0.1180.181).  

 
Table 6.7 Effects of predictors on preferred immigration levels  

 (a) (b) (c) (d) (e) (f) 

Moral Shame 2.92*** 
(0.359) 

2.03*** 
(0.279) 

1.68*** 
(0.234) 

2.14*** 
(0.291) 

1.57** 
(0.227) 

1.50** 
(0.230) 

Image Shame 0.588*** 
(0.060) 

0.664*** 
(0.070) 

0.668*** 
(0.068) 

0.629*** 
(0.065) 

0.679*** 
(0.070) 

0.702** 
(0.074) 

Guilt 1.43** 
(0.192) 

1.28†  
(0.175) 

1.29† 
(0.166) 

1.42* 
(0.193) 

1.31* 
(0.181) 

1.24 
(0.172) 

Moral Shame + Guilt 4.03*** 
(0.421) 

2.45*** 
(0.311) 

2.10*** 
(0.275) 

2.92*** 
(0.352) 

1.99*** 
(0.269) 

1.78*** 
(0.248) 

Racial Resentment (r) --- --- 2.32*** 
(0.237) --- 1.97*** 

(0.210) 
1.66*** 
(0.185) 

SDO-Egalitarianism --- --- --- 1.13 
(0.111) 

1.03 
(0.099) 

0.987 
(0.095) 

SDO-Anti-Dominance --- --- --- 1.61*** 
(0.158) 

1.37** 
(0.137) 

1.36** 
(0.143) 

Background/Demographic 
Controls --- √ --- --- --- √ 

Pseudo R2 0.086 
(-.0048) 

0.121 
(-.0019) 

0.112 
(-.0005) 

0.104 
(-.0012) 

0.118 
(-.0002) 

0.136 
(-.0004) 

/cut1 -3.38 
(0.158) 

-4.81 
(0.355) 

-3.56 
(0.168) 

-3.52 
(0.167) 

-3.61 
(0.170) 

-4.61 
(0.363) 

/cut2 -2.61 
(0.122) 

-3.98 
(0.332) 

-2.76 
(0.129) 

-2.71 
(0.127) 

-2.80 
(0.130) 

-3.76 
(0.340) 

/cut3 -1.98 
(0.106) 

-3.30 
(0.327) 

-2.09 
(0.107) 

-2.04 
(0.104) 

-2.11 
(0.108) 

-3.05 
(0.335) 

/cut4 -0.088 
(0.073) 

-1.27 
(0.309) 

-0.064 
(0.076) 

-0.066 
(0.075) 

-0.056 
(0.077) 

-0.934 
(0.316) 

/cut5 0.854 
(0.079) 

-0.256 
(0.306) 

0.934 
(0.081) 

0.901 
(0.080) 

0.949 
(0.082) 

0.107 
(0.313) 

/cut6 2.33 
(0.110) 

1.32 
(0.310) 

2.46 
(0.114) 

2.41 
(0.113) 

2.49 
(0.115) 

1.72 
(0.317) 

Mean VIF 3.33 
(2.24) 

2.20 
(1.95) 

3.36 
(2.69) 

2.94 
(2.30) 

3.07 
(2.62) 

2.33 
(2.19) 

VIF Moral Shame 3.48 4.40 4.67 4.13 4.81 5.09 

VIF Image Shame 2.31 
(2.24) 

2.47 
(2.34) 

2.37 
(2.33) 

2.35 
(2.31) 

2.39 
(2.36) 

2.51 
(2.50) 
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VIF Guilt 4.20 4.35 4.23 4.21 4.24 4.38 
VIF Moral Shame + Guilt 2.24 3.28 3.72 2.96 3.83 4.24 

Note. N=890 for all models. Cell entries are odds ratios with robust standard errors in  
parentheses. Shaded cell entries show the coefficients and standard errors for the combined Moral Shame 
and Guilt index. Shaded cell entries in parentheses in the Pseudo R2 row correspond to changes in Pseudo R2 of 
models where this combined index are substituted for the separate indexes. Shaded cell entries in the VIF rows 
indicate the VIF scores for models in which the combined Moral Shame/Guilt Index is substituted.  
†p < 0.1, *p < 0.05, **p < 0.01, ***p < 0.001.  

Table 6.8 Predicted probabilities of preferring different levels of immigration at varying 
levels along the combined moral shame and guilt index 

 Model A Model B Model E Model F 
 -1SD +1SD -1SD +1SD -1SD +1SD -1SD +1SD 

DECREASE 0.363 0.035 0.241 0.050 0.190 0.057 0.208 0.076 
Decrease a 

lot 
0.125 

(0.018) 
0.009 

(0.002) 
0.066 

(0.017) 
0.012 

(0.003) 
0.050 

(0.010) 
0.013 

(0.003) 
0.052 

(0.013) 
0.017 

(0.005) 
Decrease a 
moderate 
amount 

0.108 
(0.017) 

0.010 
(0.002) 

0.072 
(0.016) 

0.014 
(0.004) 

0.056 
(0.011) 

0.016 
(0.003) 

0.062 
(0.014) 

0.022 
(0.006) 

Decrease a 
little 

0.130 
(0.017) 

0.016 
(0.003) 

0.103 
(0.020) 

0.024 
(0.007) 

0.084 
(0.013) 

0.028 
(0.005) 

0.094 
(0.019) 

0.037 
(0.010) 

KEPT THE 
SAME 

0.422 
(0.022) 

0.150 
(0.015) 

0.464 
(0.023) 

0.234 
(0.039) 

0.456 
(0.023) 

0.263 
(0.027) 

0.476 
(0.025) 

0.330 
(0.045) 

Increase a 
little 

0.118 
(0.012) 

0.118 
(0.015) 

0.163 
(0.024) 

0.237 
(0.020) 

0.187 
(0.018) 

0.243 
(0.017) 

0.176 
(0.024) 

0.253 
(0.018) 

Increase a 
moderate 
amount 

0.073 
(0.009) 

0.350 
(0.021) 

0.102 
(0.021) 

0.320 
(0.033) 

0.126 
(0.017) 

0.294 
(0.025) 

0.109 
(0.022) 

0.247 
(0.038) 

Increase a 
great deal 

0.024 
(0.004) 

0.285 
(0.026) 

0.031 
(0.008) 

0.159 
(0.034) 

0.041 
(0,007) 

0.143 
(0.020) 

0.031 
(0.023) 

0.093 
(0.023) 

INCREASE 0.215 0.753 0.296 0.716 0.354 0.680 0.316 0.593 
 

Turning to column (b) of Table 6.7, we see that adjusting for ideology, party, education, 

age, and sex moderates the positive effects of moral shame (OR=2.03, p < 0.001) and guilt 

(OR=1.28, p=0.073)—the latter of which now falls short of the 95% significance threshold--

while also reducing the negative effects of image shame (OR=0.651, p < 0.001). The combined 

influence of moral guilt and shame (OR=2.45, p < 0.001) is reduced to just more than half its 

original size. Nevertheless, these effects remain very meaningful. The corresponding Model B in 

Table 6.8 shows that, when image shame and the 5 background controls are set to their 

medians/means, moving one standard deviation below to above the mean of the moral 

shame/guilt index predicts a 42 point increase (0.2960.716) in the probability of giving an 
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‘increase’ response, and roughly 23 and 19 point declines in the odds of giving a ‘kept the same’ 

(0.4640.234) and ‘decrease’ (0.2410.050) response, respectively. Once again, movement 

into the ‘increase’ category is largely confined to the ‘increase a moderate amount’ (+21.8%; 

0.1020.320) and ‘increase a lot’ (12.8%; 0.0310.159) responses. Two-way moral 

shame/guilt x ideology (p=0.308) and moral shame/guilt x party-ID (p=0.159) interactions were 

not significant, which suggests that, in addition to being mostly independent of it, the strength of 

these effects does not vary by political orientation.  

Column (c) in Table 6.7 indicates that racial resentment (OR=2.32, p < 0.001) single-

handedly moderates the effects of moral shame (OR=1.68, p < 0.001) to an even greater extent 

than the 5 background controls combined. The influence of guilt (OR=1.29, p=0.064) and image 

shame (OR=0.668, p < 0.001), on the other hand, are relatively less affected, while that of moral 

shame/guilt (OR=2.10, p < 0.001) is reduced to roughly half its baseline magnitude. Column (d) 

substitutes the two social dominance dimensions for racial resentment. While the (anti) 

dominance dimension has a significant positive influence (OR=1.61, p < 0.001) on preferring 

higher levels of immigration, its effects again appear to be more independent of moral shame 

(OR=2.14, p < 0.001) and guilt (OR=1.42, p=0.011) than was the case for racial resentment. 

Further evidence of this is found in column (e), which keeps the two dominance dimensions in 

the model while adding racial resentment. While remaining significant, the positive effects of 

moral shame (OR=1.57, p=0.001) and, if to a lesser extent, guilt (OR=1.31, p=0.048) are once 

again substantially reduced. However, the combined effects of these emotions remain fairly 

sizeable (OR=1.99, p < 0.001). Referring to the corresponding Model E of Table 6.8, holding 

image shame, racial resentment, and the two social dominance dimensions at their means, 

moving 1 standard deviation below to above mean moral shame/guilt predicts a nearly 33 point 
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increase (0.3540.680) in the probability of giving an ‘increase’ response, most of which is 

again due to movement out of the ‘kept the same’ (-19.3%; 0.4560.263) and into the ‘increase 

a moderate amount’ (+16.8%; 0.1260.294) and ‘increase a lot’ (+10.2%; 0.0410.143) 

categories. Adding the 5 background controls to the model (column/Model F) does not 

drastically change these estimates. Fixing all other variables at their means/medians, moving 

from one standard deviation below to above mean moral shame/guilt (OR=1.79, p < 0.001) is 

expected to produce a nearly 28 point increase (0.3160.593) in the probability of an ‘increase’ 

response, including 13.8 and 6.2 point increases in the odds of giving an ‘increase a moderate 

amount’ (0.1610.313) and ‘increase a lot’ (0.0310.093) responses, respectively.  

 

Figure 6.2 Predicted probabilities of preferring different levels of immigration (7-point scale) at varying levels 
along the combined moral shame and guilt index 
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While the preceding results suggest that ingroup-critical emotions, particularly moral 

shame, are important determinants of support for lax immigration policies, we can’t discount the 

possibility that this relationship is unique to legal immigration. Accordingly, in what follows, I 

test whether the effects of ingroup-critical emotions similarly extend to attitudes towards illegal 

immigration.  

Table 6.9 presents the results of a series of ordinal logit models122 with the 5-point 

measure of support for decriminalizing illegal border entries as the dependent variable.  In 

column (a), the baseline model, we see that the significant positive effects of moral shame 

(OR=2.70, p < 0.001) are of a comparable size to those observed for preferred legal immigration 

levels. Once again, they are also significantly larger (p=0.003) than those of guilt (OR=1.30, 

p=0.036). Image shame again emerges as a significant negative predictor (OR=0.798, p=0.027), 

 
122 These models also violate the proportional odds assumption. But as before, their estimates do not meaningfully 
differ from those obtained from (gologit) models that correct for this violation. 

Figure 6.3 Predicted probabilities of preferring different levels of immigration (collapsed 3-point scale) at 
varying levels along the combined moral shame and guilt index 
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though its effects on the current outcome are somewhat weaker than those observed in the 

previous immigration levels model.  

Table 6.9 Effects of predictors on attitudes towards the decriminalization of illegal border 
crossings 

 (a) (b) (c) (d) (e) (f) 

Moral Shame 2.70*** 
(0.354) 

1.67*** 
(0.233) 

1.49** 
(0.216) 

1.97*** 
(0.270) 

1.39* 
(0.201) 

1.25 
(0.184) 

Image Shame 0.798* 
(0.078) 

0.960 
(0.100) 

0.912 
(0.093) 

0.848  
(0.086) 

0.915 
(0.093) 

1.00 
(0.106) 

Guilt 1.30* 
(0.165) 

1.18 
(0.148) 

1.18 
(0.154) 

1.29*  
(0.163) 

1.18 
(0.147) 

1.13 
(0.145) 

Moral Shame + Guilt 3.46*** 
(0.396) 

1.88*** 
(0.239) 

1.70*** 
(0.226) 

2.45*** 
(0.270) 

1.60*** 
(0.207) 

1.38* 
(0.185) 

Racial Resentment (r) --- --- 2.49*** 
(0.258) --- 2.19*** 

(0.236) 
1.68*** 
(0.203) 

SDO-Egalitarianism --- --- --- 1.25** 
(0.096) 

1.17† 
(0.109) 

1.09 
(0.104) 

SDO-Anti-Dominance --- --- --- 1.41*** 
(0.131) 

1.18† 
(0.112) 

1.15 
(0.111) 

Background/Demographic 
Controls --- √ --- --- --- √ 

Pseudo R2 0.091 
(-.0043) 

0.148 
(-.0012) 

0.124 
(-.0004) 

0.109 
(-.0014) 

0.128 
(-.0002) 

0.162 
(-.0001) 

/cut1 -1.89 
(0.097) 

-3.92 
(0.323) 

-2.02 
(0.106) 

-1.96 
(0.103) 

-2.03 
(0.104) 

-3.63 
(0.325) 

/cut2 -0.743 
(0.077) 

-2.66 
(0.302) 

-0.769 
(0.080) 

-0.765 
(0.079) 

-0.777 
(0.081) 

-2.33 
(0.307) 

/cut3 -0.068 
(0.074) 

-1.90 
(0.294) 

-0.035 
(0.076) 

-0.065 
(0.074) 

-0.039 
(0.075) 

-1.54 
(0.300) 

/cut4 1.27 
(0.088) 

-0.366 
(0.284) 

1.39 
(0.087) 

1.32 
(0.086) 

1.40 
(0.092) 

0.032 
(0.292) 

Mean VIF 3.33 
(2.24)  3.36 

(2.69) 
2.94 

(2.30) 
3.07 

(2.62) 
2.33 

(2.25) 
VIF Moral Shame 3.48  4.67 4.13 4.81 5.09 

VIF Image Shame 2.31 
(2.24)  2.37 

(2.33) 
2.35 

(2.31) 
2.39 

(2.36) 
2.51 

(2.40) 
VIF Guilt 4.20  4.23 4.21 4.24 4.38 

VIF Moral Shame + Guilt 2.24  3.72 2.96 3.83 4.12 
Note. N=890 for all models. Cell entries are odds ratios with robust standard errors in  
parentheses. Shaded cell entries show the coefficients and standard errors for the combined Moral Shame 
and Guilt index. Shaded cell entries in parentheses in the Pseudo R2 row correspond to changes in Pseudo R2 of 
models where this combined index are substituted for the separate indexes. Shaded cell entries in the VIF rows 
indicate the VIF scores for models in which the combined Moral Shame/Guilt Index is substituted.  
†p < 0.1, *p < 0.05, **p < 0.01, ***p < 0.001.  

Table 6.10 shows the predicted probabilities (which are visualized in Figure 6.4) in of 

each response along the 5-point support for decriminalization scale at 1 standard deviation below 

and above the means of the combined moral shame/guilt index. The estimates of Model A 
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indicate that, holding image shame to its mean, those who place 1 standard deviation below the 

mean of moral shame/guilt have a 24% chance of giving a ‘favor’ response, as compared to a 

78.6% chance for those scoring 1 standard deviation above. And, in what has become a familiar 

pattern, most of this shift can be attributed to movement into the ‘favor strongly’ (+41.6%; 

0.0780.494) response category. 

Table 6.10 Predicted probabilities of differing levels of support/opposition to 
decriminalizing illegal border crossings at varying levels along the combined moral shame 
and guilt index 

 Model A Model B Model E Model F 
 -1SD +1SD -1SD +1SD -1SD +1SD -1SD +1SD 

Oppose 0.618 0.123 0.397 0.157 0.419 0.219 0.359 0.227 
Oppose 
Strongly 

0.343 
(0.028) 

0.043 
(0.007) 

0.157 
(0.031) 

0.050 
(0.011) 

0.171 
(0.022) 

0.074 
(0.012) 

0.132 
(0.028) 

0.074 
(0.017) 

Oppose 
Somewhat 

0.275 
(0.020) 

0.080 
(0.010) 

0.240 
(0.029) 

0.107 
(0.020) 

0.248 
(0.023) 

0.145 
(0.018) 

0.227 
(0.031) 

0.153 
(0.027) 

Neither  0.141 
(0.013) 

0.092 
(0.010) 

0.187 
(0.016) 

0.127 
(0.018) 

0.182 
(0.016) 

0.151 
(0.015) 

0.192 
(0.017) 

0.164 
(0.019) 

Favor 
somewhat 

0.163 
(0.016) 

0.292 
(0.018) 

0.282 
(0.032) 

0.362 
(0.021) 

0.263 
(0.022) 

0.342 
(0.020) 

0.304 
(0.032) 

0.365 
(0.024) 

Favor 
Strongly 

0.078 
(0.012) 

0.494 
(0.029) 

0.134 
(0.027) 

0.354 
(0.047) 

0.136 
(0.020) 

0.288 
(0.030) 

0.144 
(0.030) 

0.243 
(0.041) 

Favor 0.241 0.786 0.416 0.716 0.399 0.630 0.448 0.608 
 

 

Figure 6.4 Predicted probabilities of differing levels of support/opposition to decriminalizing illegal border 
crossings at varying levels along the combined moral shame and guilt index. 
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Continuing onwards, adding the 5 background controls to the model (column b of Table 

6.9) reduces the still significant positive influence of moral shame (OR=1.67, p < 0.001), while 

rendering the effects of guilt (OR=1.18, p=0.198) and image shame (OR=0.960, p=0.696) 

insignificant at even the p < 0.1 threshold. The combined effects of moral shame/guilt (OR=1.88, 

p < 0.001) also see a substantial reduction, but they remain very meaningful. The corresponding 

predicted odds in Table 6.10 show that, while setting all other predictors to their medians, a 

swing from 1 standard deviation below to above mean moral shame/guilt is expected to result in 

a 30 point increase (0.4160.716) in the odds of giving a ‘favor’ response, including a 22 point 

increase (0.1340.354)  in the likelihood of a ‘favor strongly’ response. The strength of these 

effects did not significantly vary by ideological self-placement (p=0.239) nor partisanship 

(p=0.342). 

Turning now to columns (c)-(e) of Table 6.9, we see that, as before, the positive influence 

of moral shame is far more reduced with the addition of racial resentment (column c; OR=1.49, 

p=0.006) than with the addition of the two SDO dimensions (column d; OR=1.97, p < 0.001). 

But even when these three variables are entered together (column e), the positive effects of moral 

shame (OR=1.39, p=0.021) remain statistically significant. The positive influence of guilt, on the 

other hand, is no longer significant (OR=1.18, p=0.184). The combined effects of moral shame 

and guilt (OR=1.60, p < 0.001), though, are both statistically and substantively significant. 

Referring back to Table 6.10, respondents who scored one standard deviation above mean moral 

shame/guilt but at the means/medians of all other predictors are just over 23 points 

(0.3990.630) more likely to give a ‘favor’ response—and roughly 15 points (0.1360.288) 

more likely to give a ‘favor strongly’ response--than those scoring 1 standard deviation below.  
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Column (f) of Table 6.9 re-enters the 5 background controls into the model. We now see 

that the effects of moral shame (OR=1.25, p=0.133) are both reduced and no longer significant at 

even the p < 0.1 level. However, its inflation factor (VIF=5.09) is now problematic by 

conventional standards, which suggests that the loss of significance could be due to strong 

collinearity. Be this as it may, the effects of the combined moral shame/guilt index (OR=1.38, 

p=0.016), while moderated, are still both statistically and substantively significant. Referring 

again to Table 6.10, when all other variables are fixed at their means/medians, a respondent who 

scores 1 standard deviation above mean moral shame/guilt is 16 points (0.4480.608) more 

likely to favor--including nearly 10 points (0.1440.243) more likely to ‘favor strongly’-- 

decriminalizing illegal border entries than those scoring 1 standard deviation below. 

The above results demonstrate that the effects of ingroup-critical emotions on 

immigration liberalism are not confined to attitudes towards legal immigration, but rather appear 

to influence immigration attitudes in general. And yet another question is whether or to what 

extent this pro-immigration sentiment is race neutral; that is, do ingroup-critical emotions, 

particularly moral shame, predict favoritism towards immigrants from non-European vs. 

European countries? To get at this question, I estimate a series of linear regression models with 

my measure of racial immigration favoritism as the outcome variable. The results are presented 

in Table 6.11 below.  

Hypothesis 2A predicted that moral shame, more than guilt, would predict favoring non-

white over white immigrants. The results of the baseline model in column (a) support this 

proposition. Whereas moral shame (ß=6.04, p < 0.001) significantly positively predicts admitting 

more immigrants from non-European vs. European countries, the effects of guilt (ß=1.64, 

p=0.115) are both significantly smaller (p=0.017) and insignificant in and of themselves.  
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Table 6.11 Effects of predictors on percent of immigration admissions allocated to non-
European countries 

 (a) (b) (c) (d) (e) (f) 

Moral Shame 6.04*** 
(0.974) 

2.66** 
(0.963) 

0.273 
(1.02) 

2.84** 
(0.971) 

-0.124 
(0.991) 

-0.253 
(0.966) 

Image Shame -3.07*** 
(0.799) 

-2.36** 
(0.767) 

-1.77* 
(0.748) 

-2.03** 
(0.753) 

-1.34† 
(0.733) 

-1.48* 
(0.733) 

Guilt 1.64 
(1.05) 

1.63 
(1.00) 

0.752 
(0.989) 

1.54 
(1.00) 

0.935 
(0.973) 

1.29 
(0.966) 

Moral Shame + Guilt 7.68*** 
(0.797) 

4.08*** 
(0.956) 

1.01 
(0.967) 

4.17*** 
(0.821) 

0.836 
(0.936) 

1.09 
(0.966) 

Racial Resentment (r) --- --- 7.87*** 
(0.757) --- 6.05*** 

(0.816) 
5.07*** 
(0.883) 

SDO-Egalitarianism --- --- --- -0.513  
(0.709) 

-1.43* 
(0.694) 

-1.84** 
(0.689) 

SDO-(Anti)Dominance --- --- --- 6.00*** 
(0.702) 

4.39*** 
(0.700) 

4.54*** 
(0.743) 

Background/Demographic 
Control Variables --- √ --- --- --- √ 

Constant 55.64*** 
(0.515) 

57.31*** 
(2.12) 

55.47*** 
(0.484) 

55.64*** 
(0.487) 

55.50*** 
(0.470) 

53.36*** 
(2.13) 

Adjusted R2 0.122 
(-.0053) 

0.202 
(-.0003) 

0.228 
(.0008) 

0.214 
(.0001) 

0.263 
(.0005) 

0.290 
(.0003) 

Mean VIF 3.33 
(2.24) 

2.20 
(2.03) 

3.36 
(2.69) 

2.94 
(2.30) 

3.07 
(2.62) 

2.52 
(2.19) 

VIF Moral Shame 3.48 4.40 4.67 4.13 4.81 5.09 

VIF Image Shame 2.31 
(2.24) 

2.47 
(2.45) 

2.37 
(2.33) 

2.35 
(2.31) 

2.39 
(2.36) 

2.51 
(2.50) 

VIF Guilt 4.20 4.35 4.23 4.21 4.24 4.38 

VIF Moral Shame + Guilt 2.24 3.45 3.72 2.96 3.83 4.24 

Note. N=890 for all models. Cell entries are standardized Beta coefficients with robust standard errors in  
parentheses. Shaded cell entries show the coefficients and standard errors for the combined Moral Shame 
and Guilt index. Shaded cell entries in parentheses in the Adjusted R2 row correspond to changes in Adjusted R2  

of models where this combined index are substituted for the separate indexes. Shaded cell entries in the VIF rows 
indicate the VIF scores for models in which the combined Moral Shame/Guilt Index is substituted.  
†p < 0.1, *p < 0.05, **p < 0.01, ***p < 0.001. 

 

Specifically, a one standard deviation increase in moral shame corresponds to a 6 point increase 

in the percent of immigration admissions that a respondent would allocate to non-European 

countries. For instance, a respondent scoring 1 standard deviation below mean moral shame is 

expected to be allocate admissions almost evenly (49.6%) across the two sets of countries. On 

the other hand, those scoring 1 standard deviation above mean moral shame are expected to favor 

non-European immigration at a rate of 61.6%. Though the effects of guilt are individually 
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insignificant, a standard deviation increase in the combined moral shame/guilt index predicts a 

nearly 8-point increase (ß=7.68, p < 0.001). The results for image shame again accord with the 

theoretical literature. Excluding guilt and moral shame from the model (not shown), a one 

standard deviation increase in image shame predicts a significant (p < 0.001) 2.4-point increase 

in the percent of admissions allocated to non-Europeans. However, when guilt and moral shame 

are added to the model, these effects remain similar in magnitude (ß=-3.07, p < 0.001) but are 

now in the negative or pro-European direction.  

Given that immigrants disproportionately affiliate with the Democratic party, it’s possible 

that the above relationships are confounded by partisanship. Column (b) tests this account by 

adjusting for political ideology and party affiliation along with the three other background 

controls. As shown, while still significant, the effects of moral shame (ß=2.66, p=0.006), are less 

than half their original size. Those scoring 1 standard deviation above mean moral shame are 

now expected to favor non-European immigration at a rate of 58.3% as compared to a rate of 

53% among those scoring 1 standard deviation below. While the positive effects of guilt (ß=1.10, 

p=0.284) remain individually insignificant, a standard deviation increase in the combined moral 

shame/guilt index is expected to result in just more than a 4 point increase (ß=4.08, p < 0.001) in 

the percent of admissions allocated to non-European countries. At one standard deviation below 

the mean, a respondent favors non-European immigration at a 51.6% rate. At one standard 

deviation above, this rate jumps to almost 60%. Thus, regardless of a respondent’s party 

affiliation, higher levels of moral shame/guilt results in greater favoritism towards non-European 

immigrants. However, a significant (p=0.010) two-way moral shame/guilt x party interaction 

shows that the effects only reach significance and are also more than twice and nearly 8 times the 

size among white Democrats (ß=5.76, p < 0.001) than among white independents (ß=2.53, 
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p=0.130) and white Republicans (ß=0.757, p=0.598), respectively. A similar pattern is observed 

when a moral shame/guilt is interacted with ideology: the effects of the former are largest and 

only reach significance (ß=5.15, p < 0.001) among white liberals  (ßModerate=2.79, p=0.123; 

ßConservative=2.01, p=0.165)  Thus, whereas this wasn’t the case for previous outcome variables, 

political orientation appears to condition the effects of moral shame/guilt on favoring non-

European vs. European immigration.  

The results in columns (c)-(e) suggest that the main effects of moral shame are almost 

entirely accounted for (or perhaps mediated by) racial resentment. Specifically, column (c) 

shows that, when racial resentment is added to the model, the effects of moral shame (ß=0.273, 

p=0.790) become indistinguishable from 0. And, notably, this is also the case for the combined 

moral shame/guilt variable123 (ß=1.00, p=0.300). Controlling for both SDO dimensions (column 

d) does not produce a similar outcome. The effects of both moral shame (ß=2.84, p=0.004) and 

the combined moral shame/guilt index (ß=4.24, p < 0.001) remain significantly positive when 

these SDO indexes are entered into the model and racial resentment is dropped. And, though not 

shown, the latter remain significant (ß=3.06, p=0.001) when the background controls are added 

to this model124. In the final model (column f), the combined effects of moral shame and guilt 

(ß=1.09, p=0.258) are both only positively and only reach significance among white Democrats 

(ß=2.40, p=0.020; ßIndependent=-1.01, p=0.555; ßRepublican=-2.11, p=0.130). Thus, the results suggest 

that the effects of moral shame and guilt on favoritism towards non-European immigration are 

conditional on political orientation and also overlap considerably with those 

 
123 The effects of this variable remain significant for white Democrats (dy/dx=2.05, p=0.046), but they are less than 
a third of their baseline size. 
124 The moral shame/guilt interaction term, however, shows that these effects are stronger and only significant for 
white Democrats (ß=4.43, p < 0.001; ßIndependent=1.31, p=0.425; ßRepublican=0.082, p=0.951) and white liberals (ß 
=3.76, p < 0.001; ßModerate=1.76, p=0.270; ßConservative=0.1.32, p=0.348) 
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6.3.4 Effects of white shame and guilt on racial ingroup vs. outgroup warmth 

Section 4.2 of Chapter 4 briefly noted that, for the first time on record, the average white 

Democrat and liberal feeling thermometer score in 2016 was warmer towards racial/ethnic 

outgroups than other whites. Chapter 5 subsequently revealed that, in the wake of the George 

Floyd incident, whites—and particularly white Democrats and liberals—exhibited an increased 

tendency of rating whites less favorably/more unfavorably than blacks and other racial/ethnic 

minorities. My theory argues that both of these findings are reflections of white shame, which is 

expected to motivate a desire to morally distance or distinguish oneself from one’s morally 

tainted ingroup while signaling solidarity with non-white racial/ethnic outgroups. But is the 

current data consistent with this assertion? I attempt to answer this question below by modeling 

the average difference between a respondent’s feeling thermometer ratings of whites vs. 

racial/ethnic outgroups125.  

Table 6.12 presents the results from a series of linear regression models. Recall that 

hypothesis 3 expected that moral shame, more than guilt, would predict rating racial/ethnic 

outgroups more warmly than other whites. Consistent with this expectation, column (a) shows 

that moral shame (ß=11.96, p < 0.001) is a strong and significantly positive predictor of this 

tendency. In contrast, the predictive effects of guilt (ß=1.91, p=0.218) are both significantly 

smaller (p=0.001) and insignificant in and of themselves. When combined, though, a standard 

deviation increase in moral shame/guilt is expected to result in nearly 14 points more warmth 

towards racial/ethnic minorities vs. whites.  The predicted margins, which are graphed in Figure 

6, show that a respondent who scores 1 standard deviation below mean moral shame/guilt rates 

 
125 Because the effects of none of the ingroup-critical emotions significantly differ as a function of the specific target 
group (Blacks, Hispanics, Asians), I opt to use the average differential as the outcome variable. Results for group-
specific models are reported in the Appendix.  
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whites 11.8 points more warmly on average than blacks, Hispanics, and Asians. Those who score 

1 standard deviation above the mean, however, rate the latter groups nearly 16.2 points more 

warmly on average than whites.  Once again, and broadly supportive of recent theory, the effects 

of image shame are significantly positive when entered alone into the model (ß=5.82, p < 0.001), 

but they turn significantly negative (ß=-3.89, p =0.001) upon the addition of moral shame and 

guilt.  

Table 6.12 Effects of predictors on non-white vs. white warmth differentials 
 (a) (b) (c) (d) (e) (f) 

Moral Shame 11.96*** 
(1.48) 

8.30*** 
(1.51) 

7.00*** 
(1.57) 

6.90*** 
(1.35) 

5.62*** 
(1.47) 

5.51*** 
(1.52) 

Image Shame -3.89** 
(1.13) 

-2.49* 
(1.24) 

-2.77* 
(1.23) 

-2.44* 
(1.18) 

-2.14† 
(1.20) 

-1.77 
(1.22) 

Guilt 1.91  
(1.55) 

1.50 
(1.41) 

1.15 
(1.50) 

1.71 
(1.46) 

1.45 
(1.46) 

1.36 
(1.40) 

Moral Shame + 
Guilt 

13.99*** 
(1.10) 

9.22*** 
(1.47) 

7.46*** 
(1.51) 

8.18*** 
(1.25) 

6.48*** 
(1.44) 

6.25*** 
(1.52) 

Racial 
Resentment (r) --- --- 6.78*** 

(1.06) --- 2.62* 
(1.16) 

1.78 
(1.27) 

SDO-
Egalitarianism --- --- --- 0.854 

(1.02) 
0.174 
(1.06) 

0.055 
(1.09) 

SDO-
Dominance --- --- --- 8.35*** 

(0.995) 
7.42*** 
(1.01) 

6.71*** 
(1.05) 

Constant 2.35** 
(0.724) 

13.87*** 
(3.10) 

2.19** 
(0.713) 

2.35** 
(0.681) 

2.28** 
(0.682) 

10.39*** 
(3.12) 

Adjusted R2 0.215  
(-.0136) 

0.261 
(-.0067) 

0.250  
(-.0046) 

0.302  
(-.0038) 

0.306  
(-.002) 

0.314  
(-.002) 

Mean VIF 3.32  
(2.24) 

2.19 
(2.02) 

3.36 
(2.68) 

2.94 
(2.30) 

3.07 
(2.61) 

2.32  
(2.18) 

VIF Moral 
Shame 3.47 4.38 4.66 4.12 4.80 5.08 

VIF Image 
Shame 

2.30  
(2.24) 

2.47 
(2.45) 

2.36 
(2.34) 

2.35 
(2.32) 

2.39 
(2.37) 

2.51  
(2.49) 

VIF Guilt 4.19 4.34 4.22 4.20 4.23 4.36 

VIF Moral 
Shame + Guilt 2.24 3.45 3.69 2.95 3.80 4.23 

Note. N=889 for all models. Cell entries are unstandardized coefficients with robust standard errors in  
parentheses. Shaded cell entries show the coefficients and standard errors for the combined Moral Shame 
and Guilt index. Shaded cell entries in parentheses in the Adjusted R2 row correspond to changes in Adjusted R2  

of models where this combined index are substituted for the separate indexes. Shaded cell entries in the VIF rows 
indicate the VIF scores for models in which the combined Moral Shame/Guilt Index is substituted.  
†p < 0.1, *p < 0.05, **p < 0.01, ***p < 0.001.  
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As was suggested earlier in the context of favoritism towards non-European immigrants, 

given that the average respondent is likely to associate racial/ethnic minorities with the 

Democratic Party, it’s important that I test whether the relationships reported above are 

confounded by partisanship. In the end, the results in column (b) show that, controlling for party 

affiliation, ideology, age, education, and sex, both moral shame (ß=8.30, p < 0.001) and the 

combined moral shame/guilt index (ß=9.22, p < 0.001) remains a significantly positive predictor 

of pro-outgroup feeling thermometer bias. At one standard deviation below mean moral 

shame/guilt, a respondent is expected to rate whites 6.8 points more warmly on average than the 

three racial/ethnic minority groups. At one standard deviation above, this margin reverses to 

roughly 11.6 points in favor of the non-white groups. However, these effects are qualified by 

significant (p < 0.001) moral shame/guilt x party interaction126. The predicted margins from this 

interaction are shown in Figure 6. In the baseline model, a standard deviation increase in moral 

shame/guilt corresponds to roughly 11.9 points (p < 0.001) more warmth towards racial/ethnic 

outgroups among white Democrats as compared to approximately 4.8 (p=0.047) and 1.7 

(p=0.430) points more warmth among white Independents and Republicans, respectively127. 

Further adjusting for ideology, education, age, and sex (Model b) slightly enhances these 

conditional effects for all partisan groups (ßDemocrat=12.23, p < 0.001; ßIndependent=5.36, p=0.027, 

ßRepublican=3.63, p=0.131). Thus, while the positive effects of moral shame/guilt are generally 

independent of partisanship, their magnitude does indeed vary as a function of partisanship.  

 

 

 
126 A moral shame/guilt x ideology interaction is also significant (p=0.003), but it results in a relatively smaller boost 
in overall model fit.  
127 For ease of presentation, and due to the small number of Republicans in the sample, these interaction effects were 
modeled with the collapsed 3-point party-ID variable.  
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Figure 6.5 Predicted non-white vs. white warmth differential at varying levels along the combined moral 
shame and guilt index 
Note. Points above and below the dashed red line denote pro-outgroup and pro-ingroup feeling thermometer biases, 
respectively. The x-axis represents differing levels along the combined moral shame/guilt index.  
 

 

Figure 6.6 Predicted non-white vs. white warmth differentials by party-ID at various levels along the 
combined moral shame and guilt index 
Note. Points above and below the dashed red line denote pro-outgroup and pro-ingroup feeling thermometer biases, 
respectively. The x-axis represents differing levels along the combined moral shame/guilt index.  

 

Columns (c)-(e) of Table 6.12 once again examine the extent that the pro-outgroup 

effects of ingroup-critical emotions are independent of racial resentment and social dominance 

orientation. The results in column (c) show that the addition of racial resentment (ß=6.78, p < 
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0.001) into the model substantially reduces the coefficient of moral shame (ß=7.00 p < 0.001) 

while cutting the combined effects of moral shame/guilt (ß=7.46 p < 0.001)  to nearly half their 

baseline (i.e. column a) size. Now, scoring 1 standard deviation above the mean of the latter 

shame predicts rating racial/ethnic minority groups just under 10 points more warmly than 

whites, while those 1 standard deviation below are expected to be roughly 5.1 points warmer 

towards whites than non-whites. Column (d) drops racial resentment from the model and adds 

the two SDO dimensions. The inclusion of the latter also reduces the coefficient of moral shame 

(ß=6.90 p < 0.001) and the combined moral shame/guilt index (ß=8.18, p < 0.001). When all 

three of these variables are entered together (column e), the effects of moral shame (ß=5.62, p < 

0.001) and moral shame/guilt (ß=6.48, p < 0.001) are further reduced but remain significant. The 

addition of the remaining control variables (column f) does not meaningfully change these 

results. Net of all other variables, a standard deviation increase in moral shame/guilt predicts 

nearly 6.3 points (p < 0.001) more warmth towards racial/ethnic minorities relative to whites. At 

one standard deviation below, the average respondent is expected to favor whites by a 3.8 point 

margin. At one standard deviation above the mean, non-whites are rated roughly 8.7 points more 

warmly than whites. Once again, these effects are qualified by a significant (p < 0.001) moral 

shame/guilt x party interaction. While the effects are positive for white independents (ß=1.28, 

p=0.614) and Republicans (ß=0.479, p=0.837), they are far stronger and only achieve 

significance among white Democrats (ß=8.89, p < 0.001). That being said, with the exception of 

SDO-(Anti)Dominance (ß=6.74, p < 0.001), the effects of moral shame/guilt are at least 

nominally stronger than every other predictor in the model, including racial resentment (ß=2.13, 

p=0.090) 
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Whites with high levels of moral shame and guilt may rate racial/ethnic outgroups 

relatively more warmly than other whites, but do they actually harbor negative feelings towards 

the latter? Recall that section 4.2 of Chapter 4 cited data from the ANES, which showed that the 

share of white liberals who rated racial/ethnic minorities at or above the midpoint of the feeling 

thermometer scale while rating whites below it (i.e., in the ‘cool’ region) reached a record high 

in 2020. Once again, my theory would suggest that this trend is at least partly the product of 

increases in collective shame. To determine whether shame plausibly accounts for these 

increases in ‘anti-whiteness’, I transform the white feeling thermometer into an ‘anti-white’ 

dummy that assigns a ‘1’ to respondents (9.7%) who rated whites in the ‘cool’ region  (i.e. < 50) 

of the scale while rating all other racial/ethnic groups at or above the midpoint128 (i.e. the neutral 

and ‘warm’ areas of the scale). All other respondents are coded as ‘0’. I then estimate a series of 

binary logit models that mirror the OLS specifications in Table 6.12 but which include the ‘anti-

white’ dummy as the outcome variable.  

The results of these models are reported below in Table 6.13. In the baseline model of 

column (a), we see that moral shame (OR=6.36, p < 0.001) significantly and strongly increases 

the odds of rating whites on the negative or ‘cool’ side of the feeling thermometer scale. On the 

other hand, neither guilt (OR=1.11, p=0.698) nor image shame (OR=0.834, p=0.251) 

significantly influence this likelihood. In fact, guilt contributes practically nothing to the fit of 

any of the models. And, in certain models (columns b & d), the combined influence of moral 

shame and guilt is even weaker than the individual influence of the former. Thus, while the 

complete and original results are provided in Table 6.13, I drop guilt as a covariate when 

 
128 I code this variable as such to ensure that I’m predicting only the tendency to be cool towards whites and neutral 
or warm to all other groups. Assigning a ‘1’ to all those who rated whites below the midpoint risks including 
respondents who were negative towards all racial groups.  
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calculating the predicted odds of ‘anti-white’ ratings. These predicted odds are shown in Figure 

6.7. In Model A, which holds image shame to its mean, we see that moving from one standard 

deviation below to above mean moral shame corresponds to nearly a 21 point increase 

(0.0060.216) in the odds of placing in the ‘anti-white’ category, while a min-max swing 

predicts a roughly 34 point increase (0.0010.337).  

 

Table 6.13 Effects of predictors on probability of ‘anti-white’ feeling thermometer scores 
 (a) (b) (c) (d) 

Moral Shame 6.36*** 
(1.82) 

5.13*** 
(1.68) 

3.83*** 
(1.24) 

3.94*** 
(1.31) 

Image Shame 0.834 
(0.132) 

1.00 
(0.174) 

0.921 
(0.151) 

1.05 
(0.185) 

Guilt 1.11 
(0.293) 

1.01 
(0.275) 

1.05 
(0.277) 

0.993 
(0.237) 

Moral Shame + Guilt 5.49*** 
(0.578) 

3.68*** 
(1.09) 

2.91*** 
(0.869) 

2.75** 
(0.851) 

Racial Resentment (r) --- --- 1.69 
(0.562) 

1.47 
(0.471) 

SDO-Egalitarianism --- --- 1.32 
(0.297) 

1.30 
(0.312) 

SDO-(Anti)Dominance --- --- 1.13 
(0.294) 

1.13 
(0.320) 

Constant 0.040*** 
(0.009) 

0.130** 
(0.081) 

0.034*** 
(0.008) 

0.088*** 
(0.055) 

Pseudo R2 0.190 
(-.0243) 

0.234  
(-.0188) 

0.208  
(-.0124) 

0.243  
(-.0131) 

Mean VIF 3.32  
(2.24) 

2.29 
(2.10) 

3.07 
(2.61) 

2.52 
(2.26) 

VIF Moral Shame 3.47 4.33 4.80 5.04 

VIF Image Shame 2.30  
(2.24) 

2.46 
(2.43) 

2.39 
(2.37) 

2.50 
(2.48) 

VIF Guilt 4.19 4.32 4.23 4.35 

VIF Moral Shame + Guilt 2.24 3.41 3.80 4.21 

Note. N=890 for all models. Cell entries are odds ratios with robust standard errors in parentheses. Shaded cell 
entries show the coefficients and standard errors for the combined Moral Shame and Guilt index. Shaded cell entries 
in parentheses in the Pseudo R2 row correspond to changes in Pseudo R2 of models where this combined index are 
substituted for the separate indexes. Shaded cell entries in the VIF rows indicate the VIF scores for models in which 
the combined Moral Shame/Guilt Index is substituted.  
†p < 0.1, *p < 0.05, **p < 0.01, ***p < 0.001. 
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Figure 6.7 Predicted probability of an ‘anti-white’ feeling thermometer score at varying levels of moral 
shame 

 

The results in column (b) show that moral shame (OR=5.13, p < 0.001) remains a 

significantly positive and strong predictor of negative white thermometer ratings when the 5 

background controls are added to the model. The effects of guilt (OR=1.01, p=0.961) and image 

shame (OR=1.00, p=0.993), however, remain negligible and insignificant. The marginal odds 

shown in Model B of Figure 6 suggest that the adjusting for the background controls did very 

little to attenuate the baseline effects of moral shame. Holding all other variables to their 

medians, jumping from 1 standard deviation below to above mean moral shame predicts just 

over a 14 point increase (0.0060.147) in the odds of providing an ‘anti-white’ feeling 

thermometer score, while a min-max swing predicts a bit more than a 22 point increase 

(0.0010.225). Whereas these effects were conditioned by partisanship in the warmth 
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differential models, the two-way moral shame x party interaction is not significant (p=0.537) 

here129.  

Column (c) shows that the entry of racial resentment (OR=1.69, p=0.115) and the two 

SDO dimensions (ORSDO-Egal=1.32, p=0.212; ORSDO-AntiDom=1.13, p=0.647) into the model 

moderates the still significant effects of moral shame (OR=3.83, p=0.002) to a similar degree as 

the background controls. However, none of these three variables—nor guilt (OR=1.05, p=0.865) 

nor image shame (OR=0.921, p=0.615)--significantly affect the probability of giving an ‘anti-

white’ feeling thermometer score. In the final model (column d), in which the background 

controls are also added, the effects of moral shame (OR=3.94, p < 0.001) remain significant and 

are even slightly boosted. In fact, with the exception of age (OR=0.959, p=0.006), moral shame 

is the only variable in the model that significantly predicts ‘anti-white’ thermometer scores. 

Model D of Figure 6.7 shows at 1 standard deviation below mean moral shame, a respondent has 

only a vanishingly small and insignificant 0.7% (p=0.118) chance of rating whites in the ‘cool’ 

side of the thermometer scale. At 1 standard deviation above, though, these odds climb to 

9.4%130 (p=0.041).  

All told, the results above indicate that moral shame is not only a robust predictor of 

cooler feelings towards whites relative to racial/ethnic outgroups, but that it also uniquely 

predicts outwardly negative feelings towards whites as well. However, due to the small number 

of ‘anti-white’ respondents, estimates of these effects come with a high degree of uncertainty. In 

a later section, I will attempt to replicate them on a larger and more politically balanced sample.  

 
129 This lack of significance likely owes itself to a lack of power stemming from the small number of ‘anti-white’ 
respondents in the sample, particularly among Republicans (N=3) and Independents (N=6).  
130 To be sure, and as is evident in Figure 6, these estimates are very noisy. For instance, the 95% confidence 
interval around the 9.4% figure ranges from a low of 0.2% to a high of 27.5%. 
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6.3.5 The effects of white shame and guilt on pro-outgroup behavior: testing H4-H5 

To this point, all of the analyses have focused on the effects of ingroup-critical emotions 

on pro-outgroup or anti-ingroup attitudes. One potential criticism with this is that ‘talk is cheap’. 

Particularly in the context of a survey that asks sensitive questions about race, expressions of 

support for pro-black and liberal immigration policies may only amount to token ‘signaling’ or 

respondent efforts to present themselves as non-prejudiced to the researcher. Accordingly, and 

while by no means a perfect solution, I test the extent that ingroup-critical emotions are also 

predictive of pro-outgroup behavior that entails a personal (if modest) financial cost. 

Specifically, respondents were given the opportunity to donate up to $10 to a racial justice and/or 

pro-immigration advocacy organization. To bolster the cover story131, they were also told that 

their contribution would be recorded and that the researchers would ‘follow up with more 

information at the conclusion of the survey’. These ‘donation’ variables thus serve as the 

outcomes in the analyses that follow.  

Because the prediction errors for each of the two donation items are strongly correlated 

(r=0.723), I opt to model the data with series of Seemingly Unrelated Regression (SUR) 

equations. This method allows for errors to correlate across equations, which potentially 

improves the efficiency of the estimates over those that would be obtained through a standard 

equation-by-equation OLS model. The results of these SUR equations are presented in Table 

6.14 below.  

 

 

 

 
131 Whether or to what extent the respondents actually bought this cover story is unknown. 



279 
 

 

Table 6.14 Effects of predictors on monetary donations ($) 
 Racial Justice Advocacy Group Pro-Immigration Advocacy Group 
 (a) (b) (c) (d) (a) (b) (c) (d) 

Moral Shame 0.898*** 
(0.218) 

0.857*** 
(0.243) 

0.869*** 
(0.256) 

0.869** 
(0.261) 

0.559* 
(0.220) 

0.367 
(0.243) 

0.427† 
(0.258) 

0.356 
(0.261) 

Image Shame -0.310† 
(0.181) 

-0.274 
(0.186) 

-0.319† 
(0.184) 

-0.287 
(0.187) 

-0.213 
(0.182) 

-0.109 
(0.185) 

-0.214 
(0.185) 

-0.128 
(0.187) 

Guilt 0.810** 
(0.242) 

0.722** 
(0.244) 

0.821** 
(0.242) 

0.741** 
(0.244) 

0.937*** 
(0.243) 

0.797** 
(0.243) 

0.912*** 
(0.244) 

0.796*** 
(0.244) 

Moral Shame 
+ Guilt 

1.66*** 
(0.169) 

1.51*** 
(0.216) 

1.61*** 
(0.229) 

1.52*** 
(0.239) 

1.42*** 
(0.179) 

1.12*** 
(0.216) 

1.30*** 
(0.230) 

1.13*** 
(0.239) 

Racial 
Resentment 

(r) 
--- --- -0.215 

(0.197) 
-0.277 
(0.214) --- --- 0.154 

(0.198) 
-0.044 
(0.213) 

SDO-
Egalitarianism --- --- 0.202 

(0.174) 
0.151 

(0.175) --- --- 0.220 
(0.175) 

0.175 
(0.175) 

SDO-
Dominance --- --- 0.118 

(0.168) 
0.190 

(0.174) --- --- -0.187 
(0.169) 

-0.121 
(0.174) 

Constant 3.79*** 
(0.118) 

3.90*** 
(0.526) 

3.82*** 
(0.118) 

3.94*** 
(0.537) 

3.68*** 
(0.119) 

4.97*** 
(0.525) 

3.68*** 
(0.119) 

4.98*** 
(0.536) 

Adjusted R2 0.139 
(.0006) 

0.137 
(.0009) 

0.139 
(.001) 

0.138 
(.0006) 

0.114 
(.0007) 

0.127 
(.0004) 

0.114 
(.0000) 

0.125 
(.0005) 

Mean VIF 3.32 
(2.24) 

2.19 
(1.94) 

3.07 
(2.61) 

2.32 
(2.18) 

3.32 
(2.24) 

2.19 
(1.94) 

3.07 
(2.61) 

2.32 
(2.18) 

VIF Moral 
Shame 3.47 4.38 4.80 5.08 3.47 4.38 4.80 5.08 

VIF Image 
Shame 

2.30 
(2.24) 

2.47 
(2.33) 

2.39 
(2.35) 

2.51 
(2.49) 

2.30 
(2.24) 

2.47 
(2.33) 

2.39 
(2.35) 

2.51 
(2.49) 

VIF Guilt 4.19 4.34 4.23 4.36 4.19 4.34 4.23 4.36 
VIF Moral 
Shame + 

Guilt 
2.24 3.27 3.82 4.23 2.24 3.27 3.82 4.23 

Note. N=890 for all models. Cell entries are unstandardized Beta coefficients with robust standard errors in  
parentheses. Shaded cell entries show the coefficients and standard errors for the combined Moral Shame 
and Guilt index. Shaded cell entries in parentheses in the Adjusted R2 row correspond to changes in Adjusted R2  

of models where this combined index are substituted for the separate indexes. Shaded cell entries in the VIF rows 
indicate the VIF scores for models in which the combined Moral Shame/Guilt Index is substituted.  
†p < 0.1, *p < 0.05, **p < 0.01, ***p < 0.001.  

Beginning with columns (a), we see that both moral shame (ß=0.898, p < 0.001) and guilt 

ß=0.810, p=0.001) significantly predict greater monetary contributions to the racial justice 

advocacy group, which offers support for H4. While the effects of the former are slightly larger 

than the latter, the difference is not distinguishable from 0 (p=0.835). In terms of the combined 

effects (ß=1.65, p < 0.001), moving from 1 standard deviation below to above mean moral 

shame/guilt is expected to produce a nearly $3.30 (+0.870SD) increase ($2.16$5.45) in 

monetary contributions. The results also suggest that a model that substitutes this variable for the 
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separate moral shame and guilt indexes fits the data just as well if not slightly better (ΔAdjusted 

R2=+0.0006). In fact, this remains the case across every model, which suggests that the effects of 

moral shame and guilt on these outcomes substantially overlap. Turning now to the right side of 

Table 14, we observe a similar but also unexpected pattern. While moral shame (ß=0.559, 

p=0.011) and guilt (ß=0.937, p < 0.001) both independently predict greater donations to the pro-

immigration advocacy group, the effects of the latter are now noticeably (though not 

significantly, p=0.374) larger than the former. The effects of moral shame are also significantly 

smaller (p=0.038) than those observed in the ‘racial justice group’ model, while those for guilt 

are not significantly different (p=0.482). Thus, H5, which predicted that moral shame would be 

more predictive of pro-immigration donations than guilt, receives no support in these results. 

When combined, though, a 1 standard deviation shift from below to above mean moral 

shame/guilt (ß=1.42, p < 0.001) corresponds to a $2.85 (+0.756SD) increase ($2.26$5.10) in 

pro-immigration donations. The difference between this increase and the one observed for the 

racial justice group equation is significant (p=0.083) at the p < 0.1 level.  

The results in columns (b) show that adjusting for the 5 background controls only 

modestly reduces the effects of moral shame (ß=0.857, p < 0.001) and guilt (ß=0.771, p=0.001) 

on contributions to the racial justice group. However, their inclusion does reduce the positive 

effects of moral shame (ß=0.392, p=0.103) on pro-immigration contributions to insignificance. 

Those of guilt (ß=0.797, p= 0.001), on the other hand, are only marginally affected. For the 

racial justice group equation, a one standard deviation swing from below to above mean moral 

shame/guilt (ß=1.51, p < 0.001) predicts a $3.01 increase in donations (+0.790SD; 

$2.30$5.32). For the pro-immigration group equation, the same swing in moral shame/guilt 

(ß=1.19, p < 0.001) is expected to result in an increase of $2.24 (+0.594SD; $2.48$4.86). The 
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difference between these two increases is significant (p=0.017) at the p < 0.05 level. The 

influence of moral shame/guilt on both donations is also again qualified by significant party x 

moral shame/guilt interactions. However, in this case, the interaction is in the positive (i.e. non-

Democrat) direction. Specifically, the average effect of a standard deviation increase in moral 

shame/guilt on racial justice donations are roughly $0.99 (p=0.003) and $0.91 (p=0.030) greater 

for white Republicans (ß=2.13, p < 0.001) and independents (ß=2.06 p < 0.001), respectively, 

than Democrats (ß=1.14, p < 0.001). Similarly, for the pro-immigration group equation, the 

average effects are $0.74 (p=0.028) and $0.60 (p=0.155) greater for white Republicans (ß=1.59, 

p < 0.001) and independents (ß=1.44, p =0.001) than Democrats (ß=0.936, p < 0.001), though 

only the first of these differences is significant at the p < 0.05 threshold.  

Columns (c) substitutes racial resentment and the two SDO dimensions for the 

background controls. We see that the positive effects of moral shame (ß=0.869, p= 0.001) and 

guilt (ß=0.821, p=0.001) on racial justice donations change very little from their baseline. For 

donations to the pro-immigration organization, the effects of moral shame (ß=0.427, p=0.098) 

are now somewhat smaller and only significant at the p < 0.1 threshold, while those of guilt 

(ß=0.912, p < 0.001) are hardly affected. Notably, neither racial resentment (ßRacialJustice=-0.215, 

p=0.273; ßProimmigration=-0.154, p=0.436) nor either of the SDO dimensions (SDO-E: ßRacialJustice=-

0.202, p=0.174; ßProimmigration=-0.220, p=0.175; SDO-D: ßRacialJustice=-0.118, p=0.168; 

ßProimmigration=-0.187, p=0.270)  significantly affect donations to either advocacy group.  

Finally, returning the background controls to the model (columns d) does not 

meaningfully alter the effects of moral shame (ß=0.869, p=0.001) nor guilt (ß=0.741, p=0.002) 

on contributions to the racial justice group. Together, a one standard deviation shift from below 

to above mean moral shame/guilt (ß=1.52, p < 0.001) predicts a $3.04 increase (+0.798SD; 
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$2.28$5.33) in these contributions. Crucially, apart from ideological self-placement, no other 

variable in the model is found to significantly affect these donations. The coefficients on every 

other variable are also significantly smaller than either those of moral shame or guilt. Turning 

now to the final pro-immigration equation, we again see that guilt (ß=0.796, p < 0.001) but not 

moral shame (ß=0.356, p=0.172) significantly affects donations, which is counter to the 

expectations of H5. Their combined effects, however, are significantly positive (ß=1.13, p < 

0.001). A one standard deviation jump from below to above mean moral shame/guilt predicts a 

$2.25 (+0.596SD; $2.55$4.81) increase in donations to the pro-immigration advocacy groups, 

respectively.  

 

 

Figure 6.8 Predicted donations ($) to racial justice and pro-immigration advocacy groups at varying levels 
along the combined moral shame and guilt index 
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Figure 6.9 Average effect of a standard deviation increase in combined moral shame and guilt on donations 
($) to racial justice and pro-immigration advocacy groups by party identification.  

 

6.3.6 Explaining ideological differences in white shame and guilt: testing H6-H6A 

This chapter has thus far spoken very little to ideological differences in the expression of 

ingroup-critical emotions. This is no small omission, as a central plank of this dissertation’s 

theory is that not all whites equally susceptible to ingroup-critical emotions; and that, on account 

of their differing orientations to racial inequality, white liberals are more likely than 

conservatives to perceive racial inequality—white advantage and black disadvantage—as 

illegitimate. Perceptions of illegitimacy, in turn, are theorized as conditioning the expression of 

ingroup-critical moral appraisals and emotions. While hypothesis 6 predicted that white liberals 

would express higher levels of collective shame and guilt than moderates and conservatives, 

auxiliary hypothesis 6A was formulated with the intention of testing whether differing 

understandings or attributions of racial inequality would account for these differences.   It 

predicted that, to the extent that measures of ‘symbolic racism’ actually capture perceptions of 

discrimination and attributions of black disadvantage, controlling for it should mostly if not 
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entirely account for differing levels of ingroup-critical emotions between white liberals and 

conservatives. The analyses that follow thus evaluate evidence of this account in the current data. 

I begin by first showing the magnitude of the ideological differences in levels of ingroup 

critical emotions and racial resentment. Figure 6.10 below graphs the factor-weighted 

standardized and unstandardized/unit-weighted scores for each variable along a collapsed 3-point 

measure of ideological self-identification.  

 

Figure 6.10 White shame, guilt, and racial resentment by ideological self-identification 
 

Consistent with H6, white liberals are generally a world apart from conservatives and 

even moderates on each of these outcomes. Compared to conservatives, they score 1.32 standard 

deviations higher on moral shame, 0.77 standard deviations higher on image shame, 1.07 

standard deviations higher on guilt, and 1.51 standard deviations higher on (reverse-coded) racial 

resentment. Whereas the average white liberal respondent tended towards an ‘agree’ response to 
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each of the items comprising moral shame and guilt, the average white conservative respondent 

tended towards a ‘somewhat disagree’ response.   

Given its sizeable relationships with moral shame (r=0.730) and guilt (r=0.617), and the 

fact that these are the variables on which the ideological divide is greatest, I will next focus on 

whether racial resentment accounts for liberal-conservatives differences in moral shame and 

guilt. But due to their strong relationship, this analysis begins with an attempt at verifying that 

these variables are statistically distinguishable constructs.  

Table 6.15 presents the results of an exploratory factor analysis of the moral shame, guilt, 

and racial resentment items. They suggest that racial resentment indeed constitutes a distinct 

factor. All of its 4 constituent items load most strongly (0.606 to 0.885) on factor 2 and only 

weakly on factors 1 (-0.032 to 0.132) and 3 (-0.043 to 0.137).  

Table 6.15 Results of exploratory factor models 
 Factor 1 Factor 2 Factor 3 

Irish, Italians, Jewish and many other minorities overcame prejudice and worked 
their way up. Blacks should do the same without any special favors. (r) 
 
 
 

-0.032 0.871 -0.036 

Generations of slavery and discrimination have created conditions that make it 
difficult for blacks to work their way out of the lower class. 
 

0.063 0.664 0.105 

It's really a matter of some people not trying hard enough; if blacks would only 
try harder they could be just as well off as whites. 
 

0.018 0.885 -0.043 

Over the past few years, blacks have gotten less than they deserve. 
 0.132 0.606 0.137 

When I think of the manner in which black people have been treated, I 
sometimes think that we white Americans are racist and mean. 0.254 0.190 0.534 

My racial group’s treatment of black people makes me feel somewhat ashamed 
about what it means to be white. 
 

0.425 0.037 0.519 

I feel ashamed for the racist tendencies of white people 0.466 0.114 0.407 
I do not feel ashamed to be white for the way we treated black people (r) 
 0.241 0.221 0.251 

I feel guilty for the manner in which black people have been treated by white 
Americans 
 

0.932 0.070 -0.053 

I feel guilty about the social inequalities between white and black people. 
 0.875 0.093 -0.017 
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Even if I have done nothing bad, I feel guilty for the behavior of white 
Americans towards black people 0.862 0.010 0.033 

When I think about then racism that exists towards black people, I feel guilty to 
be a White American. 0.786 -0.028 0.099 

Proportion of variance explained 0.779 0.662 0.648 
X2 11000 
N 936 

Note. Cell entries are oblique-rotated factor loadings. 

 

The results of a subsequent confirmatory factor analysis are shown in Table 6.16. 

Column (a) fits a single factor model, which fits the data rather poorly (R-RMSEA=0.220, R-

CFI=0.953, R-TLI=0.943; R- X2=2499.387). A correlated 3-factor model, which is fitted in 

column (b), fits the data much better (R-RMSEA=0.107, R-CFI=0.990, R-TLI=0.987; R-

X2=592.492). We also see that the ‘racial resentment’ factor correlates strongly with both moral 

shame (0.819) and guilt (0.700), which suggests a considerable degree of shared variance. To 

examine this further, column (d) adds a general factor. While fitting marginally worse than the 

previous (R-RMSEA=0.113, R-CFI=0.988, R-TLI=0.985; R-X2=658.773), the results show that, 

of the three group factors, the ‘racial resentment’ factor loads the weakest (0.797)—but still 

strongly—onto the general factor. The OmegaHS score of the ‘racial resentment’ group factor is 

0.149, which suggests that 14.9% of the reliable variance in its indicators can be uniquely 

attributed to the group (vs. general) factor. By comparison, the OmegaHS scores of the ‘moral 

shame’ and ‘guilt’ group factors are 0 and 0.035, which means that virtually all of the variance in 

their respective indicators can be attributed to the general factor.  

 

 

 

 

 


